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Preface

In this thesis, we will discuss two forms of approximation. In the first part, we will dis-
cuss metrical Diophantine approximation. In particular, we will discuss Diophantine
approximation over the field of Laurent series with coefficients from a finite field.

Diophantine approximation is a closer study of the density of the rationals in the
reals. Metrical Diophantine approximation is a subset of this study using measure
theory. The field of Laurent series is a characteristic p locally compact field with
number theoretical properties remarkably similar to the ones found in the reals. In
particular, we have analogues to integers, rationals and irrationals, and the Euclidean
algorithm works over the field. These things and more will be discussed in the course
of Part 1.

In the first chapter, we begin with an introduction to the topic of Diophantine ap-
proximation. Secondly, we introduce the specific setting of this thesis. Namely, we
construct the field of Laurent series with coefficients from a finite field. We also intro-
duce the Haar measure and Hausdorff dimension in this setting. Thirdly, we remark
on some differences and similarities between our setting and the field of p-adic num-
bers, where some previous results in metrical number theory exist. Finally we give a
brief discussion of some previous results in Diophantine approximation in the field of
Laurent series. Most of these are far from the metrical theory.

In the second chapter, we discuss Liiroth series over the field of Laurent series.
Liiroth series are a series expansion of any given element in the field, where each sum-
mand is a rational. Hence, these expansions give some information on the distribution
of the rational elements in the real elements. Using probabilistic methods, we prove a
number of results on subsequences of the coefficients of these expansions.

In the third chapter, we prove the first metrical results regarding the set of elements
which are approximable by rationals with “small” denominators. Also, this is the first
chapter where our setting is expanded from one to several dimensions. We prove the
main theorem of this chapter both in one and multiple dimensions in order to illustrate
the difficulties encountered in this transition. The result is a zero—one law: Almost
all elements are approximable by rational elements with denominators of a certain
magnitude, but when a certain threshold is reached, almost none are approximable in
this way.

In the fourth and fifth chapter, we discuss two exceptional sets of matrices (or
linear forms) arising from the zero—one law of Chapter 3. That is, two sets of measure
zero that are interesting from the point of view of a number theorist. In Chapter 4,
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we discuss linear forms that are so close to rationals that the measure of the set of
these is zero. In fact, we study a continuum of such sets, and we are able to calculate
the Hausdorff dimension of the sets as a function of the degree of “approximability”
required.

In Chapter 5, we discuss the converse notion of a set of elements that are so far
from being rational that the measure of the set is zero. In this case, we only discuss
one such set. Again, we are able to calculate the Hausdorff dimension of the set, which
turns out to be full.

In the final chapter of Part 1, we propose a few directions for further research in
the field of metrical Diophantine approximation in the field of Laurent series. Some of
these would require a large amount of work, since preciously little is known about the
setting in which the work would have to be done. Others are less dramatic, and could
probably be worked out over some time given a certain amount of determination. The
list of research proposals are by no means complete. There is still much to be worked
out in this field.

In Part 2, we discuss Gaussian approximation in ergodic theory. This part consists
of discussions about the circumstances under which we can find Gaussian behaviour
in a measure preserving system.

In Chapter 7, we begin with a survey of some previous results, related to the Central
Limit Theorem and the Almost Sure Central Limit Theorem. The survey contains a
result which to some extent builds a bridge between the two parts of this thesis. This
survey culminates in the proof of a tool allowing us to produce quite general results in
Gaussian approximation. This tool involves the construction of Rokhlin towers. It is
applied in Chapter 8 to obtain some such results.

Chapter 9 contains some extensions of the previously known results in this field. In
Chapter 9, we discuss weighted partial sums as opposed to the standard partial sums
discussed previously. It turns out that when we consider weighted sums instead of
the standard partial sums, we may still obtain Gaussian approximation theorems. We
give two different approaches to this. In the first approach, we follow the methods of
Chapter 8. This turns out to produce quite weak results, so we take another approach
involving Abel summation.

In the final chapter of the thesis, we will give some directions for further research
in the field of Gaussian approximation in ergodic theory. As was the case in Chapter 6,
the list is clearly not exhaustive, but some ideas and pointers are mentioned for a few
possible directions of new research.

At this point, some acknowledgements should be made. I would like to express my
thanks to a number of people and organisations. First of all, I thank Institut de Recher-
che Mathématique Avancée, Université Louis Pasteur (Strasbourg I) and Department
of Mathematical Sciences, University of Liverpool for providing me with the physical
framework for the writing of this thesis. Also, I thank my supervisors M. Weber (Stras-
bourg) and R. Nair (Liverpool) for the kind suggestions and encouragement. Without
either of these gentlemen, this thesis would never have come into existence. The short
French abstract of the thesis would have been considerably less readable, had it not
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Introduction, resume et
conclusion

Cette these concerne deux formes d’approximation. Dans le premicre partie de la
these, nous étudions 1’approximation diophantienne dans un corps de séries formelles.
Dans la deuxieme partie de la these, nous étudions I’approximation gaussienne dans la
théorie ergodique. Dans cette introduction, nous décrivons les méthodes et les résultats
de chaque partie de la these.

Approximation diophantienne dans un corps des
series formelles

Le sujet de la premiere partie de la these est I’approximation diophantienne dans
un corps de séries formelles. Soit F un corps fini a k éléments, et posons

L:{ 2 a_iX':nezZ,a_j eIF,an7é0}.
i=—n
Cet ensemble est un corps. On définit une valeur absolue sur £ en posant

> a_ix—‘H = k"

i=—n

Avec cette valeur absolue, (L, ||-||) est un espace de Banach, c’est a dire qu’il est
complet pour la métrique d(x,y) = ||x—Yy||. La valeur absolue satisfait la propriété
ultramétrique :

[IX+y[I < max([|x][, [lyl[)  pour chaque x,y € L.

Dans le chapitre 1, apres une introduction a I’approximation diophantienne, nous al-
lons faire la construction de L en détails et démontrer ces propriétés.

A T'aide de la valeur absolue, nous sommes capable de caractériser la mesure de
Haar sur L. L’égalité suivante en est une caractérisation complete :

M(B(c,k)) =p{x e L:[lx—c| <k} =k

vii
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En plus, nous sommes capables de définir la dimension de Hausdorff. Soit & > 0 et
s > 0. Pour chaque recouvrement (5 d’un ensemble E C L par des boules de rayons
< d, posons

()= S p®)
BEGs

la s-longueur de C. Comme dans le cas réel, on définit la S-mesure de Hausdorff :

H3(E) = lim inf  13(G)

d—0recouvrements (5

et la dimension de Hausdorff :
dimy(E) =inf{s > 0: #*(E) =0}

Ces définitions sont les instruments principaux dans la premiere partie de la these.
Comme dans le cas de la construction de ’espace L, ces définitions seront vues en
détail dans le chapitre 1. Aussi, nous allons décrire des résultats déja connus dans ce
domaine a la fin du chapitre 1.

Dans le chapitre 2, nous étudierons des expansions de Liiroth. Nous démontrerons
que pour chaque X € L, on peut écrire

2 1
X=0qo+—+

A i;ql(QI—l)"'Qi—l(Qi—l—1)Qi’ G & FIXJ.

F[X] est I’anneau des polyndmes a coefficients dans [F. On appelle ces expansions des
expansions de Liiroth. Inversement, chaque expansion de cette forme correspond a un
élément de L.

Posons I ={x € L:||x|| < 1}. Maintenant, (I, B, ) est un espace de probabilité, ou
B est la famille des ensembles de Borel et [ est la mesure de Haar. Donc les coefficients
dans I’expansion de Liiroth, gj(X), X € I, sont des variables aléatoires. Dans le chapitre
2, nous allons montrer a 1’aide d’une caractérisation dynamique :

Théoreme. Les coefficients de I’expansion de Liroth g; sont des variables aléatoires
indépendantes et identiquement distribuées.

A T’aide de ce théoreme, nous sommes capable de démontrer quelques résultats
dans la théorie métrique de ces expansions. A 1’aide de la loi forte des grands nombres,
on peut déja montrer des résultats. En utilisant des théoréemes probabilistes plus fort
(le théoreme central limite, la loi du logarithme itéré etc. . .), on peut montrer des théo-
remes métriques plus forts. Les démonstrations et les théoremes métriques se trouvent
dans le chapitre 2.

Dans le chapitre 3, nous étudierons des espaces vectoriels et des matrices a coef-
ficients dans L. Définissons encore quelques valeurs absolues. Pour v = (vy,...,Vy)
dans L", définissons la hauteur de v,

[IVlles = max(f}vi]l, .- [[val])-

viii
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De plus, définissons la distance au treillis des entiers,

(0] = omin Ix=plle

Soient m,n € N, et soit Y : F[X]™ — R* une fonction telle que Y(p) = Y(||pl||). Nous
étudions 1’ensemble de matrices A € LM,

S(p)={AeI™:|(gA)| < Y(q) pour une infinité de q € F[X]™}.
Avec ces définitions, nous sommes capables de démontrer un analogue du théoréme

de Khintchine et GroSev :

Théoréme (Le théoréme de Khintchine-Grosev). Soit  : F[X] — R* une fonction,
décroissante en norme, telle que W(p) = w(||p|)-

1.

Si Y W(@)" <, alors u(S(w)) =0.

qeFX]m

Si Y W(a)" =0, alors p(S()) = 1.
qeRX]™m

La démonstration est assez compliquée. Il faut utiliser la théorie ergodique, quel-
ques outils de théorie des nombres, des probabilités etc. Les détails se trouvent dans le
chapitre 3.

Dans le chapitre 4, nous étudions un ensemble exceptionnel dans le théoreme pré-
cédent. Soit v > 0 et soit Y(q) = ||q||5,’. On définit I’ensemble S, = S() des formes
linéaires bien approximables. On peut facilement démontrer que p(Sy) =1siv < T et
H(Sy) =0siv> % Dans le dernier cas, nous sommes capables de calculer la dimension
d’Hausdorff de I’ensemble Sy. Dans le chapitre 4, nous allons démontrer 1’analogue
suivant du théoreme de Jarnik et Besicovitch :

Théoreme (Le théoreme de Jarnik-Besicovitch). Soitv > M. Alors,

m+n
v+1°

Dans la démonstration de ce théoréme, il y a deux parties. Dans la premiere partie,
on montre que la dimension est inférieure ou égale a (m— 1)n+ T;'Tﬂ‘ Cette estimation
est une conséquence d’un lemme du type Borel-Cantelli. La deuxieme partie de la
démonstration est plus compliquée. En utilisant des systemes doués d’ubiquité, on
peut montrer que la dimension d’Hausdorff d’un sous-ensemble de Sy est supérieure
ouégalea (m—1)n+ TT*F Cette partie de la démonstration est assez technique.

Dans le chapitre 5, nous étudions un autre ensemble exceptionnel. Cette fois, nous

considérons I’ensemble,

dimg(Sy) = (M—1)n+

B(m,n) = {A € L™ :3K > 0vq e FX]™ [(gA)|" > ||c:<||m } :

X
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des formes linéaires mal approximables. On montre facilement que u(8(m,n)) = 0,
parce que I’ensemble complémentaire a pour mesure 0. Dans le chapitre 5, nous allons
démontrer un analogue du théoreme de Jarnik sur les nombres mal approximables.

Théoreme (Le théoréme de Jarnik). Soit m,n € N. Alors,
dimyB(m,n) = mn.

Pour la démonstration de ce théoreme, on utilise une méthode de Schmidt, en utili-
sant des «jeux (a,B)». Soient a, 3 € (0,1). Dans le jeux (a, ), on a deux joueurs, A et
B. Le joueur A commence a prendre une boule fermée A; = B(C(A;),p(A;)) C L™.
Ensuite, B prend une boule B; = B(C(B;),p(B1)) C A; telle que p(B;) = ap(Ay).
Maintenant, A prend une boule A, C By, telle que p(Az) = Bp(B1). Le jeux continue a
'infini. B gagne le jeux, si N>, Bj =N, Ai € B(m,n). Sinon, A a gagné. Nous allons
démontrer que pour tout 3 € (0,1) et tout a € (0, |<J+1)’ le jouer A peut toujours gagner
le jeux (a,3). Ensuite, nous allons montrer que cette propriété implique le théoréme.

Dans la dernier chapitre de la premiere partie, nous ébauchons quelques problemes
d’approximations diophantiennes dans un corps de séries formelles, qui sont dans la
continuité de cette these. Nous avons choisi trois problemes, mais il reste stirement
beaucoup de questions ouvertes dans ce domaine de recherche.

Approximation gaussienne en théorie ergodique

Le sujet de la deuxieme partie de la these est I’approximation gaussienne en théorie
ergodique. Nous étudierons quelques aspects gaussiens des systemes ergodiques.

Dans le chapitre 7, nous allons décrire quelques résultats déja connus dans ce do-
maine. On commence avec les similarités entre le théoreme ergodique et la loi forte
des grandes nombres pour des variables aléatoires indépendantes. Ensuite, nous allons
décrire des résultats pour des variables aléatoires non indépendantes, mais satisfaisant
quelques propriétés plus faibles.

A T’aide de ces résultats, quelques auteurs ont démontré des théoremes d’existence
de fonctions dans certains systemes dynamiques, pour lesquels le comportement des
sommes partielles imite celui de variables aléatoires indépendantes. En particulier, le
théoreme central limite est satisfait.

Nous allons décrire des éléments de démonstrations de plusieurs résultats de ce
type. Pour la majorité de ces résultats, les outils fondamentaux sont les séries de Fou-
rier et le théorie spectrale. Ces techniques de démonstration s’appliquent donc seule-
ment pour des rotations du tore.

Dans les sections 7.4 et 7.5, nous allons décrire une autre méthode en utilisant
des tours de Rokhlin. Cette méthode s’applique pour tout systeme ergodique et apé-
riodique, mais 1’ergodicité est impérative. La méthode des tours de Rokhlin est notre
méthode principale dans les chapitres suivants. Dans le chapitre 8 nous allons démon-
trer quelques résultats récents en approximation gaussienne due a Volny.
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Dans le chapitre 9, nous allons généraliser des résultats dans le chapitre 8 pour
des sommes partielles avec des poids. Soit (a,) un suite de réels positifs, bornée par
un nombre M > 0 et T une automorphisme d’un espace de probabilité non-atomique.
Dans chapitre le 9, nous allons démontrer quelques résultats pour des sommes par-
tielles avec des poids définis par

n—1

A=Y aT'f.

Dans le section 9.1, nous essayons de utiliser la méthode de Volny, sans des outils
additionnels. Pour ces méthodes, on a besoin de quelques hypotheses sur la suite des
poids. La premicre hypothese est

A: z |an—an_]‘ < 00, (Hl)
n=1
La deuxieme hypothese est un peu plus technique :
(5o ®)
imn_ok ai) 1
[A—K=2 5 - —K2=O<——>, (H2)
logz n<k<log, n 4k lOg n

ou K > 0 est un nombre réel. La troisieme hypothese est la plus compliquée :

A R, L I _ 2
n_l1 (Z?:|—2k+12h:0 (al+h_al+h—l)) o <loglogloglogn)

k =
n logs n<§<log2 n |:[nlog3 2] 4%k

logn
(H3)
Avec ces trois hypotheses, on peut démontrer trois généralisations de les théoremes
de Volny, mais les hypotheses ne sont pas tout a fait naturelles dans la domaine de
probabilités.
Dans le section 9.2, nous allons démontrer une théoreme dans 1’approximation

gaussienne sous une hypothese plus naturelle. Soit (@)) une suite décroissante des réels

telle que
nloglogloglogn n_l
=0 ( E af) . (H4)

logn o
Sous cette hypothese, nous allons démontrer :

Théoréme. Soit (X,3B,u) un espace de probabilité non-atomique, et soit T : X —
X un automorphisme apériodique. Il existe f € L?(X) et des variables aléatoires
Z{ ~ N\(0,2(loglog3 —loglog?2)) tel que

Anf
lim || ———— — 7| =0.

" (spta)”
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Dans le dernier chapitre de cette these, nous €baucherons quelques problemes
de recherché dans le domaine des approximations gaussiennes en théorie ergodique.
Comme au chapitre 6, la liste des problemes n’est pas complete. Les possibilités de
recherches futures sont nombreuses.

xii
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1. Introduction

In this part of the thesis, we will be concerned with so-called metrical (or measure
theoretical) Diophantine approximation. We will be working in a specific setting —
namely in the field of Laurent series with coefficients from a finite field.

This first chapter serves as an introduction to this theory. To get acquainted with
the topic, we begin with a short introduction to Diophantine approximation over the
real numbers. This will include some of the classical theorems like Dirichlet’s The-
orem and Khintchine’s Theorem. This is meant to serve as an informal introduction
to the more abstract parts of the subsequent discussions. For a complete treatment on
Diophantine approximation over the reals, the reader is referred to [7].

Secondly, we construct the setting, we will be working in. We will discuss the
similarities and differences of this setting and the real numbers. Also, we will give
a construction of the Haar measure on our field, as well as a definition of Hausdorff
dimension.

Thirdly, we give a short discussion of the differences and similarities between our
field and another locally compact non-Archimedean field — the p-adics — in which
much more work has been done.

In the final part of the introduction, we will be giving a survey of the previous
results in Diophantine approximation in this setting. It is worth noting, that almost
all of these results are outside of the domain of the metrical theory. The results in the
subsequent sections are hence extending the body of knowledge about fields of Laurent
series.

1.1. An introduction to Diophantine
approximation

Diophantine approximation is a way of studying the density of the rational numbers
in the real numbers. It is a well-known fact that the rationals are dense in the reals.
That is, you can find a rational number g in any neighbourhood of a real number X. A
number of questions can be asked to give more precise statements of this density. We
state some of these informally:

e Given a real number X, how can we easily construct rationals g close to X?



1. Introduction

e How large a neighbourhood of X do we need to take to find a rational number g
with g small?

e How many real numbers X have the property of being close to infinitely many

rationals g where closeness depends on the magnitude of q?

Quite a few answers have been given to these and similar questions. It is the purpose
of this section to give a brief overview of some of the most important of these.
Starting with the first of the questions, a classical way of constructing rationals
close to a given real number is the continued fraction expansion (for a reference on the
theory of continued fractions, see [29]). Basically, this construction is as follows: Let
X € R. We can write
1
X=ag+—
0 r )
where @ denotes the greatest integer less than X, and — is the fractional part of x. If X
is an integer, we let r; = o. Clearly, ry > 1, so we can do the same thing again,

1
rn=a+—.
r

Continuing in this way, we obtain sequence which can be written as a continued frac-
tion

1
a1+a2+...

In fact, this sequence converges and is unique (Theorem 14 in [29]).

We can express the n’th fraction in the expansion (1.1) — the so-called n’th conver-
gent of X — as a standard fraction 20 ., , where p, and p can be calculated by recursive
formulae, which we do not deduce here. Using these recursive formulae yields

<= (1.2)

We have sketched a proof of

Theorem 1.1 (Dirichlet’s Theorem). For any x € Rand any N € N, there exist p,q €
Z with |g| < N such that

1
< —

X— = 7

q

; ‘
This provides an answer to the second question, we posed.

Remark. The above version of Dirichlet’s Theorem is not the original version. The
original version version is slightly stronger, but the above serves just as well as an
introduction to the principle.
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Another construction of rational numbers approximating real numbers is the so-
called Liiroth expansions, discussed in Chapter 2.
Theorem 1.1 provides an answer to the second question, but what about the third

question? An answer to this question has also been given by Khintchine (Theorem 32
in [29]).

Theorem 1.2 (Khintchine’s Theorem). Let ¢ : N — R, be a decreasing function
such that n(n) is non-increasing. Define the set

Kw:{xeR: p‘<@

X__
q

for infinitely many p,q € Z} .

Then

a w for 37, W(i) =,

where | denotes the Lebesgue measure on R.

f,@:{0forz;”:lw(i)«»o,

Khintchine’s original proof of this theorem involves the continued fractions ex-
pansion and is rather involved. We will discuss newer approaches to the problem in
Chapter 3, where we will prove a theorem corresponding to the above in a different
setting.

Theorem 1.2 gives us some quantitative information about the density of the ration-
als in the reals. We see that whenever the approximation function ) decreases slowly,
most reals have many rational neighbours with sufficiently small denominators. How-
ever, the theorem does not distinguish between approximation functions Y(q) = q2
and W' (q) = g 3. The measures of both Ky and Ky respectively are zero. But surely,
Ky 1s a proper subset of %y? To analyse the difference in the sizes of these sets,
we may use Hausdorff dimension. Jarnik and Besicovitch independently proved the
following theorem ([25] and [8]):

Theorem 1.3 (The Jarnik—Besicovitch Theorem). Let v > 1. Define the set

' p 1 e
K = {XER. x—a < Wformfmltelymany p,qu}.
Then 5

We will return to the discussion of these in Chapter 4, where we will prove corres-
ponding multidimensional results in our setting.

Yet another set of measure zero arises from Theorem 1.2. Namely, we see that the
set

p K}
X—=|>=
al” g2

has measure zero, since the complementary set has full measure. Jarnik calculated the
Hausdorff dimension of this set ([24]):

%:{XER: there isa K > 0 s.t. for any € Z there isa p € Z s.t.
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Theorem 1.4 (Jarnik’s Theorem).

Again, we postpone a discussion of the proof of this theorem to a later chapter. We
will return to the problem in our new setting in Chapter 5.

The above theorems constitute a basis for the metrical theory of Diophantine ap-
proximation. There are plenty of generalisations of the theorems, and it is some of
these we will discuss in this part of the thesis. We will, however, be working in an-
other field than the real numbers. In the next section, we construct this field.

1.2. Laurent series, measure and dimension

In this section, we construct the field, we will be working in. Subsequently, we discuss
some properties of the different norms and norm-like functions, we will be using.
Finally, we will construct an explicit formula for the Haar measure on the field and
define Hausdorff dimension.

1.2.1. Construction of L

We will now construct the field that will replace R in our treatment. First, we will
recall the following construction of the reals. Begin with the integers Z. Since Z is an
integral domain, we can construct the field of fractions Q = Z x (Z \ {0})/ ~, where
~ denotes the equivalence relation (a,b) ~ (c,d) if and only if ad = cb.

On Q, we now introduce the standard norm (or absolute value). Now, it makes
sense to define the set of Cauchy sequences C C Q. It is straightforward to prove, that
this is a ring, and that the set of null-sequences Al (that is, sequences converging to
zero) is an ideal in C. We can now complete Q in the norm by letting R = C/A. This
set is then shown to be a field. This is a standard construction of the real numbers,
which is carried out in almost any textbook on undergraduate abstract algebra or for
instance, in a more abstract setting, in [39].

Note that the only property needed in order to construct a complete field in this
way, is the fact that the initial ring is an integral domain. One such starting point
would be the polynomial ring over a finite field. Hence, we let F denote the finite field
of k = pI elements, where p is a prime and | is a positive integer. Furthermore, we
let F[X] denote the polynomial ring over . Since this is an integral domain, we can
construct the field of fractions denoted F(X). Elements herein can be expressed as
quotients X = £, where p,q € F[X]. By formally carrying out the division, we obtain a
formal power series

[ee]

x=y a_iX7', ai€F, on#0, (1.3)

i=—n



1.2. Laurent series, measure and dimension

which is another representation of the elements in F(X). Note, that not all choices of
sequences (0j) give elements in F(X). In particular, only eventually periodic (includ-
ing finite) sequences occur in this way.

In order to complete the second step in the construction, we need to define a norm.
For any p € F[X], we define the norm of p to be ||p|| = k%2(P), where deg(p) denotes

— el

= s OF
l[all*

the degree of the polynomial p. This induces a norm on F(X) by Hg’
alternatively

a_ix—iH =K" (1.4)

in the above representation (1.3).
Note that this norm is non-Archimedean. That is, it satisfies the following proper-
ties:

|IX|| > 0 for any x € F(X) and ||x|| = 0 if and only if x =0, (1.5a)
[Ixyll = [IX[[ Iyl for all x,y € F(X), (1.5b)
[[x+ [l < max{[Ix|[, [[yl|} for all x,y € F(X). (1.5¢)

That is, we have a stronger triangle inequality (1.5¢) than we do for the usual norms.
We define a metric d on £ by d(X,y) = ||[x—Y||. The metric space obtained in this
fashion is not complete. Indeed, let () € {0,1}Y be some sequence which is not
eventually periodic. Since distinct elements corresponding to 0 and 1 exist in every
finite field, this defines a sequence in each such field. Define the sequence (Xp) € L by

n -
Xn = Z CXiX_I
i=1

Obviously, this is a Cauchy sequence in F(X) in the norm defined above. However,
the sequence of coefficients is non-periodic, so the limit point does not exist in F(X).

However, the field can be completed, just as Q could be completed to obtain R.
Hence, we let L be the ring of Cauchy sequences modulo the ideal of null sequences.
Clearly, this field contains F(X) as a dense subset, and the norm maintains all proper-
ties (1.5a), (1.5b) and (1.5c). We have obtained three sets, all corresponding to subsets
of the real numbers by construction:

e The polynomial ring F[X] corresponds to the integers Z.
e The field of fractions F(X) corresponds to the rational numbers Q.

e The completion of the field of fractions with respect to the norm (1.4) L corres-
ponds to the real numbers R.

We will now find a suitable representation of the elements in L. It is not surprising
that a representation of the space consists of all formal power series of the form (1.3).
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A proof of this can be found in Chapter XII, § 6 of [39]. We have now obtained the
locally compact field,

i=—n

L:{ Z a_iX‘i:neZ,a_ieF,an7é0},

with a non-Archimedean norm ||-||. The field is locally compact, since any closed
ball with radius k" for some n € Z is clearly compact, so any point has a compact
neighbourhood. Since the elements of L are of form of Laurent series, we call the
field L the field of Laurent series with coefficients from F.

Inside this field, we will need a few additional objects. First, we define the sub-ring

g={AcL:||A|<1}.

Traditionally, this is called the ring of integers in £. We will further define the integral
part of an element A € L to be

< o X = S 0 X~ forn>0,
i:z—n - o otherwise,

where Q,, # 0 is the leading coefficient of the Laurent polynomial. Now, we take the
maximal ideal I in the ring of integers. Clearly, this has the form

I={Ac L:||A|<1}={Ae€ L:[A]=0}. (1.6)

This set plays the role of the unit interval in this setting.

1.2.2. Norms and vector spaces

We have already defined the norm in £. An interesting consequence of the ultra-metric
property (1.5¢), which will be used repeatedly throughout the thesis, is the following:

Proposition 1.5. Let (X, ||-]|) be an ultra-metric space. That is, a normed space with
the additional property (1.5¢). Let By, B, be both open or both closed balls in X. Then
B CB,, B, CB;orB;NB,=0.

Proof. Let cj and pj, denote the centres and radii of B, i = 1,2. Assume without loss
of generality that p; > ps.
Assume the balls are open and that there is an X' € BN B;. Let x € B,. We will
prove that X € By. By (1.5¢),
Ix—cill = ||(x—c2) + (c2 = X) + (X' —c1) |
< max{[[x—ca|,||c2 = X|| , ||¥' —c1 ||} < max{p2,p1,p1} = pu.

Hence, X € B;. The proof is completely analogous for closed balls. 0]

10



1.2. Laurent series, measure and dimension

From Section 3.2 and onwards, we will be working in vector spaces of several
dimensions over L. Hence, we will need a multi-dimensional norm.

Definition 1.1. Leth € N and let £" denote the h-dimensional £-vector space over L.
For any x € L", we define the height of X to be ||X||,, = max<i<h [|Xi|, i denotes
the i’th coordinate of x.

Clearly, the height has properties (1.5a) and (1.5¢). In particular, Proposition 1.5
holds. Also, we will need the following proposition:

Proposition 1.6. Leth e Nand leta,b € £". Let a-b denote the usual inner product.
Then
[la-bl| < |alle, [Ibl]c, -

Proof. Leta= (aj,...,an) and b= (by,...,by). We have

a-bl|=llajbhy +---+apbpl|| < aill || b
la-bf| = [laib; + +hm_g%dem}

< max [aif) max Hb | = llalle 1Bl -

This completes the proof. U

Since we are concerned with Diophantine approximation, it is natural to define
the distance to the nearest “integer”. Recall, that the object replacing the integers in
the construction in Section 1.2.1 was the polynomial ring F[X]. This motivates the
following definition:

Definition 1.2. Let n € N and let L" denote the n-dimensional L-vector space over L.
For any x € L", we define the distance from x to the integer lattice to be

WW—%QWDM

This is the final norm-like function, we will need.

From Section 3.2 and onwards, we will be concerned with linear forms over L.
That is, m x n matrices with entries from £. We will define inner products, matrix
products and determinants in our setting exactly as in the real case. Obviously, where
we would previously expect a real number or vector to result from one of these opera-
tions, we will now obtain an element in £ or a vector of such elements.

Since it will cause no ambiguity, we will throughout the thesis identify the set of
m x n matrices over £ with LM, This immediately extends the definition of the height
of a vector to the height of a matrix.

For lack of a better place for this, we will just introduce a few notational conven-
tions. Given two real quantities X and y, we will write X < Y if there exists a constant
K > 0 such that x < Ky. If X <y and y < X, we will write X < y. This notation will be
used throughout the thesis.

11



1. Introduction

1.2.3. Measure and dimension

We will now follow a construction due to SprindZuk ([59]) of an explicit form of the
Haar measure on L. Letn,m e Z, m <nand let ay,...,0; € F. We define cylinders

B(O(;;,...,O(;):{ z a_iX'eL:ai=al fori:m,...,n} (1.7)

i=—n

That is, sets where the first n — m coefficients of the series are fixed.
It is obvious that

B(Op,-..,05) =B(w, k™) ={x€ L:||x—w|]| <k},
where =0} X"+---4+aiX™M. We define a function |l on the set of these balls by
HB(ag, ., 05) = K™

We now extend this function to all balls by noting, that given a ball B(c,k™), there
exists an element t € £, such that ¢+t is of the general form w. Hence, we define
u(B(c,k™)) = k™ for any ball B(c,k™).

We will now extend this function to the finite unions of balls. Let | C N be a finite
set, and let Bj be balls for any i € |. By Proposition 1.5, there exists a subset I’ C |

such that
B=JBi=JBi
i€l icl’
where the B; are disjoint for i € I’. Hence, we define
M(B)=u (U Bi) = > H(Bi).
il icl’
Clearly, the function defined in this way is a 0-additive measure on the O-algebra

generated by the balls in L. That is, the Borel 0-algebra. Since the Haar measure is
unique up to scaling, we have proved the following proposition:

Proposition 1.7. The Haar measure on L is completely characterised by
MB(C,K™) =u({xe L:]x—c|| <k™})=K"
forany ce€ £ and any m € Z.

Remark. Note, that the above scaling of the Haar measure has the property of assigning
measure 1 to the set I. Hence, this a the natural scale of the measure, given the
analogy with the real numbers. Note also that we immediately obtain the measure of
the corresponding closed ball. Indeed, since the norm only assumes values k", where
rez,

p({xe L:|x=c|| <k")=p({xe L:|x—c|| <k™!}) =Kk

12



1.2. Laurent series, measure and dimension

We will now define Hausdorff dimension in L. Let E C £™" be some set. For any
countable cover C of E with balls Bj = B(cj, pj), we define the s-length of C to be the
sum

0= Y o
BeC

for any s > 0. Let & > 0 and restrict to covers C such that pj < o for all Bj € C5. We
can define an outer measure,

H3(E) :égr%cojggcals(cé). (1.8)

We will prove, that this is indeed an outer measure.

Proposition 1.8. The function #/3 : 2~ — RU {0} defined in (1.8) is an outer measure
for any s > 0. That is,

o #H5(0)=0.
e 7% is sub-additive.

Proof. The first property is clearly satisfied. Hence, let E{,E»,... be an at most count-
able family of sets and let €,0 > 0 be arbitrary, but fixed numbers. Without loss of
generality, we may assume that

H3(Ej) == ilclfIS(ng) <o forjeN,
9

Hence, for each j € N there is a d-cover ) of E j such that
B(CD) < H(E)) + 5= < HE)) + 5
o\*-] 2i = J 2]

The union of these C = U‘J?":1 ) clearly covers U‘J?"ZIE j; SO

%(Ua)sf S p(CF< 3 I(E) e
=1 =

J=lcec

by the above calculations.
For small 8, we have

ﬂg( Ej)>ﬂs(UEj>—£,
=1 =1

H® (CJ Ej) < i H3(Ej) + 2¢.
=1 J=1

so in conclusion

Since € was arbitrary, this proves sub-additivity of #°. 0]

13



1. Introduction

Proposition 1.9. For any set E C £, there is an s’ > 0 such that

o fors<s,
0 fors>¢s.

I(E) = {

The value of #*¥ (E) may be any number in R, U {0, o}.

Proof. Let E C L and let € > 0 be some arbitrary, but fixed number. We may without
loss of generality assume that #°(E) < . First, we prove that #°t¢ = (0 and sub-
sequently that if H5(E) > 0, then > ¢ = oo. This will imply the proposition.

By definition, we may choose a &-cover (s of E such that

I3(Gs) < H(E)+ 1 < H3(E) + 1 < oo

Now, we consider some set C € (5. By definition p(C) < 9, so p(C)S*€ < &p(C)S.
Hence,

Hs T (E) < IPTE(Gp) < &1°(Gs) < 8 (H°(E) +1).

Letting O tend to zero in the above, we obtain

HTEE) < (HP(E) +1) lim & = 0,
6—0
since € > 0.
To prove the second claim, let E C £ be a set such that #*(E) > 0. We assume that
H37E(E) < co. The above implies that #H5(E) = 0, which is clearly a contradiction.
This completes the proof. U

In the light of Proposition 1.9, we make the following definition:

Definition 1.3. Let E C £. The Hausdorff dimension of E is defined as

dimy(E) =inf{s>0: #*(E) =0}.

1.3. p-adic numbers

The reader may have noticed some similarities between our field £ and the p-adic
numbers (Qp. We remind the reader of the construction of the p-adic numbers.

Let p € Nbe a prime. As in the construction of the reals, we begin with the integers
7Z and construct the field of fractions . We introduce a norm on this field: First, for
any & € Q, we reduce the number & = p”g—: such that p fa’ and p /b’. Now, we define
the norm |%‘ = p~". We take the completion of Q in the metric induced by this norm
and obtain the p-adic numbers Qp. The p-adic integers Zp are the p-adic numbers
with norm less than or equal to one. For an extensive treatment on the p-adic numbers,
the reader is referred to [52].

14



1.4. Previous results in L

Both the field of p-adic numbers and L are ultra-metric spaces. That is, the norm
on each of the spaces has properties (1.5a), (1.5b) and (1.5¢). They are, however,
not the same objects. For one thing, there are more L-spaces than there are spaces
Qp, and their algebraic structures are different. Still, it is possible to do Diophantine
approximation in the field of p-adics, and many of the results, we will prove in this
part of the thesis already have analogues in the p-adic setting.

Regarding the well-approximable matrices, Abercrombie proved a partial result to-
wards the most general form of the Jarnik-Besicovitch Theorem in [2]. This result was
subsequently completed by Dodson, Dickinson and Yuan in [17], where they showed

Theorem 1.10. Let m,n € N and v > 0. Define the set
W(v) = {X €Zy" 1 |aX | p < lq|5," for infinitely many q € Zm},

where |-[,, , and ||, denotes the height in p-adic and standard norm respectively. Then
-1 0 fory>Mm

dimgg (W) = {(m Jnty forvzy,

mn otherwise.

We will prove a Laurent analogue of this theorem in Chapter 4, but in our setting
we will look at distances to the integer lattice instead of the distance to the origin. This
means that the Hausdorff dimension in our setting is different than the one obtained
here.

Also, the set of badly approximable matrices has been examined by Abercrombie
in [1], albeit only in one dimension. Abercrombie proved that the Hausdorff dimen-
sion of this set is one. This is the analogous result to Jarnik’s Theorem (Theorem 1.4).
His method was largely measure theoretic and failed to generalise to multiple dimen-
sions. In Chapter 5, we prove a multi-dimensional analogue of Jarnik’s Theorem for L.
Our method relies mostly on the fact that £ is an ultra-metric space, and it should be
possible to adapt this method to the p-adic setting, though some additional difficulties
inevitably will arise.

1.4. Previousresultsin L

Previous results in Diophantine approximation have mainly been about properties of
the continued fraction expansion and it’s relationship with certain algebraic properties
of elements in L. Until now, the only results in metrical Diophantine approximation in
L were analogues of Dirichlet’s Theorem and Khintchine’s Theorem. A large number
of results have been found in the non-metrical setting, but a complete discussion of
these would be too extensive to complete here. Instead, the reader is referred to [40],
[57] and the works cited therein. We discuss the continued fractions map and some
consequences, relevant to the subsequent questions in this thesis.

15



1. Introduction

Development of the continued fraction expansion in £ goes back to Artin ([4]). In
§ 12 of his paper, Artin defines the continued fractions algorithm for any X € L:

1

3
{x

1
1

X = [X] 4+ {x}, ao=1[x], X

i =X+ {xi}, ar=[xi], %

}

Xp = [Xn] +{Xn}, an=1[Xn], Xny1= {Xln}

and so on. He proves, that the continued fractions expansion

1
X=ay+———
a1+a2+

is convergent and that it terminates if and only if x € F(X).
Furthermore, he shows that as in the real case, we get a recursively defined system
of convergents

Pn = Pn—18n—1+Pn—2, On =0n—18n—1+ On—2,
where pgp = 1, p; = ap, o = 0 and ; = 1. For this system,

L
lOnGn+1ll — ||Qn||2

H _Pn (1.9)

Gn

for any n € N. Hence, the analogue of Dirichlet’s Theorem (Theorem 1.1) holds in L.
With a little more care, it can be shown that g is a convergent to X if and only if (1.9)
holds with pp,Qn replaced with p,q.
A certain way of classifying the interesting elements in L is a result of the contin-
ued fractions expansion. For any X € £ and any o € R, we define numbers
A(x, @) = liminf |g[|° ||x — g'

b
llaf|—e

where (p,q) runs over all elements in F[X] x (F[X]\ {0}). This makes it possible to
define the approximation exponent of X:

V(x) =sup{a e R: A(x,a) < co}.
These two functions enables us to classify the elements of L:

e X € L is badly approximable if v(x) = 2 and A(x,2) > 0. Performing deductions
from the continued fractions algorithm analogously to the ones leading to The-
orem 23 in [29], this can be seen to be equivalent to the property that the partial
coefficients are bounded.

16



1.4. Previous results in L

e x € L is normally approximable if v(x) = 2 and A(x,2) = 0.
e x € L is well-approximable if v(x) > 2.

A large number of results are known about the relationship between the above classi-
fication, the continued fractions map and certain algebraic equations. For a reference
on these, see [57] and [40]. In this thesis, we will be interested in “counting” the ele-
ments of the above types. That is, finding the Haar measure of the sets of elements of
each type, and — whenever the measure is zero — finding the Hausdorff dimension of
the sets.

One previous result involving measuring the sets in question is known. Namely,
de Mathan proved an adelic version of Khintchine’s Theorem in his thesis ([16]). Just
stating his theorem requires a bit of work, since the norms, de Mathan was working
with, differ from ours.

For any prime ideal (P) C F[X], we can write any rational polynomial

P(X) _ o1 P'(X)
ax)  d(X)’
We can now define an alternative norm on the rationals by
H p(X) _ HPI p/(X) _ (kdeg(P))I
q(X) {|p q'(X)
Completing F(X) in this norm instead of the norm defined in (1.4), we obtain a new

field Lp. This field is related to £ in approximately the same fashion as the p-adic
numbers are related to the reals. In this setting, de Mathan proved the following:

for some | € N, where P/ p'(X),P Jq'(X).

P

Theorem 1.11. Let | be a finite subset of the prime ideals in F[X] and let for any
P € I, Yp be a real function on the set of all non-zero powers of k. Let U = [Tp¢; Wp.
Furthermore, let 1} = [pe) Lp equipped with the product measure of the normalised
Haar measures on each Lp. Consider the inequalities for x = (xj)ic| € ‘U,

o= < wemax{lpl. ) foranyPet. (1.10
o)

If the series S ,k>"@(k") converges, then (1.10) has only finitely many solutions
(p,q) for almost all x € 44. If the series diverges, the sequence k*"y(k") decreases
and there exists a K > 0 such that for any P € I, (k") < Ky (k™) whenever m < n,
then there are infinitely many solutions (p,q) to (1.10) for almost all x € 1.

This is de Mathan’s version of Khintchine’s Theorem (Theorem 1.2) in £. Another
version of this theorem will be given in Chapter 3.

We will not give a complete discussion of the constructions involved in de Mathan’s
proof, since this will lead us in an entirely different direction to the one we wish to
follow. The results and constructions are, however, interesting in their own right, and
certainly deserve mention in this place.
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2. LUroth expansions

In this chapter, we prove some metric results on approaching any element in £ with
rational elements by a certain method. The approximation obtained via the continued
fractions expansion has been extensively studied, and in Section 1.4 we gave some of
the results and arguments involved in the study of this algorithm. The approximation
we examine in this case, is the approximation by the so-called Liiroth expansions of
the elements. It is at a first glance slightly less elegant than the continued fractions
algorithm, but on the other hand this algorithm has virtues which allow us to obtain
quite beautiful results on the coefficients. In particular, it is easy to examine using
probability theory.

We begin with the construction of the Liiroth expansions. Then we prove the the-
orem which allows us to obtain the metrical results of this chapter. Finally, we prove
these metrical results. The results in this chapter are published in [36].

2.1. Construction of the Luroth expansions

We will follow the construction of the Liiroth expansions from the reals used by Perron
in [49]. In fact, Perron constructs both the Liiroth series, the Sylvester series and the
Engel series here, since these are quite similar. We will only construct the Liiroth
series. The metrical theory of these series over the reals has been discussed among
other places in [23]. For previous results in £, see [31] and [32].

Liiroth series are a way of approximating irrationals with rationals given by a re-
cursive algorithm. We construct the algorithm. Letx € £, and let qg = [X]. If x—qp =0,
X is already rational in which case the recursion stops. That is, we let aj = gj = o for
i > 1 as we did in the case of the continued fractions expansion. We can now write

1
X = qo—l—a— where ||a;|| > 1.
1

We now define q; = [a;]+ 1. If ; = 0, X is rational and the recursion stops. Otherwise,
1 1 1 1 1

N N N + -

qi a1 —1 d (@i =1L

aj
If q; —a; =0, X is rational and the recursion stops. If not, we write

Lol b b Ghere o) > 1
—=—+4+-————— where ||la .
ar g1 (—1aa

. 2.1)
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2. Liiroth expansions

Continuing in this fashion, we define (possibly finite) sequences (i) and (a;) such that

1 1 1 1 .
e fori=1,2,.... (2.22)
ai i (gi—Dgiain
gi € FIX], |laill > 1 fori=0,1,..., (2.2b)
lai|| > 1 fori=1,2,..., (2.2¢)

If X is rational, the recursion stops at some point. If X is irrational, the recursion con-
tinues ad infinitum. In either case, bearing in mind that % = 0 by convention, this
construction gives an expansion of X on the form

® 1

X=q +i+
°"a ;mMr4%quH—Um

, i € FIX]. (2.3)

This expansion is called the Liroth expansion of X. Note, that the series is convergent
by (2.2b), since the radius of convergence of 37, z" is 1, and this series majorises the
Liiroth series for an appropriate z with |z| < 1.

Proposition 2.1. There is a one-to-one correspondence between the series on the form
(2.3) and the elements of L.

Proof. We have already seen that all elements in £ have an expansion of the form
(2.3). Also, convergence has been proved for each expansion, so each such series is
convergent. Hence, we need only prove that the expansions are unique.

Assume that an element X € L has two distinct Liiroth series:

X—q+i+§ !
’ 0 5 ar(gr —1)---Qi—1(i—1 — 1)qi
ad 1

/

1
=qy+ = +
0 q/l

%mm&&%ummp—nw

Now, we define elements Yj, \/J by the equations

r_1 i 1
Vi 9 &ai@j—1)-djric1(djri-1 — Ddjsi’
1 1 2 1
Y 9 i; qj(@j—1) - (Ao — Ddj

Clearly, X =00 + y_ll =qy+ \/Ll By calculations as the ones leading to (2.1),

1
qj

1
Yi

1
qj—1

]
N
qj

1
Y,

1

!
q;—1

= <l1, (2.4)

:

<1
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2.1. Construction of the Liiroth expansions

so we have that gg = q( = [x] and y; = Y,.
We now see that

ot 1 L ! 2.5)
Yi g ai@i—Dyj+ Y] df di@ =1y
for any j € N. Hence by (2.4) we get
Yi 1 Yi
b= e < e -
Since ||qi|| = ||y1]], we have that q; = [y;]. Similarly, g} = [y|] = [yi]. Uniqueness
follows by induction with the above as the basis, using (2.5) at each step. U

Clearly, the above construction gives us a way of approximating arbitrary ele-
ments with rational elements, since the summands in the series expansion are rationals.
Hence, it is interesting to examine the coefficients of the expansion to obtain further in-
formation on how well the algorithm works. The coefficients of the Liiroth expansions
turn out to be particularly easy to examine, since they have nice probabilistic proper-
ties. To prove these, we will need a dynamical interpretation of the construction.

We will only consider the dynamics of elements in the ideal I, since our results
will generalise to all of £ by translation. Also, the normalised Haar measure induces a
probability measure on I by restriction, thus allowing us to use tools from probability
theory directly on I. On this ideal, we define the two operators g : I\ {0} — F[X] and
T:I—1Iby

1 0 forx =0,
q(x) = H +1, T(x)= {(q(x) —1)(xq(x)— 1) otherwise.

Clearly, q maps I into F[X]. We need to check that T maps [ into I. Since

T Ol = 1]~ 1]

‘q(X)—iH <1,

this is also true.
We now claim that with the operators above, the coefficients of the Liiroth expan-

sion of an element X € I are of the form gy = q(T"~!(x)). To prove this, it is sufficient
to prove that T"~!(x) = alr, where a; is the element in (2.2a). Since X € 1, this certainly

holds for r = 1. Assume, that the claim holds for some r > 0. By (2.2a),

T'"X) =T (i> =(qr—1) (airqr—1> — ai(qr_l)qr_qu:

ar r a1

Hence, this is indeed a dynamical description of the expansion.
With these tools in place, we can prove that the coefficients of the Liiroth expan-
sions are as nice as we could possibly hope for from a probabilistic point of view.
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2. Liiroth expansions

Theorem 2.2. The coefficients g; of the Luroth expansion of an element A € L are
independent, identically distributed random variables.

Proof. For any n € N and any py,..., pn € F[X]\ F, we define the set

Ih=1n(P1,...,Pn) ={XE I:q:1(X) =P1,.--,0n(X) = pn}

along with the ball lg = I, where gj(x) = q(T"~!(x)) denotes the i’th coefficient in the
Liiroth expansion of X. We call these sets Liiroth cylinders.
Now, let X € I, for some Liiroth cylinder. Since X € I, go(X) = 0. Defining elements

1 N odig
d :1, d: s Ch = —_—
0 T pipi =D -pi(pi=1)" " i; pi

we can even find a general form of any x € I,,. Indeed,

X=cCn+d S !
- ni; QH—H(QHH_1)"'Qn+i71(Qn+i—1—1)qn+i’

(2.6)

where the (4 are the last coefficients from the Liiroth expansion of X.
We recognise the sum appearing in (2.6) as the tail of the Liiroth expansion of X.
That is, the sum is equal to TIH from the construction. By our dynamical description

of the expansion, we see that the function @, : I — |y defined by @ (X) = cp + dpX is
a left inverse of the restriction of T" to the Liiroth cylinder I,. That is, for any X € Iy,

an(T"(X)) =x.

Obviously, @, is surjective. This gives us an alternative characterisation of Iy,
I = @ (1) = Cn+dn I = B(Cn, [|dn]])-

Now, we immediately have the measure of the Liiroth cylinders. Indeed, from the
characterisation in Section 1.2.3,

1 1
~Ipi(pi—=1) - pa(pa— D ||p1---pn||2'

“(In(pla"'vpn))

From this, it follows directly that the coefficients are identically distributed and in-
dependent. In fact, we have calculated the probability of a given coefficient taking a
given value:

1
U{XEIZQr:p}:Wa 2.7)

where r € N and p € F[X]\TF. O
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2.2.  Metrical subsequence results

2.2. Metrical subsequence results

Using Theorem 2.2, we may deduce a number of results about the coefficients of the
Liiroth expansions from the classical theorems of probability theory. In the following,
this is exactly what we will do. Our results are subsequence results. In particular, they
imply some results by John and Arnold Knopfmacher ([31] and [32]), who proved
similar results for the sequence ng = K.

The first couple of results are simple consequences of the Strong Law of Large
Numbers.

Proposition 2.3. Let (nj) € N be a strictly increasing sequence and let p € F[X]\ F.
.1 . _

lim = [{r <i:an,(x) = p}| = ||p[

i—oo |
for almost every x € I.
Proof. We define random variables X; = 1 {x€ L:an ()=p}- By Theorem 2.2, these are
independent and identically distributed. By (2.7), E(X;) = ||p||~>. The Strong Law of
Large Numbers (Theorem 3.30 in [11]) now says,

2% ) = o)

for almost every X € I. This completes the proof. 0]

fim < |{r < i, (X) = p}| = Jim

We are also able to obtain an estimate on the average of the degree of the coeffi-
cients.

Proposition 2.4. Let (nj) C N be a strictly increasing sequence. For almost every
xel,

1 k
lim ~ r; deg(Qn, (x)) = i —7-

Proof. We define random variables Y; = deg(qp, ). By Theorem 2.2, these are inde-
pendent and identically distributed. We calculate the expectation of Y.

BN = [ desan ()0 = 3 f |, deg (0n, 09) du(x
ocH {XeI:qn, (x

lIplI>1

- 3 ce)lpl” = 3 k- = K
PER X -1

I |0||>1
Now, the Strong Law of Large Numbers yields,

. Zijzle (%) k
lim < Z deg(an (x)) = Jim === =B (V1) =3 —;
for almost every X € I. U
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2. Liiroth expansions

We immediately have the following corollary:

Corollary 2.5. Let (nj) C N be astrictly increasing sequence. For almost every x € 1,
1im [, () -~ (x)[| /" = K/,

Proof. Note that deg(p) = log, ||p||- Inserting this in Proposition 2.4, we obtain the
corollary. 0]

These were just a few easy results following from the Strong Law of Large Num-
bers. Fortunately, there are more probabilistic theorems, stating beautiful results on in-
dependent, identically distributed random variables, which allow us to deduce stronger
results from Theorem 2.2. We begin with the following proposition, strengthening Pro-
position 2.3.

Proposition 2.6. Let (nj) C N be a strictly increasing sequence, let p € F[X]\ F and
define for all r € N random variables Z,, = [{i <r:qn = p}|. For almostall x € I,

—rp|| 2 _ >
li 2 (1 _ )
Hrisolfp rloglog lIpll lIpll

Furthermore, for any s € R,

_ S 1 S
};m“{XEI Zua—rlpl < f(1—||P||2)}=—\/ﬁ/_me o

Proof. We let p € F[X]\F be fixed but arbitrary and consider the random variables
Xi=lixe L ()=p}- By Theorem 2.2, these are independent and identically distributed.
We need the variance of these, so we calculate the first and second moments. Since the
random variables are indicator functions, Xj = X Hence by (2.7),

E(X?) :E(Xi):/IxidU:/I]l{er:qni(x):p}:”pH_Z-
By a standard result in probability theory,
0?(x)) =E(X2) ~E(X)* =lp]l > (1= [Ipll ?).

If we centre the random variables and calculate the partial sums Sy of the centred
random variables, we see that

= —il (Xl _E(Xi)) = il (l{xel Oy (X ||p||7 ) = Zr,p — r||p||’2.

Clearly, the variance is preserved under the translation, so by the Law of the Iterated
Logarithm (Theorem 13.25 in [11]),

el ? S eI (1= ol
li =\ [202(X) = /2 (1— )
imsup “b TP —timsup 20— \/202(%) = /2l (1~
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2.2.  Metrical subsequence results

for almost every X € I. This is the first statement of the proposition.
To prove the second claim, we see that the Central Limit Theorem (Corollary 8.23
in [11]) states that

Zr’p_r“pH*Z — Sn D N N(O 1)

RS A

where A[(0, 1) denotes the standard normal distribution and the convergence is in dis-
tribution. But this is the second statement by definition of convergence in distribu-
tion. U

A generalisation of Proposition 2.4 using the Law of the Iterated Logarithm is also
possible.

Proposition 2.7. Let (nj) C N be a strictly increasing sequence. For almost every
xel,

lim sup Zirzl deg(qn, (x)) — (k/(k—1))r _ V2k

r—s00 Vrloglogr k—1

Proof. We truncate the interesting random variables in order to obtain more precise

estimates:
deg (g (x))  for [|an (¥)]] < i2,
0 otherwise.

Y (x) =

Once again, we calculate the first and second moment of these variables. A calculation
similar to the one performed in the proof of Proposition 2.4 yields

E(Y) = / deg (an, (X)) i
( I) pe%[x] {XGIani( )=k} "
1<| p||<i?

= 3 KKk 1= E(deg(an(0) +0 (5.

rkr<i?

Similarly,

£ (Y?) = E(deg(an (%)?) +0 (1‘}%2‘) .

Hence,

2 2 log?i
) =2 (1) ~E ()’ = 0*(dee a0 () +0 (5 )
Now, we define a new quantity

i 0” (deg (an (x))) +O(1) = (I(Eirl)z +0(1),

r
Br:i= Y o*(Y)) =
i=1 i=1
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2. Liiroth expansions

where the calculation of 2 (deg (qgn, (X))) in the last equality is performed completely
analogously to the calculation of the expectation in the proof of Proposition 2.4. Also,

) Bi
Y/ (x) <21 =0 — .
i (x) < 2log ( loglog Bi>

Now, we can use the Law of the Iterated Logarithm, since the Y;' are independent by

Theorem 2.2. (Y
lim sup 2o B (2.8)
r—oo +/2BrloglogBy

for almost every X € I.

Asymptotically, we have ByloglogB, ~ ﬁrloglog r. Hence, (2.8) implies,

r S , ry/_ —
msup Tt O ~E(e@n(0) 5L v K/ (k= Dr
r—oo \/Zﬁrloglogr r—o \/Zﬁrloglogr

=1 (2.9)

for almost every X € I.

This is almost the required result, except that the random variables Yi’ are not
necessarily equal to deg(Qn,(X)). However, this is easily repaired. We define sets
Ui={x € I:Y{(x) # deg(qn(x))}. We calculate the sum of the measures of all these
sets:

[oe] [oe] [oe]

N — 25l
i;u(Uu) i;“O%izllloll <i;iz<

The Borel-Cantelli Lemma (Lemma 3.14 in [11]) implies that for almost every X € I,
there exists an iy € N such that for i > ig, Y{(x) = deg(qn,(x)). Hence, (2.9) does
indeed imply the proposition. 0]

Just as was the case with Proposition 2.4, where we were able to obtain Corollary
2.5 by a simple substitution, we can obtain a stronger corollary from the stronger
Proposition 2.7.

Corollary 2.8. Let (nj) C N be a strictly increasing sequence. For almost every x € I,

_ loglogr
o 00+ 9]/ = /) (VIOERET ),

Proof. Once again, observe that deg (Qp, (X))) =logy ||an, (X)||- Inserting this in Propos-
ition 2.7 yields the corollary. The error term arises when we estimate the multiplicative
error from Proposition 2.7 in terms of an additive one. 0]

The final result of this chapter tells us that the norms of the partial coefficients in
the Liiroth expansions are bounded in a certain sense for almost all X € I. Once again,
it is a result about convergence in probability.
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2.2.  Metrical subsequence results

Proposition 2.9. Let (nj) C N be a strictly increasing sequence. For any € > 0,

1imu{xe1:. i||an(x)||—(k—1) >s}:0.

i—00 ilogyi |/ &
Proof. Let i € N be fixed but arbitrary. We split the sum of the norms of the partial
coefficients up into two random variables. For r < i, we define

<i i
Vr(X) - {”an(x)” When ||an(x)|| ~ Ilogkl’

0 otherwise,

W, (X) = 0 when ||an(X)|| < ilogki,
e llan, (X)||  otherwise.

8

> 8Ilogkl}—l—u{X€ I: zWr #O}. (2.10)

Clearly,

u{xe I ﬁ‘z e (0011~ (@~ 1)

{xez

We will treat the measure of each of the sets on the right hand side separately, proving
that the measures tend to zero as i tends to infinity.

By Theorem 2.2, the V; are independent and identically distributed. Hence by
standard probability theory, E(3,_;Vy) = iE(V;) and 0% (3,_,Vy) = ic?(V;). We
calculate estimates of these quantities. First the expectation:

peF|X]

E(Vi) = [Vidu= / lan, 0] d
I {xeI:qn, (x)=p}
1<[[pl|<ilog

= Y el'= > KT(k— Dk = (k—1) flogy (ilog)],
peF X] r:1<k <ilogyi
1<||p||<ilogi

er k—1)ilogi

where [-] denotes the integral value function. Similarly, for the variance we get,

V) <E(V)= Y 1= Z (k— K" < kilogi.
pelX] r:1<k<ilogyi
1<||p[|<ilogi
We apply Chebychev’s Inequality (Proposition 1.7 in [11]) and the independence and
identical distribution of the V; to these estimates,

u{x el: ilvr —iE(Vy)| > siE(Vl)} < ]E(Zir(zsgz\;l;l)[ﬂz(Vl))
oMV K logi | @.11)

T EE(V))  (e(k— 1)ilogy (ilogei)])?
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2. Liiroth expansions

This quantity tends to zero as i tends to infinity. Also, E(V{) ~ (k—1)log,i when i
tends to infinity, so the first summand in (2.10) tends to zero.

For the second summand, not quite as much work is needed. It suffices to observe
that by Theorem 2.2,

p{xe I: iwﬁéo} <ip{x € I:]|an,(x)|| > ilogi}
=1

; -2

=i Y el <
PEFX]
[Ipl|>ilogi

log, i

This also tends to zero as i tends to infinity, so the expression in (2.10) tends to zero.
This completes the proof. 0]

28



3. Approximation and Haar
measure

In this section, we will calculate the Haar measure of certain subsets of £ and subsets
of the matrices over L. It turns out that the interesting sets — speaking in the context
of metrical Diophantine approximation — have either null or full measure. This is our
main result in this section, which also serves to motivate the next two chapters, where
we examine the null-sets more closely.

We will begin with a one-dimensional result, which is subsequently generalised to
linear forms. Clearly, the multidimensional result implies the one-dimensional result,
but the proof of the multidimensional result is much more complicated. The inclusion
of both proofs serves to illustrate the kind of difficulties one encounters when passing
from one to several dimensions in the examination of these questions. This will be
the only chapter of this part of the thesis, where we will have results both in one
dimension and several dimensions. For the remaining theorems, even the simple, one-
dimensional proofs are quite extensive and since the results are included in the multi-
dimensional results and the methods of proof are very similar, the one-dimensional
proofs are omitted.

3.1. Approximation and measure in one
dimension

The goal of this section is to prove the following theorem, a sketch of which is found
in [33]:

Theorem 3.1. Let Y : F[X] — R* be some function decreasing with respect to the
norm and only dependent on the norm. Then,

1. 1f 3 qerx W(a) < o, then

H{x € L: |{gx)| < w(q) for infinitely many q € F[X]} = 0.
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3. Approximation and Haar measure

2. 1f Y qemx] deg}(q)tp(q) = oo, then

H{x € L: [{gx)| < w(q) for infinitely many q € F[X]} = co.

The reader will notice that this theorem is similar to Khintchine’s Theorem (The-
orem 1.2) and de Mathan’s Theorem (Theorem 1.11), and this is no coincidence. The-
orem 3.1 is the first version of Khintchine’s Theorem discussed in this thesis. In Sec-
tion 3.2, we will prove a multi-dimensional version of the theorem. This involves
considerably more intricate arguments, but of course the resulting theorem implies
Theorem 3.1.

Note, that there is a “hole” in Theorem 3.1. For instance, for (y(q) = (||q|| degq) !,

we get Y gerx] P(q) = oo, so the first case does not apply. However, we also have

> qeF[X] mw(q) < oo, so neither does the second case. We conjecture that the condi-

tion } gemx] W(q) = o is sufficient to ensure full measure, and that this may be shown
with some extra care in the calculations. However, for the purposes of the sets to be
examined in this thesis, the above gives the required results.

Proof of Theorem 3.1. First, we note that it suffices to consider the restriction of the
set in question to the unit ball, since £ can be written as disjoint translates of 1. This
has the advantage that we may use tools from probability theory, since the normalised
Haar measure induces a probability measure on /. To simplify notation, we define the
set

S(W) = {x € I||{(gx)| < Y(q) for infinitely many q € F[X]}. (3.1

We wish to prove that

1.

I
e

If 5 g(g) <o, then p(S(W))
qerX]

If > W(q) =eo, then p(S(W)) = 1.

qeF(X]

We begin with a proof of (1). For any q € F[X], we define sets

B(a) = {x e I:[{ax)| <w(a)} (3.2)
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3.1. Approximation and measure in one dimension

Since we have restricted ourselves to considering the unit ball, we immediately see
that

Bl= (J {xel:llax—p|<uw()}

PEFX]
x—BH<M}: U B(p M) (3.3)

lIpll<llall
= U {X S =

peFX] q ||q|| pEFX] q ||q||

lIpll<[all lIplI<lall

Since B(q) is the union of balls, we know how to calculate an upper bound on the
measure of B(q):

uB@)=u| U B (8 %) Y k% = y(q). (3.4)
perX] q €F[X] q
[[pll<lall [Pl <llall
Hence,
HB@) < > (@) <,
qerX] qemX]
and since by definition of B(Q),
S(P) = {x € I|x € B(q) for infinitely many q € F[X]}, (3.5)

the Borel-Cantelli Lemma implies (1).

We now prove (2). This requires a bit more finesse. We will use a little ergodic
theory. For any ¢ € F[X], we define the function Tq : I — I by Tq(X) = {0x}, where
{-} denotes the fractional part, {x} = x— [x]. We claim that for any q € F[X], the
transformation Tq is ergodic. That is, any Ty-invariant set has measure either 1 or 0.

Let g € F[X] be fixed and let E € I be some Tg-invariant set. Assume that pu(E) >0,
and let X be a point of metric density for E. For any h € N, we define the open balls
Bh = B(Xo, ||q]|™"). Using the invariance of E, we see that by substitution,

U(ENB) =/

[ Te00dn0) = [ Te(T0due)

= lall ™" [ 1 (a0 = W(BWH(E).

Since X is a point of metric density for E, we see that 4(E) = 1 by letting h tend to
infinity, so the transformation is ergodic.

Clearly, for any q € F[X], the set B(q) defined in (3.2) is invariant under Ty. Hence,
it has measure 0 or 1. From (3.5), we see that S(J) can be written as an intersection of
unions of the sets B(q). Hence, () has measure O or 1. Thus, it is sufficient to prove
that p(S(y)) > 0.
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3. Approximation and Haar measure

We prove this for a suitable subset. Let | = {q € F[X] : q irreducible and monic}.
We define the set

Sir. (W) = {x € I : x € B(q) for infinitely many q € I} C S(y).

For q,q’ € I, we clearly have

u(B(q) NB(q")) < u(B(a))u(B(a)). (3.6)

We now prove that } 4¢| W(q) = co. For this task, we need the Mbius function 1 : N —
{—1,0, 1} defined by:

(—1)" ford a product of r distinct primes,
u(d) = .
0 otherwise.

It should cause no ambiguity that both the Haar measure and the Mobius function are
denoted |, since they will never be used in the same calculation.
Since we know that the number of monic irreducible polynomials of degree r in

F[X]is ¢ Zd|rl1( )kd, we get

1
Y )= ( > ) = 3 G

which diverges.
From (3.3) and (3.4) it follows that p(B(q)) =< Y(q). Hence, for any N € N,

0< Z M(B(a)NB(d)) < Z W(g

el
llall,[lo'I<N IIOIII Hq ||<N

2 2
<C( q% w(q)> XC< q% u(B(q))> :
llgl|<N llgll<N

A converse to the Borel-Cantelli Lemma (see Lemma 2.3 in [22]) tells us,

(z| - u(B(q)))E

- imsu =X
MRS () 2 B S et W@ NB@)

llall,llg’[I<N

This completes the proof. 0]

—I'>0.

>C

The sets discussed in Theorem 3.1 are a little more general than the ones we will
be discussing in the subsequent chapters. The sets, we will be interested in, correspond
to the special functions Y(q) = ||q|| ™", where v > 0. However, we will not prove any
results specific to these specialised sets until we have passed to multiple dimensions.
In multiple dimensions we will also need to impose extra assumptions on (.
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3.2.  Approximation and measure of linear forms

3.2. Approximation and measure of linear forms

In this section, we generalise Theorem 3.1 to several dimensions. In fact, we prove a
version of the theorem for m x n-matrices over L. First, we define the sets replacing
the one-dimensional sets defined in (3.1). Let Y : F[X]™ — R* be some function. We
define

SW)={Ae I™: |(gA)| < Y(q) for infinitely many q € F[X]™}. 3.7

That is, the set of matrices A where for all entries a;j, we have ajj € 1.

The real analogue of the multi-dimensional theorem was proved by GroSev in [21].
The methods used here to prove the theorem are for the most part the ones used by
Dodson ([18]). The multidimensional generalisation of Theorem 3.1, which is to ap-
pear in [35], is the following:

Theorem 3.2. Let @ : F[X]™ — R* be a function such that Y(q) = w(||q||.), which is
decreasing with respect to the height.

1.
If ; W(Q)" < o, then p(S(w)) = 0.
qeF X]m
2. a)
Ifm>1land 5 W(a)" =, then p(S(Y)) = L.
qeR[X]™
b)
fm=1and ¥ : w(g)", then p(S(W)) = 1.

o deg(@)

Note, that the “hole” from the one dimensional case also appears here, but only for
m = 1. The multidimensional case is much easier from a geometric point of view, so
there is no “hole” here. Before proving the theorem, we will prove an easy lemma,
which will turn out to be extremely useful in the remainder of Part 1 of the thesis.

Lemma3.3. Letm,re N.

k—1
{a e FIX]™: flall =K'} = m——k"™.
Proof. There are m coordinates, so obviously there are m possibilities for choosing the
norm bearing coordinate. The leading coefficient of the norm bearing polynomial can
be chosen freely in F\ {0}, so there are k — 1 possibilities. For each of the remaining
r — 1 coefficients, there are |F| = k possible choices, so in total, there are k=1, The
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3. Approximation and Haar measure

remaining M — 1 coordinates can be chosen arbitrarily with norms less than or equal to
k. Hence, there are k"(M~1) possibilities. These calculations give

{a € FX]™: [l = K7} = m(k— DRk = L

O

We now specialise the setting a bit further. Let  : F[X]™ — R, be a decreasing
function, taking only values in the set {k" : r € Z}. We define for any q € F[X]™ the

resonant set
Rg={A€ I™:qgA = p for some p € F[X]"}. (3.8)

The term resonant set comes from physics, where the resonance frequencies of for
example a string can be found by solving Diophantine equations. Given our function
Y, we define some neighbourhoods of the Rq:

By(q)(Rg) = {A€ I™: [{qA)| < W(q)}. (3.9)

We will prove the following propositions:

Proposition 3.4.
M (By(g)(Rq)) = ()"

Proposition 3.5. Let q,q" € F[X]™ be linearly independent over £. Then

M (By(q) (Rq) N By(q) (Ry)) = 1 (By(g)(Ra)) M (Buy(q) (Ry)) -
In both proofs, we follow the method from [18].

Proof of Proposition 3.4. By the rank equation, the solution curves to the equations
gA = p are (m — 1)n dimensional affine spaces over £. We begin by calculating the
number of affine spaces which pass through the unit ball. First, note that if there is a
solution to the equation A = p with A € I™, then

IPlles = llaAllw < [lalloo [IAlle < 1lQllco (3.10)

so certainly, the condition ||p||., < [|9]|., is necessary. We claim that it is also sufficient.
To see this, it suffices to find a solution A € I™ which satisfies the equation. Sup-
pose that ||p|, < ||d||.- Assume without loss of generality that ||q||,, = ||q1]|. Now,

Pt .. Pn
[*f] On
0O --- 0
gA={( : | = p (3.11)
0O ---0

and Ae 1™,
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3.2.  Approximation and measure of linear forms

As in [18], we consider the simplest non-trivial case (M = 2,n = 1) and sub-
sequently extend this to the general case. In this case, the solution curves to the equa-
tions gA = p define ||q||,, affine 1-dimensional spaces in I%. These partition 12 into

llall,, sets, Si say. The distance between each affine 1-space is ——. The measure of

each such strip may be calculated using a characterisation of a|1|q‘l|r21nslation invariant
measure due to Mahler (see [42]).

Using a method more geometric than the one in Chapter 1, Mahler constructs
a translation invariant measure on L, such that the measure of the parallelepiped
spanned by the linearly independent vectors (,...,qn is equal to the reciprocal of
the determinant of the matrix having the g as it’s columns. Since Mahler’s measure
and the one we constructed in Chapter 1 agree on the set I", they must be the same
measures by uniqueness of the Haar measure.

Hence, the solution curves partition 12 into sets of equal size, u(s) = W By the

same characterisation, we find that around each solution curve we have a component,
Si say, of the set By,q)(Rq) of measure Y(q)/ ||q]|,,- Hence

_ H(By@Rq)  p(US)  WSi) i _

To obtain the proposition for general m,n € N, consider n copies of the span of (
and apply the above argument to resulting prisms in /™". This implies the proposition.
O

Proof of Proposition 3.5. Again, we consider the simplest non-trivial case, so let m =
2andn=1.Letq,q € IF'[X]2 be linearly independent over L. We calculate the number
of intersections between the solution curves to the equations A = p and the equations
q’A = p/, where p, p’ run over the possible values. This amounts to solving the system

(@ B (E)=(2): tole<lale: ¥l < ...

There are exactly Hdet(gi g’j ) H such solutions. Indeed, by Cramer’s rule (Theorem 4.4

in [39]) we may find at least this number of solutions. To each such solution, we may

ai QZ)

assign a parallelogram of measure 1/ Hdet(q:1 ) || defined by the four corresponding

intersection points of parallel consecutive resonant sets. The measure is calculated by
Mahler’s method ([42]).

It remains to be shown that each of the parallelograms defined above is a proper
subset of 12. But this must be the case, since any parallelogram may be written as

{X €L?:x= git; + Gata + p,ty, 1 € |}
for some qy, @, € L. Clearly,

{xe L :x=qiti + o+ p,ti, € 1} CB(p,max (||di || s |621le0)) »
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3. Approximation and Haar measure

so by the ultra-metric property (1.5c), the parallelogram is either fully contained in
12 or disjoint with 2. Since the parallelograms bounded by the solution curves are
disjoint, there can be no more than the required number.

Furthermore, around each intersection point, there is another parallelogram of

measure Y(q)P(q’)/ Hdet(g’: g’i)

is a subset of 1.

With the above tools, we may apply a proportional argument analogous to (3.12)
to obtain the proposition in this case. For the general case, we consider n copies of
the span of ¢ and g and apply the above to the mn dimensional prisms to obtain the
proposition. 0]

| which forms a part of By(q) (Re) By q) Ry if it

We are now ready to embark on the proof of the main theorem of this chapter.

Proof of Theorem 3.2. Again, we consider the solution curves to certain Diophantine
equations. From equations (3.8) and (3.9), we see that

S(W) = {Ae I™: AeByq/(Rq) for infinitely many g € F[X]™}.

As in the proof of Theorem 3.1, we use the Borel-Cantelli Lemma for the first part. We
no longer have the restriction on the possible values for Y(q), but clearly Proposition
3.4 implies that U(By(q)(Rq)) < W(q)". Just as in the one-dimensional case, the Borel-
Cantelli Lemma now yields (1).

As in the proof of Theorem 3.1, proving the second part is more difficult. Further-
more, in the multi-dimensional setting we need to distinguish between the cases m =1
and m > 1. For m = 1, we use the same method as in the proof of Theorem 3.1. For
m > 1, this method breaks down and we need a different approach.

Assume first that m = 1. As in the proof of Theorem 3.1, we define for any q € F[X]
an automorphism Tq : I" — I" by Tq(A) = {A}. Once again, {A} denotes the fractional
part, but this time the fractional part is taken in each coordinate.

This transformation is ergodic for any g € F[X]. Indeed, let q € F[X], let E C I"
be some Tq-invariant set with i(E) > 0 and let A be a point of metric density for E.

Furthermore, define for any h € N, B, = B(Ao, ||q||°_0h). Now, by substitution

W(ENBp) = /Bh]lE(x)du(x) < /BhILE(thx)du(x)
= llall" [ 1£(dn00 = BBAU(E).

Once again, letting h tend to infinity reveals that 4(E) = 1 by choice of A as a point
of metric density. Hence the transformation is ergodic, and the same argument used in
the proof of Theorem 3.1 reveals that since By q)(Rq) is Tq-invariant for any q € F[X],
we have U(S(W)) € {0,1}.

We now apply the same trick used in the one dimensional case. As before, we let
| be the set of monic, irreducible polynomials and consider the set Si. (W), such that
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3.2.  Approximation and measure of linear forms

the desired inequality has infinitely many solutions g € |. Again, we easily see that for
ai, G2 €1,

1 (By(a) (Ray) MBy(a) (Ren)) = K (Byay) (Rar)) K (By(a) (Ren)) -
Divergence of the series  g¢ P(q)" follows by the same argument as in the one di-

mensional case, using the strengthened assumption for this case. Using Proposition
3.4, we obtain

0< > H(By@)(Re)NByyRe)) < Y (W(E)w(a)"

q1,02€l q;,02€l
llai[l;lla2l|<N llai[f:lla2[I<N
2 2
<c P(g)") =<c H (By(q) (Rg)
( q% ) =¢f q% (Byo)(Ra)) )
llall <N llall<N

for some ¢ > 0. Hence, by the converse Borel-Cantelli Lemma used in the proof of
Theorem 3.1,

2
(Z gel M (Bw(Q)(Rq))>

M(S(W)) > limsup lall <N
o zllﬁf]ﬁcﬁm H (B”’(q‘)(qu) n BUJ(QZ)(R(Iz))
1119211

1

>c  >0.

Now, (2) follows form = 1.

Now, assume that m > 1. The function Tq defined in the proof for m = 1 fails to
be an automorphism, and the obvious automorphisms which may be constructed on
the basis of Ty fail to be ergodic. Hence, another method is needed. Fortunately, the
independence of events proved in Proposition 3.5 gives us the possibility of using a
stronger version of the converse Borel-Cantelli Lemma (Lemma 3.14, IT in [11]).

For any r € N, we define sets

Sr={(q1,---,m) € F[X]™: gcd(qy,---,qm) = 1,||q]|e, = k", qm monic} .

Here, gcd denotes the greatest norm of the common divisors of the arguments, so we
require the coordinates of each element in Sy to be relatively prime. We also define
Py = UL, Si and P = UR,; Si.

Let N € N and let q,q’ € Py with g # ¢’. We claim that q and q are linearly
independent over L. Indeed, assume that aq = a’q’ for some a,a’ € L. Since ¢,q’ €
F[X]™, there is no loss of generality in assuming that a,a’ € F[X] and that they are
relative prime. Hence, o divides each coordinate of ¢’ and vice versa. By the condition
on the greatest common divisor, o, a’ € F. Since gy and g, are monic, this means that
o =a’, so q=¢'. This contradiction proves the claim.
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3. Approximation and Haar measure

We now count the elements in S;. We recall that the Mobius function has the
property that
1 fork=1,
> u(d) = .
EIl 0 otherwise.

Using Lemma 3.3, we get

r

Srl= > 1= 5> >ud u(k 1

llalleo=K" [1alle =K d Ip =0 ||VH _kr d
ged(q,...,0m)=1 ged(q,..,am)=p Vm monic
m monic m monic

_ q B r—d—1 |
dz u(k™) 1 k z‘ k
1
_dz kd (km(r d) k(r—d)(m71)+1>.

We think of this expression as a polynomial in K. The dominating term of the polyno-
mial is (M — 1)k™ !, so asymptotically, S| ~ (m — 1)k™~! for r tending to infinity.
Hence, using Lemma 3.3 and the fact that Y(q) depends solely on ||q|| .

q;ﬁw(q)“ = ;1 py

kmr 1 (kr)n:

=) m-
m—1
kmr kr _ I"I.
( Z ) m(k— 1)(?'6%(];%(1)
Allw>

Hence, if the series §qepxmW(q)" diverges then the series ¥ qep, W(Q)" diverges.
Since also,

{A € L™ : A €Byq(Rq) for infinitely many q € P} C S()

the strong converse Borel-Cantelli Lemma (Lemma 3.14, II in [11]) implies the the-
orem for m > 1. U

Now, we will define the sets to be discussed in the remainder of Part 1 of this thesis.
These are special cases of S (), but they have the advantage of being technically easier
to deal with.

Definition 3.1. Let v > 0. The set of matrices
={AeI™:|(gA)| < ||all, for infinitely many q € F[X]™}

is called the set of v-approximable elements in 1™,
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As a corollary to Theorem 3.2, we obtain the following:

Corollary 3.6.

3

1 forv< rr?
i) = {O fory > m

>

Proof. Let Y(q) = ||q||.". Consider first the case m > 1. By Lemma 3.3,

S A=y 3 ke em s
geRX]m r=0geF[X]™ r
llalleo=K"

(km—nv)l’_

M s

0

This series converges if and only if v > % Now, the corollary follows in this case from
Theorem 3.2.

Now, consider the case m = 1. In this case,

1
qe%x] deg(q)

k—1 21
-vn _ - kl nv
Jal" == 5 7

This certainly converges for v > % and diverges for v < % Forv = %, it degenerates to
S0 %, which is also divergent. Hence, the corollary follows from Theorem 3.2. [
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4. Well-approximable linear forms
over L

In this chapter, we calculate the Hausdorff dimension of the first obvious exceptional
set resulting from Corollary 3.6. We will first find an upper bound on the Hausdorff
dimension, using methods quite similar to the ones used to prove the easy part of
Theorem 3.2. In particular, we need to prove a Hausdorff version of the Borel-Cantelli
Lemma, which is valid for our definition of Hausdorff dimension in £. The results of
this chapter are to appear in [35].

Subsequently, we will use a method due to Dodson, Rynne and Vickers ([19]),
which in turn uses a result due to Frostman ([20]) to calculate a lower bound on the
Hausdorff dimension. This is by far the most difficult part of the chapter, and indeed
of the thesis so far.

4.1. An upper bound on the Hausdorff dimension

The sets we are concerned with in this section are the sets S, of V-approximable
matrices from Definition 3.1. In fact, we will prove the following theorem:

Theorem 4.1. Letv > 2. Then

m-+n

dimg(Sy) = (m—=1)n+ VT

The one-dimensional real analogue of this theorem was originally proved by Jarnik
([25]). Subsequently, Besicovitch found another proof ([8]) independent of Jarnik.
The real analogue of Theorem 4.1 is thus known as the general Jarnik-Besicovitch
Theorem.

We begin with the lemma, which will allow us to compute an upper bound on the
Hausdorff dimension.

Lemma 4.2 (The Hausdorff-Cantelli-Laurent Lemma). Let E C L™ be some set
and let C = (Bj) = B(ci,pi), i € N be some sequence of ||-||,-balls in L™. Assume
that

E C {Ae L™ : A e B for infinitely many i € N} .
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4.  Well-approximable linear forms over L

If for some s > 0,
> PP <o,
i=1

then #*(E) = 0 and dimg(E) <s.

The reader will note some similarity with the Borel-Cantelli Lemma, and indeed,
this lemma takes the place of the Borel-Cantelli lemma in the proof of Theorem 3.2
and is the key to obtaining the upper bound. By expressing Sy as a limsup set of
an appropriate cover, we can obtain the required upper bound. First, we prove the
Hausdorff—Cantelli-Laurent Lemma.

Proof of Lemma 4.2. By assumption, E is contained in the limsup set of the Bj,

EgﬁOBi.

Hence, forany N € N, (y = {Bj:i> N} isacover of E.

Let > 0. Since Y2, P} < o, we have pj — 0 as i — . Hence, there exists an
No = No(8) € N such that p; < & for i > Np. Furthermore, for any € > 0, there exists
an N; = N; (€) € N such that for N > Ny, S72 p} < €. But then, for any N > Nj:

H(E) < () = 3 pi <

Letting O tend to zero corresponds by the above to letting Ng tend to infinity, so we
can make the Hausdorff-8-s-measure arbitrarily small. Hence, #*(E) = 0 and thus
dimg(E) <s. O

Lemma4.3. Letv> 1. Then,

m+n
di < (m-—1)n .
img (Sy) < ( ) +V+1

Proof. We consider the resonant sets Rq as in (3.8), and neighbourhoods of these,
Bv(Rq) = By(q)(Rg) for Y(q) = ||al|", defined as in (3.9). The By(Rg) cover S,.

We will now construct a cover ( of each of the By(Ry) with balls. As in the proof
of Theorem 3.2 in the last chapter, we see that each resonant set is contained in a union
of (m— 1)n-dimensional affine spaces. Furthermore, since A € I each resonant set
Rq will be contained in the affine spaces

Ror ={A€1™|gA=r} with ||r|l, <||dl..-

There are precisely ||q]|l, such r, so Ryq is contained in this number of affine spaces
Rq.r-
q,r

42



4.2. A lower bound on the Hausdorftf dimension

We proceed to cover each of these affine spaces with balls. First, we choose the
centres of these at distances of integer multiples of |||, ' from each other. In this

way, we choose
_ dim(Rqr) _
(=) " = flalg ="

centres. Now, take balls with these centres and radii 2||q]|,"'. These define a cover
(q of By(Rgq). Calculating the s-length, we see that

IS (Cq) <25”q”n+ (1+v)(m— 1)n—s(1+v)‘

Finally, we let C be the cover of S, obtained by taking the union of all the (5 and
calculate an upper bound on the s-length of C from this estimate and Lemma 3.3,

o< Y PG

qeFX]™ {0}
<28 Z ||q||n+ (14+v)(m—1)n—s(14v)
QEFX ]m\{O}
— 1S mk —1 z (km+n+(1+v)(m—1)n—s(1+v)> '
k r=0
which converges for any s > (m—1)n+ TTJF{‘ Now, the lemma follows directly from
Lemma 4.2. O

4.2. A lower bound on the Hausdorff dimension

In this section, we will prove that the upper bound for the Hausdorff dimension of
Sv given in Lemma 4.3 is optimal. That is, we will calculate a lower bound for the
Hausdorff dimension, which is equal to the upper bound. In order to do this, we use
a method due to Dodson, Rynne and Vickers ([19]), using the so-called ubiquitous
systems.

We begin with some definitions. Let

pn = [(1+T)N], (4.1)
where [X] denotes the integral part of the real number X. We also define the sets
B(Ry:k™PV) = {A € 1™ : dister (A,Rq) < k™PN}, 4.2)

where the Ry are the resonant sets defined in (3.8), and dist. denotes the distance in
the height-norm ||-||,- Finally, we define the sets

ANN)= [ B(Rg:k™™). (4.3)
gl <M
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4.  Well-approximable linear forms over L

This system of sets is an example of an ubiquitous system. We will not define ubiquity
in full generality, but in informal terms, ubiquity means that we can find rational ele-
ments in £ with “small” denominators “close” to any element in L. Here, the meaning
of the term “small” depends on the “closeness” required. Thus, the property contains
somewhat more information than density of the rationals in £. The following lemma
formalises the above discussion in this particular case.

Lemma 4.4.

Jim P (IM\A(N)) = 0.

Proof. Let € > 0 be fixed but arbitrary. By Corollary 3.6, we can choose N € N so
large that

W(1™\ U Bygk-tmmn(Re) | <& (4.4)
1<]qe <kN

This follows since there are infinitely many solutions to [(qA)| < ||q||;m/ " for almost

all A € I™. Using this, we may fill out the unit ball with sets as above. However, for
9]l < kN we also have

B)jqk-0+mmn (Rg) € B(Rq;k~(IHM/MN) € B(Rg; k—PY). (4.5)

Indeed, let A € B ‘,m/n(Rq) and p € F[X]" be such that

l[al
16A— pll., < [lqllo, k™ +™/"N
Then,
Il dist(A,R) < inf [[0A— A, < 19A — plle < flalk™+M0.

Dividing by ||q|, reveals that A € B(Rq;k~(!*™™N)_The second inclusion is trivial,
since k= (1+M/MN < —pn

Hence by (4.5),
mn mn
I"™\ANN) C 1™\ [ B”q”;m/n(Rq).
1<][q][oo <kN
Since € was arbitrary, the result follows from (4.4). O

We will now use this property to calculate the Hausdorff dimension of a certain
subset of Sy. Once again, we consider an arbitrary approximation function. Hence,
we take an arbitrary decreasing function ) : R™ — R, such that Lp(kN) < k7PN, We
define the set

A(P) = {A € 1™ : dists (A,Rg) < Y(|all,) for infinitely many q € F[X]™}.
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Also, we define

We will find a lower bound on the Hausdorff dimension of A({). This will enable us to
compute a lower bound on the Hausdorff dimension of S (') for appropriate functions
g : F[X]™ — R*. In particular, for a clever choice of ), we will have that A({)) C &
and thus obtain the required lower bound on the set under examination.

In order to calculate a lower bound on dimy(A(W)), we will use a version of the
easy half of Frostman’s Lemma, adapted to the field of Laurent series.

Lemma 4.5 (Frostman’s Lemma, Easy Half). Let E C £™ be a Borel set and let
s > 0. If there exists a probability measure v with support supp(v) C E, which has the
property that for any ball B=B(c,p) C L™, v(B) < p®, then #5(E) > 0.

Proof. Assume that v is a measure as in the statement of the lemma. That is, for any
ball B C L™ we have v(B) < Kp(B)® for some K > 0. Let C5 be a cover of E with
balls of radius less than some arbitrary but fixed & > 0.

0O<v(E)<V| UB|< 5 v(B)<K Y p(B).

Be( s BEG BEGs
Taking the infimum over such covers and letting O tend to zero yields,

0<hi inf K B)* = KH*(E).
61—I>I(1)c0vl£s G Bezcap( ) ( )

This completes the proof. U

Remark. Note, that it suffices to prove that there is a probability measure with support
on E such that v(B) < p(B)*® for all sufficiently small balls B. This is the property, we
will use.

Lemma 4.6.
dimpg(A(P)) > (m—1)n+yn.

Proof. This proof falls into four different parts. First, we define some partitions and
families of sets in I™". Secondly, we construct a Cantor set in 1™ based on these
families and partitions. Thirdly, we construct a measure on 1™ with support on our
Cantor set. Finally, we prove that this measure is sufficiently nice to allow us to apply
Frostman’s Lemma.

Step 1: We begin with the construction of the partitions and families. For this,
we need to define a family of lattices in L™. Namely, we define for any N € N the
lattice I'(N) = X "NF[X]™. It is a straightforward matter to prove that for X,y € ['(N),
X =yl > kM.
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4.  Well-approximable linear forms over L

For each N € N, we define the partition #y of 1™ to be the family of ||| ,-balls
B(c,k PN), where ¢ € I'(pn). By the Proposition 1.5, these balls are disjoint. By
Proposition 1.7, we can calculate the Haar measure of these balls. In our normalisation,
each has measure kK"PN™" By counting, we see that there are exactly kPN™" of these
balls, so since the balls are disjoint, they do indeed define a partition of 1™,

For any ball B = B(c,p) and any positive number o, we let 0B denote the ball
B(c,ap). Now, we define the family of bad balls in Hy,

n = {H € #y[fHNA(N) = 0}.

These are bad, because they still have not been completely caught by the ubiquitous
system A(N). The rest of the balls have been caught, so we define the family of good

balls, Gn = Hn \ ‘En.
We see that Zy C 1™\ A(N), so by Lemma 4.4, |En|-k™PN™ = n(Ey) — 0 as
N — oo. Hence, again by Lemma 4.4,

[Gn | = [ 7] — [ En ] < K™N

for N large enough. For any subset X C I™, we let Gy (X) be the family of good balls
in X as induced by Gn.

Let H € Gy and take a g € F[X]™ such that ||q||,, < kN and tH NB(Rq;k=PN) # 0.
We construct a family D(H) of subsets of H as follows:

1. First, we choose points Cj in Rq such that for i # |,

i = Cil|., > K™ (k).

w(k%)

2. Choose balls Dj with centres Cj and radii ——.

3. Remove all points belonging to Rq from the sets obtained in the above fashion.
This is to ensure, that we use different g € F[X]™ at each step of the construction
of the Cantor set.

Note, that for each u € D € D(H), we have

kN
0 < disteo(U,Rq) < L“(k ) W(/alle)- (4.6)

We proceed with counting the number of sets in 2(H). By the Proposition 1.5, we
can find an A’ € Ry such that tH C B(A’,k=N). Let R, be the (m — 1)n-dimensional
affine space from Ry containing A’. The intersection between B(A’,k™PN) and this
plane is isometric with a ball in | M=) with measure (k=Pnt1) (M= It is not difficult
to count the maximal number of elements herein with distances as (1) in the above
construction.
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4.2. A lower bound on the Hausdorftf dimension

Indeed, by translation invariance of the Haar measure, it suffices to consider the ball
in £(M= 1" with centre 0 and radius k PN. Counting points in this ball with distances
greater than or equal to K"y (kN) corresponds to counting points of a certain lattice in
the ball. Let N € Z be maximal such that g (kN) > k\'. We scale the whole setting by
XPN_and now we note that |D(H)| is approximately equal to the number of elements
in

X mn+N’+pN]F[X] (m—1)n ﬂ I(m—l)n
But this is essentially the same calculation as the one performed in the beginning of
the proof, so

|D(H)| =< k(=mn—N'—pn)(m—1)n _ ( k—PN )(m—l)n.

b (k)

Finally, we define the sets

w=U U Db

Hegn DeD(H)

and the numbers

o k=P~ (M=1) kNN
=3 3 ) =g

HEGN DED(H)

To complete step one, we need an additional technical lemma.

Lemma 4.7. Let X € I™ be a ||-||,-ball. There exists an Ny € N such that for any
N > No,
MX N Tn) < tH(X).

Proof of Lemma 4.7. Let Gx(N) = {H € Gn : H C X} and X(N) = UyegnyH. Ttis
immediate that u(X \ X(N)) — 0 as N — oo. Hence,

XNTn) > 5 > WD) > tu(X)
HeGx(N)DeD(H)

for N large enough.
For the converse inequality, we let Gy (N) = {H € Gn : HNX # 0} and define
X'(N) = UnegynH- Again, {(X\ X’(N)) — 0 as N — oo. Hence,

HXNTh) < Z > H(D) < tnu(X)
He Gy (N)DeD(H)

for N large enough. O
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4.  Well-approximable linear forms over L

Step 2: Now, we construct the Cantor set. First, we choose an increasing sequence
(M) C N such that
—pwm, logk
= lim —————
Y= e g (k)

and an N; € (M;) such that Lemma 4.7 holds for X = 1™, Let

U U D, tn, <

He G, DeD(H) P (kN (-

kNPN;

This completes the first step in the construction of the Cantor set.
Let N € (My) be such that N, > Ny, such that Lemma 4.7 holds for every set in the
family Ty, — that is, every X = D € Ty, — and such that |Gn,(D)| < k~™PN2y(D).

Let
Tn, = U U D.

Hegn, (TNI) DeD(H)

The choice of N, immediately implies that

knpN2 knpNZl.lJ kNl mn
by = ——K (D) = e (<)
COR COR
We repeat this construction to obtain
#Gn, (D) > k- MPrey (KN-D)™ for D e Ty, (4.72)
WKV < l:l P (KN kP)™ (4.7b)
Also, we define
TN, = U U D, 4.7¢)
Hegn (T, ;) DeD(H)
kprr

(m=1)n
=y S 1xk—”‘”er( ) ty, W (KN-)™. (@74d)

Hegn, (TNr—l )DeD(H)

(k)
Calculating backwards, since by (4.7d) for any i € N,

ymn k=Pno\ " N
tn W (k™) X(W) W (K1)

we get

AI‘!( P )_n (kN ™™, (4.8)

We define our Cantor set to be T, = N2 Tn;. By (4.6), T C A(Y).
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Step 3: We now construct a probability measure on I™" with support on To,. For
1

any r € N and any D € Ty,, we define the auxiliary measure vy (D) = B and extend
this measure in the natural way to the Borel g-algebra of I™ (that is, letting it be
arbitrary with legal values on subsets of each D and zero on subsets of the complement
to Ty, ).

This gives us a sequence of probability measures (Vy) on which correspond
to linear functionals on I™". Hence, we obtain a sequence in the unit ball of the dual
space of I™. This sequence is inside the unit ball in (I™")*, since the measures are
probability measures. By Alaoglu’s Theorem (Theorem 2.5.2 in [48]), the unit ball in
the dual space is weakly compact, so this sequence has a weak*-limit point v, which
itself corresponds to a probability measure. Clearly, this measure has its support on
Too.

Step 4: The final part of the proof consists in proving that for any n > 0 and any
sufficiently small ||-||,-ball C C I™" with radius p(C), we have v(C) < p(C)*, where
s=(m—1)n+yn—n. By (4.7b) and (4.8), we can calculate v(D) for D € Ty;:

Imn

k*pNi

w(®)= <] () w0

_ r—1 k—PN; n
= kP (kKN T (kN (—)
b)) ™ M (G

<K k_er”LIJ (kN,) (m—l)n_%

< l_IJ(kNr)Sr,
where
o _ hen, logk+ ((m—1)n— Dylogy (k) _ (m—l)n—l - —Pn, logk
r Tog g (KN rlog(kNr)”

By choice of Ny, we see that limy_,. Sy = (M — 1)n+ny. Hence, we can choose r such
that
v(D) <y (kN’)S for any D € Ty, . 4.9)
Now, let C be a ||-||,-ball. To calculate the v-measure of C, we must count the
number of D € Ty, such that D C C for r large enough. We do this in the same way we
estimated ty initially. For K~PN < p(C), we take the maximal number of good balls H
in C and estimate the number |D(H)| to get the total:

ve < (B (L2 )™ vy

Otherwise, we only need to be concerned with the maximal number of D-sets inside

C, so
(m=1)n
V(C) < (%) v(D).
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4.  Well-approximable linear forms over L

Now, let C be so small that the r for which ) (ka) <pC)<uy (ka—l) is so large
that (4.9) holds for r and r — 1. In the first case,

0« (9 V"o (2 )"

tNr_l tNr—l
<p(C)My (K1)

S—mn

<pC)
by (4.9). In the second case (also by (4.9)),

m—1)n

v(C) < p(©)™ Dy (k)" < p(Cy.
Hence, Frostman’s Lemma (Lemma 4.5) implies
dimgA(Y) >s=(m—-1)n+yn—n.
Since N > 0 was arbitrary, this completes the proof. U

This lemma allows us to find a lower bound on the Hausdorff dimension of .S,. We
complete the proof of Theorem 4.1.

Proof of Theorem 4.1. We let y(N) = NV~ It is easy to see that
B(Ra:W(llall,)) € By +(Ra) (4.10)
Indeed, let A’ € Ry be such that
A=A, < lallz"
Then for some p € F[X]" we have by Proposition 1.6,

lall=" > llalle [|[A—A'[|,, > [[aA—aA’||, = l9A = pll. > [(GA)]

soA € BHQIFV(RQ)‘ Hence, A() C Sy. We now calculate a lower bound for the Haus-

dorff dimension of A(W).
We see, that
_on logk —[(14+™N]logk my 1
lim sup P Jog = limsup [( n) ] g :( +ﬁ) T

N—co log((kN)fvfl) Now —(V+1)Nlogk
It follows from Lemma 4.6 that the lower bound is the right one. The upper bound was
calculated in Lemma 4.3. This completes the proof. U

Remark. Theorem 4.1 implies the classical Jarnik—Besicovitch Theorem (Theorem
1.3) for L, when we let m =n = 1. This theorem was announced with a sketched
proof in [33].
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5. Badly approximable linear forms
over L

In this chapter, we will be considering a notion complementary (in a certain informal
sense) to the well-approximable linear forms, discussed in Chapter 4 — namely the set
of badly approximable linear forms.

We will first define this set and prove that it’s Haar measure is zero. Also, we will
prove some auxiliary results, regarding the geometry of numbers in L. Secondly, we
will discuss the so-called (0, 3)-games, which is the tool that allows us to calculate the
Hausdorff dimension of the set. Thirdly, we will prove that the set of badly approx-
imable linear forms has non-zero winning dimension. In the final section, we prove
that this implies that the Hausdorff dimension of the set of badly approximable linear
forms is full.

The one-dimensional analogue of the main theorem about the Hausdorff dimension
of the set of badly approximable real numbers was proved by Jarnik in [24]. The
methods used here to calculate the Hausdorff dimension were developed by Schmidt
in [55] to prove the analogous real one-dimensional result along with other results in
number theory. Subsequently, he used the method to prove the real analogue of the
main theorem of this chapter in [56]. The results of this chapter are to appear in [34].

5.1. Definitions and preliminaries

Well-approximable linear forms are the matrices that infinitely often send points in the
integer lattice in their domain to points “close” to the integer lattice in the image of the
matrices. A converse notion to this one would be the set of linear forms such that all
points in the integer lattice of the domain have images bounded away from the integer
lattice in the image, for some appropriate notion of being bounded away. In precise
terms, the set we will be interested in in this chapter is the following.

Definition 5.1. The set of matrices,

B(m,n) = {A € L™ :3K > 0,vq € F[X]", [(gA)|" > ||qK||m },

is called the set of badly approximable elements in £™",
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5. Badly approximable linear forms over L

We begin with a proof of the following consequence of Corollary 3.6:

Theorem 5.1.
u(B(m,n)) =0.

Proof. Clearly, 2(m,n) is contained in the complementary set of
S= {A € L™ [(gA)] < [|all=™"™ for infinitely many q € lF[X]m}.

Hence, it is sufficient to prove, that p(S5) = co. But this follows from Corollary 3.6,
since L™ can be written as the disjoint union of translates of I. 0]

With Theorem 5.1 in place, it is once again natural to enquire about the Hausdorff
dimension of the set B(m,n). We will prove the following:

Theorem 5.2.
dimg (B (m,n)) = mn.

The proof of this is quite lengthy, and uses a variety of different methods. One of
these is an extension of parts of the theory known as the geometry of numbers to L.
For an extensive treatment on the geometry of numbers over the reals, see [14]. The
corresponding theory over L has been extensively developed by Mahler in [42]. Here,
we provide simple proofs of the results we will need in order to obtain the Hausdorff
dimension of B(m,n).

We consider the possible integer solutions to some inequalities defined by slightly
different matrices. Namely, we define for any A € L™ the matrices

~ (A In ~ (AT 1,
A=(n ) m=(h o)
where | and I denotes the m x m and n x n identity matrices respectively. Let Al)

denote the j’th column of the matrix A. We note, that A € 8(m,n) if and only if there
exists a K > 0 such that

max ([ja-A0)

)n > K 5.1)

max <i<m (|/0])™

for any g € F[X]™" with qy,...,qm # 0.
These matrix inequalities enable us to examine the situation in terms of paral-
lelepipeds in LM, That is, sets of x € LM defined by inequalities

IxANll <ci,  Ae LM invertible, ¢; > 0,i=1,...,m+n.  (5.2)

Equivalently, we can define these sets in terms of distance functions

m+-n
xiaij
i=1

Fa(X) := max — < 1. (5.3)

1<j<m+n Cj
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5.1. Definitions and preliminaries

We define for any A > 0, the sets
Pa(A) = {x € L™": Fa(x) <A}.
Clearly, Pa(1) is the set defined by (5.2). Also, for A’ <A, Pa(A\) C Pa(A).
Definition 5.2. Let A € £MM’ We define the j’th successive minimum A of Fa as
Aj=inf{A > 0:Pa(A) contains j linearly independent ay, ...,a; € F[X]™"}.

First, we prove that if Aj is the i’th successive minimum of Fa then there exists
an aj € F[X]™™" such that Fa(aj) = Aj. Indeed, assume to the contrary that for any
€> 0, {x€ LM : Fa(X) < Aj — €} does not contain i linearly independent points from
F[X]™*", but that {x € L™ : Fa(X) < Aj} does contain such points. By the pigeon
hole principle, for any € > 0, there exists an a; € F[X]™*" such that

a € {xe L™M":\j—e <Fa(X) <Aj}.

Letting € tend to zero proves the claim.
We will need some bounds on these minima. Clearly,

Amn > 1. (5.4)

Also, we have

Lemma 5.3. For any invertible A € £(M+0)°,

}\1"‘)\m+n < 1.
Proof. Let ej € L™ i=1,...,m+n denote the i’th unit vector. There is a K > 0
such that .
max Fa(ej) < Kmmn.
1<i<m+n
Hence,

m—+n
Ao Amen < AT < [ max  Fa(ei <K.
1 m+n = Am4n > I<i<min A( |) >~

O

Lemma 5.4. Let A € £(MN be invertible and let A1, --.,Am+n denote the successive
minima of Fa and let oy,...,0m4n denote the successive minima of the function Fy
defined by

Then,
AmOn41 > 1.
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5. Badly approximable linear forms over L

Proof. We choose a;,a] € F[X]™*" such that Fa(ai) = Aj and F5 (a]) = 0j. By defini-
tion of F,
FA)FA(X') > ||[x-X||  forany x,x" € L™

Hence, for any i, j € {1,...,m+n},
Aioj > [|ai -

We will prove that ||am -, || # 0.
‘We consider the set

S={xeL™":x-aj=0,j=1,...,n+1}.

Clearly by the rank equation, this is an (m — 1)-dimensional subspace, so by the pigeon
hole principle, there is an @;, i € {1,...,m} such that a; ¢ S. Hence, for appropriate

i<m, j<n+1, we have Hai -a’jH # 0. Now, Am > Aj and Opq1 > 0j, 50
AmOny1 > )\iO'j > Hai-ajH > 0.

aj-a

>0 O

Finally, since aj, a’j € F[X]m+n,

5.2. (a,p)-games

A useful tool for proving that a set has full Hausdorff dimension is the (a, 3)-games.
We will define these in quite an abstract setting. Let Q = L™ x R™. We call Q the
space of balls in £, where w= (c,p) € Q is said to have centre ¢ and radius p. We
define the map @ from Q to the subsets of L™, assigning a closed ||||,-ball to the
abstract one defined above. That is, for w= (c,p) € Q,

Q(w) = {xe L™ : [x—c||,, <p}.

Remark. Note, that we are now considering closed balls as opposed to the preceding
chapters, where all the balls, we considered, were open. The reason for this becomes
apparent in a moment. It should not cause much confusion.

Definition 5.3. Let B;, B, € Q. We say that B; C B, if p; +d(cy,C2) < pa.
Also, we define for every y € (0,1) and B € Q:
BY={B'CB:p(B)=yp(B)}.
We can now define the following game:

Definition 5.4. LetSC L™ and leta, B € (0,1). Let Black and White be two players.
The (0, 3;S)-game is played as follows:
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52. (a,B)-games

e Black chooses a ball B; € Q.

e White chooses a ball W; € BY C Q.

e Black chooses a ball B, € W1[3 C Q.
e And so on ad infinitum.

In the end, we let Bf = @(Bi) and W;* = @(W,). If N;2; Bf = NiZ; W;* C S, then White
wins the game. Otherwise Black wins the game.

Our game can be understood in the following way: Initially, Black chooses a closed
ball with radius p;. Then, White chooses a ball inside the first one with radius ap;.
Now, Black chooses a ball inside the one chosen by White with radius Bapi, and so
on. In the end, the intersection of these balls will be non-empty by a simple corollary
of Baire’s Category Theorem. White wins the game if this intersection is a subset of
S. Otherwise Black wins.

Note that because of the somewhat counter-intuitive metric on L™", we might have
a situation where for instance (c,p) € Q and (¢, ap) € Q maps to the same ball in L™
under the map @. Therefore, we need to keep track of the formal radii throughout the
following sections. Hence the distinction between Q and the space of balls in L™,

We will first be looking at the (a,[3;S)-game from the point of view of White
player. We need to define strategies:

Definition 5.5. Let a € (0, 1) and define for any n € N:
FY={f:Q"— Q|f(By,...,By) €B}}.

A sequence ( fn)nen where fi € F is said to be a strategy. A strategy ( fy) is said to be
(a,B;S)-winning if for any set of balls By, B,,...,W|,W,,... where

BneWP | n=273,... (5.5a)
Wn: fn(Bl,...,Bn), n:1,2, (SSb)
we have that i, B, C S.

The sets of particular interest to us, are sets S such that White can always win the
(a,B;S)-game.

Definition 5.6. A set S C L is said to be (a,3)-winning if White can always win an
(a,B;S)-game, or equivalently, if there exists an (a, B;S)-winning strategy. S is said to
be a-winning if S is (a, B)-winning for any 3 € (0,1).

It is a fairly straightforward matter to see that if S is a-winning for some o and
a’ € (0,a), then S is o’-winning.
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5. Badly approximable linear forms over L

Proposition 5.5. Let SC £™ be a-winning for some a € (0,1). Leta’ € (0,a). Then
S is a’-winning.

Proof. First, let a, a’ and S be as in the statement of the proposition. Let B € (0,1) be
arbitrary and let ' = %—?. We will first prove that S is (a’, ’)-winning.

Let (hp) be an (a, 3;S)-winning strategy. We will construct an (a’, f’; S)-winning
strategy (f,). Given By,...,By € Q, we let Wy = h(By,...,Bp) and take some ball
W, € W&/® We now define a strategy by fa(B1,-..,Bn) =W,. We claim that this
strategy is (a’, B’;S)-winning.

Indeed, assume that (5.5a) and (5.5b) hold for a’ and B’. We have

i
=
>—~Q|Q

BneW?

Also, by construction
Wh = h(By,...,Bn).
Since (hp) was an (a, 3;S)-winning strategy, this implies that NjB} C S. Hence, (fp)
is (a’,B';S)-winning.
To see that this implies the proposition, note that if 3’ € (0,1) and a’ < a then
¥ € (0,1). Since S is a-winning, the above implies that S is o’-winning. O

In the light of the above proposition, we make another definition.

Definition 5.7. Let S C L™ and define S* = {a € (0,1) : S is a-winning}. The win-
ning dimension of S is defined as

0 if S* =0,

windim S = )
supS* otherwise.

Our final tool in this long series of definitions is the concept of chains. Chains are
series of legal Black moves given a White strategy.

Definition 5.8. Let (f,) be an (a,[3;S)-winning strategy. A sequence (Bj)jeny C Q is
said to be an (f,)-chain if there exists a sequence (Wj)jcw such that we have (5.5a)
and (5.5b) from Definition 5.5. An ordered set (Bj,...,Bx) C Q is said to be a finite
(fn)-chain if there exist (By.j)ien C Q such that (B;) is an ( fy)-chain.

From this point and onwards, we will not make the careful distinction between the
formal balls B = (c,p) € Q and the images of these

B*=¢(B) ={Ae L™ :[A—c|l, <p} C L™

However, we will take care to use the proper p from the formal representation in the
set notation of @B). Bearing this in mind, there is no difference between the two
representations, and we are in fact considering the formal balls.

56



5.3.  The winning dimension of B(m,n)

5.3. The winning dimension of B(m,n)

In this section, we will prove that for appropriate a,3 € (0, 1), White can always win
the (a, 3;2B(m,n))-game. In fact, we will prove:

Theorem 5.6. Let a,B € (0,1) be such that y=k~! +ap — (k' 4+ 1)a > 0 and let
m,n € N. Then, B(m,n) is (a, B)-winning.

Immediately, we have the following corollary to Theorem 5.6:

Corollary 5.7.
windim(B(m,n)) > k%

Proof. Note that
sup{a € (0,1):k +aB— (k™' +Da>0VBe (0,1)} = L.
Now, the Corollary is immediate from Theorem 5.6. |

For the rest of this section, let n,m € N be fixed and let o, 3 € (0, 1) be such that
y=k T+aB—(k '+ 1)a>0.

Now, we start the game. Black begins, so let B; be the first ball, and let p = p(B).
Furthermore, we let 0 > 0 be such that for any A € By, ||A||,, < 0. The strategy, White
will be using, depends on a constant R > Ro(m,n,a,3,p,0) > 1 to be chosen later. We

will also need constants
-G WL S

5= R—m(m+n)2 _
’ m-n )

bl

For i, j € N, we let Bx,By € L™ be balls occurring in the (a,B)-game chosen by
Black such that p(By) < R~(MNA+) and p(Bp,) < R=(MMWA™+1) We will show that
White can play in such a way that the following properties hold for i, j € N:

(a) For A € By, there are no ¢ € F[X]™" such that

0< max {|lqi]} <3R"*Y, (5.62)
A —m(A+i)-n
lg?é‘n{Hq A H} < 3R . (5.6b)

(b) For A € By, there are no g € F[X]™" such that

0< max {flar|}} < SR, (5.72)
max {Hq-ﬁ*(')”} < SFRTNVAHD)-M (5.7b)
<I<m
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5. Badly approximable linear forms over L

Such a strategy will be (a,3;2(m,n))-winning. Indeed, given a q € F[X]™" with
di,-..,0m # 0, we can find an i € N such that

SR < max {||qif|} < SR, (5.8)

TI<I<m

which immediately implies that (5.6a) holds. Hence by (5.6b),

max {Hq.Av(l’)H} > 5R—m()\+i)_n’

1<I’<n

so by (5.8),

>

{Hq K(|')) }n SM-+nR—mN(A+i)—n*+mn(A+i)—mn
max .

1<I’<n

max;<j<m{[|ai[|}"
SM+nR—n?—mn

= max;<i<m {[|an][}"
K

max;<j<m {[|q1]|}"

for any K € (0,8™"R-""-M") By (5.1), we are done.
Now, we define for any i € N:

e By to be the first ball chosen by Black with p(By,) < R=(MTM(A+),
e By, to be the first ball chosen by Black with p(Bp, ) < R~(MMA"+i),

Since A < A*, these balls occur such that By, D B, D By, 2 By, D ---. By choosing R
large enough, we can ensure that the inclusions are proper.

Since
SRM — R-m(mEn)pm(mn) ! _ pom((mn)gly) g

(5.6a) has no solutions for i = 0. Hence, White can certainly play in such a way
that the system (5.6a) and (5.6b) has no solutions in F[X]™" when A € Bk, We will
recursively construct White’s strategy in such a way that

1. Given the beginning of a game By D W; D --- D By, 2 - -+ O By, such that (5.6a)
and (5.6b) have no integer solutions for any A € By, White can play in such a
way that (5.7a) and (5.7b) have no solutions in F[X]™" for any A € By, .

2. Given the beginning of a game By D W; D --- D By, 2 --- D By, such that (5.7a)
and (5.7b) have no integer solutions for any A € By, White can play in such a
way that (5.6a) and (5.6b) have no solutions in F[X]™*" for any A € By e

Our first lemma guarantees that we need only worry about solutions to the equa-
tions in certain subspaces of LM,
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5.3.  The winning dimension of B(m,n)

Lemma5.8. LetB; DW; D --- D By, be the start of a game such that (5.6a) and (5.6b)
have no solutions in F[X]™*" for any A € By;. Let A € By, be fixed. The set

{q e F[X]™™": (5.7a) and (5.7b) hold }
contains at most m linearly independent points.

Proof. Assume that q,...,Qm+1 € F[X]™" are linearly independent points such that
(5.7a) and (5.7b) hold. Clearly,

Gullee < SR for 1 <u<m+1. (5.9)
Let Cy, be the centre of By,. For any A € By,

V| <pB) <R MMM for 1 <y<n., (5.10)

[ee]

&0

Hence, there is an A € By, such that (5.10) holds and such that (5.7b) holds for each
A*
1=1<m { i

dis---,0m+1. Now,
—~(I —~(1
Jee @)}
1<u<m+1 1<u<m+1

qU'(f:\;(I)H}S max {
1<I<m
< max {G*R*”O‘*“)*m, 5 Rm(?\*+i)Rf(m+n)()\+i)}

< & R—n()\*—}—i).

(5.11)

We define the parallelepipeds

{y € L™ max {||y|/||} < RNV ), [max {Hy-év*(l)H} < R”()‘*+i)},

<< <I<m

with the corresponding distance function F¢ and successive minima Oy,...,0Om4+n. By
(5.11), Omy1 < 8. Forn=1, (5.4) and (5.11) imply that 1 < R=(M+1)? which gives
a contradiction by choosing R large enough, so in this case we are done.

Now we assume that n > 1. Let

p* {x € L™ max {[x} <R, max {Hx-é“’)H} < Rm()‘*“)}.

1<l’<n

This set admits the distance function Fg defined in Lemma 5.4. Indeed, if we insert ¢
in the definition from Lemma 5.4 and calculate the value of the resulting function under
each of the possible assumptions of the form of Fc, when the supremum is attained,
we get for each coordinate exactly the distance function for the set P*. One needs to
take into account the specific form of C and C*.
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5. Badly approximable linear forms over L

Let Ty,...,Tm4n denote the successive minima of F¥. By Lemma 5.3 and Lemma
5.4,

_mtl
n—1

1 —1
T << (T Tne) " T < (The Tan) ™ <€ Ty
« RE(MEN2(M+1) _ sp—(m+n)? (5 1)

m-1
n—1

mtl
<L o < ()
Hence, there is a q € F[X]™"\ {0} with

max {|jqi]|} < SR™(MHNRNA"+D)

1<I<m

q -(ff;(ll)

max < SR—(MHN)?R=m(A"+)

1<l'<n ’

when we choose R large enough to absorb the implicit constant in (5.12). This gives a

contradiction, since a further modification of R yields a solution to (5.6a) and (5.6b).
O

In a completely analogous way, we can prove:

Lemma5.9. Let By DW; D --- D By, be the start of a game such that (5.7a) and (5.7b)
have no solutions in F[X]™" for any A € By,. Let A € By, be fixed. The set

{q € F[X]™": (5.6a) and (5.6b) hold}
contains at most n linearly independent points.

We will now reduce the statement that White has a strategy such that Step 1 on
page 58 is possible, to the statement that White can win a certain finite game. The
converse Step 2 is completely analogous.

Once again, we assume that By D W; O --- O By, is the beginning of a game such
that we have avoided solutions in F[X]™ ™" to all relevant inequalities so far. Now, it is
sufficient for White to avoid solutions g € F[X]™*" to (5.7a) and (5.7b) with

6*Rm()\*+ifl) < max {”ql’”} < 6*Rm()\*+i).
1<I'<n
Since all relevant g € F[X]™ are required to satisfy (5.7b), we need only consider the

situation L L
&RMN =1 < Ig||,, < & RMA ) (5.13)

for some ¢ > 0.

By Lemma 5.8, the set of q € F[X]™" satisfying (5.7a) and (5.7b) is contained in
some M-dimensional subspace for any fixed A € By.. Let {y1,...,Ym} be an orthonor-
mal basis for this space and write all g € F[X]™*" in this subspace satisfying (5.13) on
the form q =t;y; + -+ +tmym, t1, ..., tm € L. Immediately,

SR < max {|ty]|} < c8"RMN . (5.14)
1<I'<m

60



5.3.  The winning dimension of B(m,n)
White only needs to avoid solutions to the inequalities

m —~(1
> (yl’ A )>
=1

This is a matrix inequality and Cramer’s Rule (Theorem 4.4 in [39]) yields a solution
setforv=1,...,m,

max < §*RNATH)—m

1<I<m

Il 1D]] = [D] < m R )= max {[|Dyy},

1<I'<m
!
where D denotes the determinant of the matrix with entries Y -A*( ) and Dj j denotes
the (i, j)’th co-factor of this determinant. By (5.14), it is sufficient to avoid

D1 < RPN max {0y} < RV max (D]}
(5.15)

We define the following finite game:

Definition 5.9. Letyy,...,ym € L™ " be a set of orthonormal vectors. Let B C £™ be
a ball with p(B) < 1 such that for any A € B, ||A||,, < 0. Let Y, > 0 and let a, 3 be as
in the statement of Theorem 5.6. White and Black take turns according to the rules of
the game in Definition 5.4, but the game terminates when p(Bt) < pp(B). White wins
the game if

DIl > wp(B)n max {[|Di.[|}

for any A € By.

If White can win the game in Definition 5.9 for any u € (0, u*) for some appropriate
g = p*(m,n,a,B,0,P) > 0, then White can guarantee that (5.15) does not hold for
A € Bp,. To see this, let B = By, ) be the constant implicit in (5.15) and

R—(Mm+n)(A*+i)
P(B)

Choosing R large enough, this will be less than p*. Inserting in the winning condition in
Definition 5.9 proves that White has a strategy such that solutions to 5.15 are avoided.
It remains to be shown that such a U* exists. We will do this by induction.

LetAe L™ ve{l,...,m} and let (y;,...,Ym) be the orthonormal system from
Definition 5.9. Taking all possible choices of numbers, 1 <i; < --- < iy < m and

. . ) 2 .
1 <1 <---< Jy <£m, we obtain (T) matrices

h= < (ap) 'R

Vi _A‘;(Jl) i _A‘;(Jv)

(5.16)

g A A
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5. Badly approximable linear forms over L

m\ 2
For each v € {1,...,m}, we define the function My : L™ — £0)" to have as it’s
coordinates the determinants of the matrices in (5.16) in some arbitrary but fixed order.

Furthermore, define
M_;(A) =Mp(A) = 1.

For K C LM we define

o

My(K) = My (A
v(K) = max|[My(A)
We will prove the following complicated lemma.

Lemma 5.10. Let (yi,...,Ym) € L™ be an orthonormal system. Let B C L™ be a
ball, p(B) = po < 1, such that for some o > 0, ||A||, < o forany A€ B. Let >0,
and let a,B € (0,1) with k™! +aB — (k="' + 1)a > 0. Assume that 0 < v < m.

There exists a py = py(m,n,a,B,0,y) > 0 for which White can play the game in
Definition 5.9 in such a way that for the first ball Bj, with p(Bi,) < polv,

[IMyv(A) [ > WpokvMy—1(Bi,)
for any A € B;,.
Note that this immediately implies:

Corollary 5.11. Let a,B € (0,1) with k=! +ap — (k= + 1)a > 0. White can win the
game in Definition 5.9 and hence the (a, 3)-game.

Proof. Use Lemma 5.10 with v=m. O

Proof of Lemma 5.10. We will prove the lemma by induction. Clearly, the lemma
holds for v = 0. Hence, we may assume that v > 0 and that there exists a Jly_; such
that

IMy=1 (Al > WPoHv—1My—2(Bi,_,) (5.17)

for all A € B;, , for an appropriate Bj, , occurring in the game. We will prove that
White has a strategy such that the lemma holds for some appropriate Bj,. This will
require a number of lemmas.

Lemma5.12. Lete > 0 and let B’ C B;,_, be a ball, p(B") < &C;(m,n)p(Bi,_,), where
Ci(m,n) > 0 is to be fixed later. Then

[[My—1(A) =M1 (A) ||, < €Pov—1Mv—2(Bi,_,)
forany A,A’ € B'.

Proof of Lemma 5.12. Consider the norm of each coordinate of the vector on the left
hand side. These have the form
~(i1) ~(iv) e
yil - A* ! yil - A* yil A
det : : —det

yiv_A‘;(Jl) yiv_A‘;(jv)

(i) (jv)

yllA\/;

i -Aﬁ(jl) Vi .A‘,;(Jv)
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5.3.  The winning dimension of B(m,n)

Expanding the determinants by the first row, we see that by Proposition 1.6, this ex-
pression is

< Hyil' ((Av*(jl) —A’v*(“)) et (Av*(jv) —,&’V*(JV))> H My_2(Bi, ,)

.v N(JV)
(i } My_2(Bi, ;)

A — A
< 8p(Bivfl)MV—Z(Bivq) < EZpOMV—Z(Bivfl)'

< lyi Il max {

1<h<v

By an appropriate choice of C;(m,n), this completes the proof. O
Corollary 5.13. Assume that B’ C B;,_, is a ball with p(B") < %Cl(m, n)p(Bi, ,). Then,
My 1 (A)]|,, > sMy1(B)

forany A’ € B'.

Proof of Corollary 5.13. Just apply Lemma 5.12 with € = %LIJ. By induction hypo-
thesis (5.17) and this lemma, for any A,A’ € B/,

IMy—1(A) ||, > Wpokv—1My2(Bi,_,)
= 2epopy—1My-2(Bi,_,)
> 5 |[Me=1 (A) =My (A) -
Holding A fixed and maximising over A’, we obtain the result. 0]

Now, we define the simplest co-factor,

(1)

yi- AWy A

Dy(A) = det : :
—~—(1 —

Clearly, this is a function of the mv variables a;1,...,am1,---,amy. We define the dis-
crete gradient of Dy to be the vector

DV<A+611) — DV<A)

ODy(A) = eL™

Dv(A+ emr:l) —Dy(A),

where ejj € L™ denotes the vector having 1 as the ij’th coordinate and 0 elsewhere.
Hence, 0Dy (A) has at most mv non-zero coordinates.

Corollary 5.14. With € and B’ as in Lemma 5.12 and A’, A" € B/,
|ODy(A') — ODy(A") |, < Ca(m,n) [|My—1 (A') = My_1 (A")]|

for some C,(m,n).
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5. Badly approximable linear forms over L

Proof. Note, that the coordinates of [IDy(A) are linear combinations of the coordinates
of My_1(A) for any A. Indeed, if we expand the determinants at each coordinate along
the column containing emn, we obtain exactly this. Now, apply Lemma 5.12 and choose
C,(m,n) as an upper bound on the coefficients from the linear combinations. U

The discrete gradient turns out to be the key ingredient in the proof. We will need
the following lemma:

Lemma 5.15. Let B’ C B;,_, be such that

p(B’) < WC;(m,n)p(Bi, ,)- (5.18)
Let A’ € B’ be such that

[My(A)]],, < C3(n, W)WMy (B'), (5.19)
where C3(n, ) is to be chosen later. Furthermore, assume that
" -A’*( ) " -A’*(V )
dy = |[My_1(A)||,, = ||det :

(1) (v=1)

Yv—1- A" Yv—1 - A"

Then
|EDy(A)||., > Ca(m,n,0)My_;(B')

for some C4(m,n, o) > 0.

Proof of Lemma 5.15. We will consider the norm of the discrete directional derivative
in the direction of a vector Z. Discrete directional derivatives are defined in a way
analogous to the discrete gradient. That is, for f : L™" — £ and Z € L™, we define
the discrete directional derivative of f along Z to be

Oz f(A) = f(A+Z) — f(A).

For Z € L™, we consider ||[0zDy(A)||. This may be written

oAy (Y 4z —~ (1) —~(v)
yl.A/* Y A
det : : — det :
—_ — —~(1 —_
VV'A/*(I) o Y (AI*(V)—I-Z) yV'A/*( ) YV'A/*(V)

which is equal to ||(d1y; +---+dyyy) - Z|| by expanding the two determinants in the
last column. The d; are coordinates of My, , (A').
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5.3.  The winning dimension of B(m,n)

Let Z; = djy; +---+dyyy, where d{ =d; fori=1,...,v—1 and d}, = Xdy. Or-
thonormality of the y; implies,

102, Du(A)]| = = k||| = K2 [My—1 (A) || > KM, (B)?

v d’2
o

by Corollary 5.13. The second equality is true since for all i = 1,...,v— 1, we have
||di]| < ||dy||- Hence, the function Dy grows rather rapidly in the direction of Z;. Unfor-

tunately, we cannot guarantee that A/ oy + Z; is on the required form. That is, it may
not be on the form (vi,...,Vm,0,...,1,0,...,0). It needs to have this form in order to
correspond to an element Z' € L™, so further work is needed to obtain an estimate on
the discrete gradient.

We now write

CI

where y{ has zeros on the last n coordinates. This is possible because of the form of

yi =Y + A A

— (I
the A/ ! ). Since the y; are orthonormal,

n
S NilF <1, ]l <Ca(m.n,0)
=1

—~(V
for some C4(m,Nn,0) > 0. Now, let Z, = diy{ +--- +d{yJ. Certainly, A’*( : +Z, ison
the right form. Furthermore,

102,Dy(A)[| = [|(d1y1 + -+ +dvyy) - Z2|
= |[(diy1 +---+dvw) - (Z2—Z1 + Z1)||
> I(T:'\/lv—l(Kl)z — ||(d1yr +---+dw) - (Z1 = Z2)|| -

We know that
Z,-Z i(v d/A )Aﬁm
1—4= iAij :
=1 i; I
Furthermore,
—~(1 —
W yi-A A
—~(V
H(dIYI‘l‘""I‘dVYV)'A/* H: det E E
—~ (1) ~ (V)
yy - A yy- A

< [My(A)]|., < Ca(n, W)wMy_; (B)

by choice of A’
Now, ||d{]] < kMy_;(B'), so

102,Du(A)]| > K My_1 (B')2 — kv2Cs (n, W)WMy (B')*.
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5. Badly approximable linear forms over L

We now choose C3(n, ) so small that
182, Du(A)l| = Cs(n)My—1(B')?,

for some Cs(n) > 0. Since ||Z;||, < kMy_;(B’), this implies that the discrete direc-
tional derivative is large enough in this direction. But surely, the norm of the dis-
crete gradient is larger than norm of the discrete directional derivative [JzDy(A) along
any vector Z of magnitude one. Indeed, if we write a vector of magnitude one as
Z = (Z1,---,Zm+n), We see that ||zj|]| < 1 for all i. This implies that the gradient has
greater norm, because of the special form of D(A). This proves the lemma. H

With all of the above in place, we can complete the proof of Lemma 5.10. We let

y=k'+aB-(k'+Da>0, &= g%(z(mir;:’n()j) > 0.
Furthermore, we let
jy=min{i € N:i>i,_1,p(Bi) < min(3y,€)C;(m,n)p(Bi, ,)}. (5.20)
Clearly,
P(Bj,) = Cs(m,n,a,B,0,W)po (5.21)

for an appropriate constant C¢(m, n,a, 3,0, y) > 0.
By induction hypothesis and Corollary 5.14, for any A’, A" € Bj,,

|ODy(A") — ODy(A")||,, < C2(m, n)epopv—1My—2 (B, )
< {C4(m,n,0)My_(Bj,).

We now let

min {C3(n7 l-p)a %GBC6(m7 n7 a7 Ba 07 w)a %%C“-(ma n7 0)C6(m7 naaa Bv 07 LIJ)}
C7(m7n70)

IJV< ’

where C7(m,n,0) > 0 is to be chosen later. Assume that there exists an A’ € Bj, for
which the lemma does not hold. That is,

IMy(A)]|., < WpovMy—1(B},)- (5.22)

In this case, we will prove that White has a strategy which will eliminate such elements
in a finite number of moves.

By choice of jy, (5.18) holds. Since pg < 1, (5.19) holds. By rearranging the y;, we
can without loss of generality assume that the condition on the determinant in Lemma
5.15 holds. Hence,

|ODy(A)||,, > Ca(m,n,0)My_1(Bj,) (5.23)
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5.3.  The winning dimension of B(m,n)

Let D’ = OODy(A), and let d; and c; denote the centres of W; and B; respectively.
White can play in such a way that

[(ci—di)-D'[| > k(1 —a)p(Bi) || D], (5.24)

Indeed, White may certainly choose dj such that ||c; —di||,, > k' (1 —a)p(Bj). By
Proposition 1.5, we have W; C B; for such d;, so the choice is allowed. Examining each
coordinate, we see that in fact White may choose d; such that for any j € {1,...,mn},

we have Hci(j) —di(j)H >k~ 1(1—a)p(Bi). Now, for any j € {I,...,mn},

(1= )p() |||, < ||e? = oV | /], = | (& - o) !

ls -

Since this is valid for any |, it guarantees (5.24).
Also, no matter how Black plays

|(cig1 —di)-D'|| < (1= B)p(W) | D], (5.25)

since ||(Cix1 —di) - D'|| <||cix1 —dillo [|D’|| by Proposition 1.6 and since Bj.; CW,
implies that ||Ci+; —di||, < (1 —B)p(W;). Hence,

[(ciyr—ci)-D'|| > (k' (1—a)—a(1—B)) p(Bi) || D[], = yp(Bi) || D[], > O.
We choose ty € N such that ap¥ < (ap)® < ¥. Clearly,
| (ciyt, —ci)-D'|| > yo(Bi) | D', > O. (5.26)
Since furthermore p(Bj4,) < ¥p(B;), for any A € Bj,,
[(A=ci)-D'|| > [|[(A—cCity,) - D'|| + || (Cisty — i) - D'|| > ¥p(Bi) [|D'||,,.  (5:27)

White will play according to such a strategy.
A simple calculation shows that for any A € L™,

A-ODy(A) = i Dy(A).
h=1

Indeed, in calculating the inner product on the right hand side, each coordinate ajj of A
contributes with a factor that the sum of v copies of the appropriate cofactor of Dy(A)
times ajj times a sign. This is revealed by expanding the determinants in the right
column. The sign is the right one in the expansion of Dy(A), so this proves the claim.
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5. Badly approximable linear forms over L

Now, repeated use of the ultra-metric property (1.5¢) yields:
IDv(A)]| = C7(m,n,0 HDv A—cj,)]|

> C7(m,n,0) z Dv(A—cj,)

=
=Cy(m,n,o H(A cj,) - ODy(A—cj)|
> Cy(m,n,0)(||(A—cj,)-D|

— || (A—cj,) - (ODy(A—cj,) — ODy(A"))]|)
> Cy(m,n,0) (3p(Bj,) |D'||, — 20(Bj,) ¥Ca(m,n,0)My_1 (B},))
>C7 m,n, o) (¥p(Bj,)Ca(m,n,0)My_;(Bj,)
1p(Bj,)Ca(m,n,0)My—1(Bj,))
>L|JL1vpon 1(Bj,),

where C7(m,n,0) > 0 is chosen such that the first inequality holds (which is clearly
possible). This completes the proof of Lemma 5.10 and hence the proof of Theorem
5.6. O

5.4. The Hausdorff dimension of 8(m,n)

In this final section of the chapter, we will prove that if o > O then any 0-winning set in
L™ has full Hausdorff dimension. By Corollary 5.7, this will imply Theorem 5.2. To
do this, we change our viewpoint to that of Black player. We will need one additional
definition:

Definition 5.10. Let SC £™ be (a, B)-winning and let (f,) be a winning strategy. Let
(En)nen be a sequence of balls in L™ and t € N. (Ep) is said to be a t-( f)-chain if
there exists an ( fy)-chain with Ej = B(j_1)t41-

We now state a rather lengthy hypothesis, which is the basis of the following three
results:

Hypothesis 5.1. Let a,3 € (0,1). Assume that there exist t,u € N such that: Given
hi,...,h, hj € ¥ and a ball C; C L, there exist g, ... gD e FB, such that for
Céj), .. ,C(J) and DSJ), ey Dt(J) defined for j =0,...,u— 1 recursively by the relations

t+1
cV =gl (Di@l) , =2, t+1, (5.282)
ol =hi(ci.cf,....c0), i=1,....t (5.28b)

we have that Ct( _|_)1 t( +)1 = 0 for j #Kk.
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5.4. The Hausdorff dimension of 8(m,n)

Roughly speaking, this hypothesis says that if Black knows the strategy of White,
she can choose a strategy such that after t moves, the game is in one of U entirely
different states.

Lemma 5.16. Under Hypothesis 5.1, if Ey,...,E is a t-(fy)-chain, there exist pair-

wise disjoint E|50+)1,...,E|Ei_11), such that El,...,Ek,Elg'J)rl is a t-(fy)-chain for every

i=0,...,u—1.

Proof. LetBy,...,Bk_1)t+1 be an (fn)-chain with Ej = B(j_;)t;1. We define functions
hi,i=1,...,tby

hi (Cl,...,Ci) = f(k—l)t+i (Bl,...,B(k_l)t,Cl,...,Ci) .

Let C; = Ex = Bx_1)t41 and define Elgr)l = t(jju)l’ where the Ct(j_)l are the ones from
Hypothesis 5.1. These fulfil the requirements of the lemma. Indeed, the sets form a
finite (fy)-chain for each i =0,...,u— 1,, since the equations (5.28a) and (5.28b) are
fulfilled, and hence (5.5a) and (5.5b) are fulfilled. By Hypothesis 5.1, the last sets are

disjoint. U

Lemma 5.17. Under Hypothesis 5.1, there exist balls C;(i;),Cx(i1,i2),... for any
choice of ij € {0,...,u—1}, j €N, such that for each sequence (i), the corresponding
sets Cy(i1),Ca(iy,i2),... form at-(f,)-chain.

Furthermore, for any k € N, the uk balls Ci(iy,...,ix) corresponding to different
choices of (i, ..., ix) are pairwise disjoint and have radii (o).

Proof. Let C;(i;) be u disjoint balls of radius (a8)!. Obviously, these are finite ( fy)-
chains, so the next u? balls can be chosen using Lemma 5.16. In this way, we continue
to obtain the disjoint balls at each step of the t-(fy)-chain. By the construction of
Lemma 5.16, these balls will have the required radii, so they fulfil the requirements of
the lemma. U

These lemmas allows us to prove a theorem giving a lower bound on the Hausdorff
dimension of (a, )-winning sets.

Theorem 5.18. Under Hypothesis 5.1, if SC L™ is an (a, B)-winning set, then

. logu
dlmH(S) Z m.
Proof. Let A ={0,...,u—1}N and let (ij) € A. Clearly, N, Cj(i1,...,ij) = {x} =
{X(A\)} C S. We define

s*=J{xM}cs.

AeA
We define a surjective function (possibly multi-valued) f : $* — [0, 1] by

x+—>y:0,i1i2... Whel‘eX:X(il,iz,...)
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5. Badly approximable linear forms over L

where we have scaled everything by u, so that f is actually onto [0, 1]. We extend this
function to all subsets of L™ in the following way: For T C S*, let f(T) = Uyt f(X).
ForRC L™ let f(R) = f(RNS¥).

Let C = (B})|en be a cover of S with balls, where By has radius p;. Clearly, the fam-
ily C* = (BN S*)jen is a cover of S*, whence f(C*) = (f(BINS*))ieny = (f(B1))1en
is a cover of [0, 1]. Thus, the union of the sets f(Bj) has outer Lebesgue measure [l
greater than 1, so by sub-additivity

S B(T(BN) > 1. (529

Now, let

For py sufficiently small, we have that j; > 0 and p; < (ap)!l. Hence, by the Propos-
ition 1.5, By is contained in at most one ball of the form Cj, (iy,...,ij) from Lemma
5.17. But such a ball clearly maps into an interval of length u~ I, since the image of
the ball is consists of all numbers of the form 0,i; ---ij,* in base U, where * denotes
any sequence of elements in {0,...,u— 1}. Hence, [i(f(B))) < u ). By (5.29), we
have

log w _logu

< ot 5 pfef]

00 log2p
“|tloga

Now, for any such cover C of S with small enough balls, the s-length I3(() is strictly

positive for s = |t11§gggﬁ| This implies that #°7¢(S) > 0 for any € > 0, so
logu
di S)> —=—.
iy (S) 2 [tlogaf|

O

Theorem 5.18 allows us to prove that dimg(28(m,n)) = mn. First, we have a co-
rollary:

Corollary 5.19. Let B € (0,1) and let N(B) € N be such that for any ball B € Q, ¢(BP)
contains N(3) pairwise disjoint balls. Let S C £ be (a, 3)-winning. Then

. log(N(B))
dimg(S) > ———"=.
= Togap
Proof. This is just Theorem 5.18 witht = 1 and u = N(f3). O

We can now complete the proof of Theorem 5.2:
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Proof of Theorem 5.2. By Corollary 5.19, we need only estimate the number N([3)
to get a lower bound for the Hausdorff dimension. This is a simple combinatorial
problem. By scaling and translation, we note that it suffices to consider the ||-||,,-ball
B(0,1) =1m.

We choose the number i € Z such that k'~! < B < k' and consider the family of
balls B(c,B) C 1™ where ¢ € X'T'F[X]™. By choice of i and Proposition 1.5, these
are clearly disjoint. Furthermore, counting these balls we see that

_—iepymn L1
Hence, by Corollary 5.19,
mn [log B

\

dimg(B(m,n)) > >
u(B(m,n)) > [loga|+ [logB| p—o0

This completes the proof. 0]

Remark. Note, that for m = n = 1, this is an analogue of Jarnik’s Theorem (Theorem
1.4) in L. This result was announced in [33] with a sketch of the proof. The Theorem
given here is an analogue of Schmidt’s Theorem on badly approximable linear forms,
as mentioned in the beginning of this chapter.
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6. Further research problems

The results of this first part of the thesis contributes to the development of a field
previously neglected to a large extent. However, they only form a basis of a potentially
larger body of knowledge concerning metrical Diophantine approximation over L. It
is the purpose of this chapter to state problems that could form a basis for further
research in this field.

6.1. Continued fractions

In Chapter 1, we discussed among other thing the continued fractions algorithm. It
was mentioned that the algorithm works over £, and that most previous results in
Diophantine approximation over L are related to this algorithm. In Chapter 2, we
discussed another type of expansion of real elements in £, and we obtained a number
of metrical results on the coefficients of this expansion. A natural question would be:
Is it possible to obtain similar results for the coefficients of the continued fractions
expansion?

This question can be further motivated by the analogous question in the reals. In
this setting, a lot of estimates have been found, and the methods used to obtain these
results were quite similar to the ones we used in Chapter 2. Defining maps T : [0,1) —
[0,1)anda:[0,1) — N by

T(X):{{%} for x # 0, a(x):{[ﬂ for x # 0,

0 for x =10, o forx=0.

Now, the partial coefficients a, of the continued fractions expansion of any number
x € [0, 1) are easily seen to be an(x) = a(T"~!(x)). So far, so good. This also works
for I C L, where it is just an easy consequence of Artin’s algorithm (see Section 1.4).

This is where the trouble starts, because unlike the Liiroth expansions, the coef-
ficients of the continued fractions expansion are not independent and identically dis-
tributed with respect to the Lebesgue measure (or the Haar measure in the L-case).
However, in the real case, it has been shown (see for example [10]) that T is ergodic
with respect to the Gauss measure V defined by

1 1
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Birkhoff’s Ergodic Theorem (Theorem 1.3 in [10]) now allows us to derive results of
the type given in Chapter 2 for Liiroth expansions. For instance,

1 log j/log2
12+2j> '

lim (a; (x)...ai(x))"' = ﬁ <1+
i—00 =1

To derive subsequence results, one would have to use subsequence ergodic theory —
for instance by using Proposition 4 in [43]. This would impose additional restrictions
on the permissible subsequences.

In £, much less is known. In three notes ([45], [46], [47]), Paysant-Leroux and
Dubois study the Jacobi—Perron algorithm in £. This is a multidimensional analogue
of the continued fractions algorithm, and hence, results about this algorithm implies
results about the continued fractions algorithm.

Paysant-Leroux and Dubois introduce (in [47]) a dynamical system, which can be
used to calculate the partial coefficients of this algorithm. Also, they prove that there
exists a measure V for which this system is ergodic, and that this measure is absolutely
continuous with respect to the Haar measure. Hence, by the Radon—Nikodym Theorem
(Theorem 6.5.4 in [48]), it is possible to express this measure as V = [ fd for some
Borel function f. However, a closed form of f is not given, and this author has so far
been unable to find one. Finding such a function would immediately put all the tools
from ergodic theory at our disposal.

6.2. Algebraic elements

In the Chapter 4, we were examining approximation of real elements by rational ele-
ments. In particular, we were looking at the sets of real elements that were well-
approximable by rationals. Another large area of research is concerned with approx-
imating real elements with algebraic elements of degree n € N. That is, elements that
are roots in polynomials of degree n with integer coefficients.

We define the following:

An = {y € L:P(y) = 0 for some polynomial P € F[X]|[Y],degP =n}.

Here, F[X][Y] denotes the ring of polynomials in Y with coefficients from F[X]. It can
be shown that for each element a in the set A,, there exists a primitive polynomial
Pa = CcnX"+---¢1X +Cp with a as a root. Define the height H (@) of a € A, to be the
unique number
H(a) =H(Pa) := Cil| -
() = H(Pa) := max f[ci|

Let  : N — R™ be a decreasing function. We define the sets

Ka(P) ={x€ L:||x—a|| < Y(H(a)) for infinitely many a € An}.
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SprindZuk examined this set, as well as the analogous real and p-adic sets in [59]
for a special Y. He showed that for A > 1 and P(N) = N~ ("D the Haar measure
(Lebesgue measure in the real case) of % () is zero.

In Chapter 3, we proved a similar result, and proceeded to calculate the Hausdorff
dimension of the sets. This has been done in the real case by Baker and Schmidt ([5])
for the same function Y, but no result exists for L.

Also, we have results for arbitrary functions ) over the reals. In particular, if
S 1 M"P(m) < oo, Beresnevich showed ([6]) that the measure of %(Y) is zero. He
also proved that the measure is full whenever the series diverges. Jarnik calculated
the Hausdorff measure of this set in the case when n =1 ([26]), and recently Bugeaud
extended this result to arbitrary n € N ([12]). Clearly, a calculation of the Hausdorff
measure yields the Hausdorff dimension.

None of these results have analogues in L, but it seems reasonable to conjecture
that similar results hold.

6.3. Inhomogeneous linear forms

This final research proposal is somewhat more ambitious than the previous ones. In-
deed, the obvious way to start looking for a solution involves extending deep theory
from various parts of mathematics to £, which at least the present author has no idea
of how to go about, save sheer will, determination and effort.

The problem itself looks innocent enough. We have already seen that the set of
badly approximable linear forms in L™ has full Hausdorff dimension (Theorem 5.2).
How about affine forms? We first define the space of these. For any set of points
(A,b) € LM x £" we obtain an affine function g — gA+b, q € F[X]™. An affine
form is badly approximable if

liminf [[gA+b+p||2 [|g]|M > 0.
pEFX]"

qerX]"
lllle, o0

For b = 0, this is equivalent to Definition 5.1. The property is defined analogously for
the reals.

We make another definition. Let h € N. A set E € R" is said to be thick if for
any open subset W C R, dimy(W NE) = dimg(E). Clearly, this implies full Haus-
dorff dimension of E. In fact, it implies full Hausdorff dimension at any point in R".
Since thickness is defined solely in terms of Hausdorff dimension, the notion extends
naturally to Lh.

Kleinbock examined the set of badly approximable affine forms in [30], where he
proved that the set is thick. This leads to the question of whether or not the same is
true for £. The obvious way of proving this would be to extend Kleinbock’s method
to L. However, Kleinbock uses methods involving flows on real Lie groups, and the
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corresponding tools would be very difficult to extend to L. It might be possible, but it
would surely be a lot of work.
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Gaussian approximation in
ergodic theory

77






Contents

7. Introduction 81
7.1. The Central Limit Theorem and Gaussian random variables . . . . . . 82
7.2. Lacunary trigonometric series . . . . . . . . . . ... 83
7.3. Spectraltheory . . . . . . .. ... 87

7.3.1. TIrrational rotations . . . . . . . .. .. ... ... 88
7.3.2. Diophantine criteria . . . . . . . ... ..o 93
7.3.3. Gaussian randomisation . . . . . . ... ... L. 96
7.4. Tower construCtionsS . . . . . . . . . . v v v v i e 97
7.5. A general result on Rokhlintowers . . . . . ... ... ........ 99

8. Gaussian approximation 103
8.1. ApproximationinL? . . .. ... ... ... ... ... ... ... . 103
8.2. Invariance principles . . . . . . . . . ... ... ... 118

9. Weighted Gaussian approximation 123
9.1. Thedirectapproach . . . . . . .. .. .. ... ... ......... 123
9.2. Abelsummation . . . . . . . . . ... 126

10.Further research problems 131
10.1. Gaussian approximation for Z8-actions . . ... ... ... ... .. 131
10.2. Approximationin LP-norm . . . . . . ... ... 135

10.3. Non-ergodic systems . . . . . . . . . . . . o v it 136



Contents

80



7. Introduction

In this part of the thesis, we discuss Gaussian approximation in ergodic theory. We
begin with a discussion of the setting itself. An important element in the discussion
is the links between probability theory and ergodic theory. In particular, we will em-
phasise the possible uses of Gaussian random variables in ergodic theory and some of
the possible forms of the Central Limit Theorem in the setting of ergodic theory. The
aim of this discussion is to clarify the topic of this part of the thesis.

Following this preliminary discussion, we will discuss the several approaches to
Gaussian approximation in ergodic theory. We will discuss the methods in turn. Along
the way, we will also give some results obtained by these methods. In most cases, we
spare the reader a number of technical details of the proofs of the results. The full
details are given in cited papers. The only cases where we do in fact complete the
proofs are the ones where the original paper left some doubt — at least in the mind of
the present author — as to the validity of the method.

We begin with some results relating to sequences of random variables, that are
not independent, but which do fulfil the Central Limit Theorem. Namely lacunary
trigonometric series. Here, we will discuss two different approaches to the problem.
One is solely related to the Central Limit Theorem, and the other to the more general
setting of Gaussian approximation.

The first approach related directly to dynamical systems involves spectral theory.
This method forms the basis of a large number of the previous results in the field. Here,
one construct functions such that the appropriate form of the Central Limit Theorem
is fulfilled by it’s partial sums solely by considering the Fourier coefficients of the
function. This gives good control over the moments and correlations of the partial
sums, and since Fourier series are trigonometric, the results in the preceding section
can be applied to this setting. However, only a limited number of dynamical systems
may be examined in this way.

In Section 7.4, we will discuss one way of moving from the limited number of
possible systems that can be treated by the method from spectral theory to more general
systems. This construction involves the so-called Rokhlin towers, which is a classical
construction in ergodic theory.

Using Rokhlin towers, it is possible to obtain more general results than the ones
obtained solely by spectral theory. We introduce some fundamental tools in Section
7.5, which we will need in Chapter 8.
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7. Introduction

7.1. The Central Limit Theorem and Gaussian
random variables

We will begin with a brief discussion on the similarities between ergodic theory and
the theory of independent and identically distributed random variables. We state two
classical theorems from each setting.

Theorem 7.1 (Birkhoff’s Ergodic Theorem). Let (X, B,1) be a probability space, let
T : X — X be an ergodic measure preserving transformation and let f € L!(X, B, ).

m—1 '
(T I
lim ZJ_O—<):/fdu a.e.

m—co m
Theorem 7.2 (The Strong Law of Large Numbers). Let (Xj)‘};o be a sequence of
independent and identically distributed random variables on some probability space
(X, B, 1). .

g Xj
fim 21207 _ E(Xo) a.e.

m—soo m

We note that even though we do not necessarily have independence in the ergodic
case, the Strong Law of Large Numbers does indeed hold for the sequence of random
variables (foT j)‘fzo in an ergodic system for any L!-function f. This poses the nat-
ural question: Do other classical results from probability theory transfer to (ergodic)
dynamical systems?

The probabilistic theorem, we are especially interested in, is the Central Limit
Theorem. We state the following form:

Theorem 7.3 (The Central Limit Theorem). Let (XJ-)‘J?°:O be a sequence of independ-
ent and identically distributed random variables on some probability space (X, B, )
with E(Xo) =0, 0> =E(X3) < .

ZT:_()I Xj p

W — N(0,1),

where the convergence is in distribution as m tends to infinity and A(0, 1) denotes the
standard normal (Gaussian) distribution.

A related theorem is the Almost Sure Central Limit Theorem:

Theorem 7.4 (The Almost Sure Central Limit Theorem). Let (XJ-)‘J?°:l be a sequence
of independent and identically distributed random variables on some probability space
(X, B,1) with E(X;) =0, 0> = E(X?) = 1. Let Sy = X; + -+ Xm. Then

p 16 D (0.1
fogm 2, 16T 7 A0 s

where &, is the Dirac point-measure at the point z.
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7.2. Lacunary trigonometric series

Whereas the Central Limit Theorem is a theorem about the overall Gaussian be-
haviour of random variables, the Almost Sure Central Limit Theorem is about the
Gaussian behaviour of the orbits of points in the space on which the random variables
are defined.

We do not prove these theorems for random variables. It is sufficient for the pur-
poses of this thesis to make the reader aware of their existence and validity. What we
are interested in, is the analogous results in measure preserving systems.

Throughout this part of the thesis, we will denote the distribution function of the
standard normal distribution by ®(u).

A few questions are natural following Theorem 7.3. First of all, can the independ-
ence condition be weakened or omitted? This question has been extensively examined
by Philipp and Stout ([51]), who developed a method allowing them to make conclu-
sions of this form for a number of sequences of random variables in terms of Brownian
motions. The results obtained by Philipp and Stout concerns a number of specific
cases of dependent random variables for which these results hold. Another question
along the same lines would be to ask, whether or not similar results hold in dynamical
systems, and if so, what conditions are needed on the dynamical system (ergodicity,
mixing, aperiodicity etc.).

7.2. Lacunary trigonometric series

One of the first interesting papers in the context of Gaussian approximation and the
Central Limit Theorem for non-independent random variables is a paper in two parts
by Salem and Zygmund ([53], [54]). In this paper, the authors consider the particular
random variables on the unit interval T = [0, 1) which are trigonometric series:

Yk = akcos 21X + by sin21dgX, where k € N. (7.1)

Not surprisingly, some assumptions on the sequences involved are needed in order to
prove the Central Limit Theorem for these random variables. In particular, the case
that Salem and Zygmund examined was the case where the sequence (l;) is lacunary.

The partial sums of the functions in (7.1) are Fourier series, and hence they cover
quite a lot of territory. This is the reason why their theorem has been used a lot in the
subsequent work on the Central Limit Theorem in dynamical systems. We will return
to some applications of their theorem in the next section. Also, their methods are based
on calculations on Fourier series. This is in analogy with one of the methods used in
subsequent sections.

We will begin with noting that for the examination of the partial sums of random
variables on the form (7.1), it is sufficient to consider random variables that only de-
pend on cosine. Indeed,

ay cos 21X + by sin 21dX = \/aﬁ + bﬁ cos (21dx + ux)
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7. Introduction

for appropriate choice of wx. Hence, if we can we prove the Central Limit Theorem

for the random variables
Xk = ay cos 21diX (7.2)
with certain assumptions on the |y and ax, we will obtain an analogous theorem for the

Yk as defined in (7.1). Salem and Zygmund proved the following:

Theorem 7.5 (The Central Limit Theorem for Lacunary Trigonometric Series).
Let (Iy) CR" bea sequence such that 'k,—t‘ > q> 1 for some q. Let (ax) C R\ {0} be
some sequence and define for m e N

. . 1/2
Sm(x) = Y axcos2mikx, Am= (% y aﬁ) :
K=1 K=1
Suppose that Ay — o and |ay| /Am — 0 as m tends to infinity. Then
S
> 2, (0,1)
Am

Sketch of proof. First, we reduce the theorem to a simpler statement. It is sufficient to
prove that for E € B([0, 1)) with u(E) > 0,

i\ Sm(¥)
u(E)l/ AR dx —— eM/2 (7.3)
E m— oo
uniformly for a finite range of A. That is, we may assume that A = O(1). Since the
intervals generate B([0, 1)), we assume without loss of generality that E = (a,b).
Now, let N > 0 and define the function

>
[o3]

forx € (a,a+n),

n
K (X) = 1 forx € [a+n,b—n],
n — ) b—x

e forx € (b—n,b),

0 otherwise.

Letting ky = [ Ky (X)dx, we see that it is sufficient to prove
b i, Sm(x)
k;l/a Kn () Am dx — /2 (7.4)

m—-o0

uniformly, since letting N tend to zero yields (7.3).
Let fi m(X) = iAAy ag cos(21dkx) for 1 < k < m and note that since [am| /Am — 0,

| fc(X)| — 0 as m tends to infinity. Since e = (1+ Z)e22/2+o(|z|2) as z— 0, we can write
b i\ Sm(x) b m
/a Kp (x)e Am dx = /a Kn(x) [ "dx
k=1

b m i _A m izcos2 2

m
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7.2. Lacunary trigonometric series

By the various assumptions, e°() tends to one uniformly. Consider now the argument
of the exponential function in (7.5). A double angle formula gives

m ;2 2
ak a

2
—= cos”(2mikx) = 1+ z Wcos(hﬂkx) =14+&m(x).

Using Chebychev’s inequality and lacunarity of (ly),
u{x e (a,b):|&m(x)| > 0} = o(1)

for any 0 > 0. Hence, inserting the above in (7.5) we get for m — oo,

b . X b m H
/ Kn(x)e“%”dee—V/z/ Kn() [ (1+'}‘ﬂcos(2n|kx)). (7.6)
a a A

m

We write the product above as a Fourier series ¥, Cycos2Tvx. The lacunarity of (lx)
implies certain bounds on the solution to some Diophantine inequalities, which in turn
implies nice bounds on the Fourier coefficients ay. In this way, one can prove that

/ Kn (X ﬁ (1 + —cos(ZTde)) — Ky

uniformly as m — oo. Inserting in (7.6), we get (7.4). U

In later sections of this part of the thesis, we will be looking at dynamical systems,
where we approximate each partial sum with Gaussian random variables. Such a result
also exists for lacunary trigonometric series (see [51], Chapter 6). We include the result
here, since it is an early example of a method, which — albeit in a different disguise
— we will use to prove results in ergodic theory later on. Philipp and Stout prove
theorems similar to the following for the partial sums of a number of sequences of
different types of weakly dependent random variables.

Theorem 7.6 (The Gaussian Approximation Theorem for Lacunary Trigonomet-
ric Series). Let (Iy), (ax) and Ay, be as in the statement of Theorem 7.5. Let

m
S(t) =S(t,x) = 3 axcos2mkx fort € [AT, A%, ).
k=1

Assume that Ay, — o0 as m tends to infinity and that there exists a & € (0, 1] such that
am < AL-%. Then, we can refine the process S(t) on a richer probability space without
changing the distribution such that for every A < 8/32,

S(t)=X(t) <t/ as.

where X (t) is the standard Brownian motion.
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In fact, Theorem 7.6 is (almost) a generalisation of Theorem 7.5. To see this, let
Sm(t) = S(AZt) for 0 < t < 1. By Theorem 7.6,

Sm(t) — X (AZt) < ApAn2Mt!/2A,

Dividing by A and using standard facts about the standard Brownian motion, we see

that
Sm(t)

m

ZyX(t) forte]o,1].

Inserting t = 1 and using Proposition 12.4 in [11], we get the convergence claimed in
Theorem 7.5.

Note that ap, < Ak-=9 implies that |am| /Am — 0, but not vice versa. Hence Theorem
7.6 generalises Theorem 7.5 with the weaker assumption on the coefficients.

Sketch of proof of Theorem 7.6. In all the cases examined by Philipp and Stout in [51],
they use the same method. We only give a sketch of the method, since the technical
details get quite involves. Their main idea is to use the fact that under appropriate
circumstances, every element in a sequence of random variables can be written as a
martingale plus a co-boundary. In fact, one has the following easy lemma:

Lemma 7.7. Let (Xj)jen be some sequence of random variables and let (CBJ-)‘J?°:O be a
non-decreasing sequence of o-fields such that Xj is Bj-measurable for all j € N, and
By is the trivial o-field. Let

uj= kz E (Xj4x|Bj-1) for jeN
=1

and assume that

E(|E(Xj+k|Bj)|) <o forjeN. (7.7)
2
k=0

Thenforany j € N,
Xj=Yj+(Uj—Ujs1),

where {Yj, B} jen is a martingale.

Proof of Lemma 7.7. The sequence

(E(Xj+x|Bj) —E(Xj4x|Bj-1))

M s

Yj=

k=1

fulfils the requirements of the lemma. U

With the lemma in place, one splits the partial sums up into blocks Sy, = z'}"zl Xj,
where Xj = dkel; & cos(21dyx). The blocks |; may be chosen such that for large j, the
transfer function Uj of the co-boundary is small in comparison with Xj and such that
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7.3. Spectral theory

(7.7) holds, where the B; are the 0-fields generated by Xj,...,X;. With some small
errors, Lemma 7.7 implies,

M M
Xj~Yj and Spm= ) Xj~ ) Vj.
202

Hence, it suffices to prove the theorem for the partial sums of the martingale Yj. For
this, one can use Skorohkod’s Representation Theorem (Chapter 7.2 in [58]) to find
non-negative random variables Tj such that

M M
Yi=X T; a.s.,
20=x(3)

J_

E(Tj|Bj-1) =E(Y{|Bj-1) as.,
E(TP) <E(]Y|*?) forp>1,

where X is the standard Brownian motion. With these tools, it is possible to prove the
theorem. We refer to [51] for the technical details. O

7.3. Spectral theory

Having seen that theorems of the type in which we are interested exist for certain tri-
gonometric series, we will now consider a particular example of an ergodic dynamical
system. Namely the case of an irrational rotation of the circle.

For the remainder of this section, we leta € R\ Q, T=1[0,1) andlet T : T — T be
defined by x — a +x (mod 1). This defines a measure preserving system (T, B,,T),
where [l is the Lebesgue measure. Equivalently, we can map T to the unit circle in the
complex plane and consider the map T (€2™) = e2™(®*+X)_ Thijs is another description
of the same dynamical system.

We are interested in finding functions f € L?(T) such that the Central Limit The-
orem holds for the normalised partial sums Sy f/||Smf||,, where Sy = ertol foTl.
Since real functions on T are periodic functions with period 1, we may use Fourier ana-
lysis to describe these. In particular, we may assign a Fourier series to each function
in L2(T) and — under certain assumptions on the Fourier coefficients — vice versa.
Since Fourier series are trigonometric series, we may in under appropriate circum-
stances use the results in Section 7.2 to obtain similar results for irrational rotations.
A number of different approaches have been taken to this question. We discuss them
chronologically.

A general fact about partial sums of Fourier series is that it is particularly easy to
calculate their partial sums under irrational rotations. Note that the eigenfunctions of
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T are ej(x) = €™ with eigenvalues Tej = e>™/%;. Hence, if we let f be defined in
terms of it’s Fourier series,

we obtain

m-1 00 m—1 B
mf(X) == Z TJ z anEn(X) = Z an (Z e2T[IJCX) en(X)
=0 N=—o0 N=—o =0
00 1— eZTlinma
anl_ewen(x).

N=—o0

This is also a Fourier series, where the coefficients from the original series have been
scaled by certain fractions. Since the e, are orthogonal in L? (T), this implies

2

[ee]

IsnflP=S @

N=—o0

1— ezmnma

1— e2ru'na

To simplify notation, we define the functions

1— eZT[ime

Vin(8) = (7.8)

These functions are known as the spectral kernels.

7.3.1. Irrational rotations

The first Central Limit Theorem for irrational rotations was proved by Burton and
Denker in [13]. They subsequently used this theorem to deduce a general Central
Limit Theorem for aperiodic dynamical systems, but unfortunately there is a mistake
in this second proof. We will discuss this in more detail in Section 7.4.

Theorem 7.8 ([13], Theorem 1a). There exists a function f € L?(T) with E(f) =0

such that
S f

[[Sm ]

25 A(0,1). (7.9)

Proof. We follow the proof given by Burton and Denker. The strategy is to reduce the
theorem to a consequence of Theorem 7.5 by clever choice of f in terms of it’s Fourier
coefficients. We take sequences {lx} C N, g — 0, & — 0 and {ax} C R such that

agly < oo, (7.10)

M s

k=1
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VkeN:g > g —& > %. (7.11)

Let B = e?™9 By Weyl’s Equidistribution Theorem, there are infinitely many j € N
such that | 1— BJ| € (gx — &k, &) and B/ is in the first quadrant of the complex plane.
Hence, we may choose a lacunary sequence of integers (ji) such that these two prop-
erties hold. We split the sequence up into consecutive blocks Ji of size |y and define a
sequence (bj) by

b — ag for jeJcor —j€ J,
1 0 otherwise,

and a function f € L?(T) by

f(x) = Z b,e2N — i 2bp cos(21X).

Nn=—oo

By (7.10), f is indeed in L2.
As in the beginning of this section, we obtain

ISt = 3 267 Vin(ne)” = 5 285 5 [Vs(ner)
n=1 n=1 j€dn

Now, let j € Jy and m € N be such that me, < 1. We have the following inequality:
0 <m(1—megy) < [Vin(na)| < m. (7.12)

Indeed, the last inequality follows since

m—1

5,0 <

1—pm
=

by the triangle inequality. The first inequality is most easily explained by a picture.
The denominator of the fraction is strictly less than €,, so since mgy < 1, the fraction
is strictly greater than m ‘1 - ij| Since B! is in the first quadrant, [31| < & and
me, < 1, BI™ does not go full circle. In fact, we have the situation of Figure 7.1 on the
following page. Note, that we must have I, > (1 —mg,). Hence the inequality.

Note that 4 ‘ 1—p! |_2 > [Vin(ja)|?. Letting L(n) = 2a2l,, we obtain by (7.12),

L(no)m?(1 —men,) < [[Smf[> < 5 16L(n)e;” +m’L(ng) +m*> § L(n), (7.13)

n<ngp n>ngp

for any np and any m with me,, < 1. We can choose the function L(n) freely, as long
as (7.10) remains valid. Hence, we choose L(n) = 2~ where y € (0,2) is arbitrary.
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phi
[31'

I <é&n

I, >1—me,

B

Figure 7.1.: Rotation of Bj (dashed lines are straight).

2 2 2
Now, we take the set Ng = {2" : n € N} and the numbers €, = 27" " and m = 2",
where ng is chosen so large that

m~Ym2(1 —27") < ||Sm f||*

S 4 Z (zfynz) (22n2+2n> +m2—y+m2 Z 2—yn2

n<np n>nop

<8 (2(2—\/)(”0—1)2) +m2Y 4 2m22 Yo+ 1)?

This is possible by (7.13). Hence, ||Sp f ||2 ~ m27Y, and Sif is well approximated in
L2(T) by the Fourier series restricted to block Jy, for m = 2, as is seen by calculating

the L2-distance between the two. Hence,

Smf’\’ano Z Vm(Ja)eJ
[11€n,

2 —
when m = 2" — co. For any € > 0, we may choose ng so large that €, < € for any
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n > ng. Hence, with arbitrarily small L2-error,
Vim(ja)e;j(X) +Vm(—jo)e_j(x)

_1pm
el

1 —pim
L_'e—j
1—pi

ej(x) + (X) ~ Cp, cos(21TjX) + Do sin(211jX),

. . 2
where Cy,, and Dy, depend on €&,,. Normalising, we see that for m = 2,

Smf 1

ISmfll Angy/ng 45,

Ch, cos(211jx) + Dy sin(211jx),

where Ap, = %, /C,%0 + D%O. Since we are still free to choose Ip,, Theorem 7.5 (and the
remarks preceding it) implies that the theorem holds along the sequence Ny.
We will now extend the theorem to all of N. For large m, we define the number

No = sup{n : 2”2 < m}. The variance of Sy f is concentrated on the blocks Jn, and
Jn,+1. Hence,

Smf 1 bt
ISnfll ~ Tomfl

2ay Z Vm(ja) cos(21jx), (7.14a)
|71€3n

and

8ng Y |jledn, Ym(J0)€] +ano11 3 jledy o Vm(JO)E;

2 SENTE
Za%O 2 j€dn, Vm(jo)| +2aﬁ0+1 ZjeJnOH Vim(jo)]

(7.14b)

have the same limit distribution as m — co. By the argument used above to obtain the

.. 2 2
Central Limit Theorem along a subsequence, we see that for 2" <m < 2(n+1) , the
expression

ALl (an Y Vm(jo)ej+ani Y Vm(J'O()ej>
i

j|€n [11€In41

tends to d(u). For 2(=1) < m < 2" the expression

Ay (an—l > Vm(ja)ej+an H Vm(jo‘)ej>
[11€n-1 [/l€n
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also tends to ®(u), where
= (ar% Z (2%Re (Vm(J'O()))2+(23m(Vm(J'0()))2>
2 j€dn
Fansy 3 (2e (Vn(ja)))* + (29m (Vi J00))’
J€dn+1

= 2a; Z Vin(j&)|* + 2874 Z Vin(jar)
j€dn i€t

and ®(u) is the standard normal distribution. This completes the proof. U

In fact, if we define the set

CLT(o(m)) = { f € L*(T) : Theorem 7.8 holds for f, ||Smf|| < a(m)},  (7.15)
the proof of Theorem 7.8 implies the following corollary:
Corollary 7.9. For any y € (0,2), CLT(m™Y) is dense in L2(T).

Proof. By (7.13) and choice of L(n), it is clearly possible to choose elements in
CLT(n™Y) for each value of y € (0,2). A closer examination on our freedom of choice
of the Fourier coefficients and Parseval’s equality shows, that one such element exists
arbitrarily close to any g € L (T). This completes the proof. 0]

Kato made the definition of the set CLT(o(m)) in [28], where he also proved the
following:

Theorem 7.10. Lety > 0. CLT(m?(logm)~Y) is dense in L?(T).

In the beginning of his proof, Kato defines series (lx) C N and (ax) C R, where
(Ig) is lacunary and ay = ——L___ Kato’s proof consists of splitting the partial sums up

) k(1+v)/2
into three,

m—1
Smf(x):ZTJf(x)z > anViy(poer,(x)
=0

In|<ng(m)

+mo S ae,()+ Yy an(Vi,(pa) —m)ey, (x),
[n|>ng(m) [n|>ng(m)

where no(m) = min{n > 0: {na} < W}. Now, he divides by ||Sm || and ob-

tains three summands of the normalised partial sums, 21, 2, and 23. Using classical
estimates, he proves that 2; and X3 converges to zero in probability as m tends to
infinity. For the last summand, Theorem 7.5 applies.
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In fact, the estimates made on the three summands are not obtained quite as easily
as the above might suggest. Rather intricate arguments from spectral theory are used
along with some classical estimates on the V;(8). The details are omitted, but the result
deserves mention here.

To obtain density of the set, one notes that the estimates in the proof of the partic-
ular case only depends on Fourier coefficients corresponding to arbitrarily small sets
having given values. Thus, the density is obtained.

We will not go further into the method of dividing the partial sums up into blocks
at this point. There will be plenty of block-dividing arguments in what follows.

7.3.2. Diophantine criteria

The above result by Burton and Denker was subsequently generalised by Lacey (see
[38]). Lacey proved a very beautiful result, connecting Diophantine approximation and
Gaussian approximation. He showed that the modulus of continuity of a function, such
that the Central Limit Theorem holds for it’s partial sums under an irrational rotation
of the circle, depends on the Diophantine type of the rotation number o € R\ Q. We
make some definitions.

Definition 7.1. Let a € R\ Q. The Diophantine type B of a is defined to be
B= inf{b >0: ‘O( — g‘ > quflfb for any p,q € Z for some Cp, > 0}

Relating this to the material in Part I, we note that the Diophantine type of an
irrational number is a measure of how badly approximable the number is. In particular,
we see that if B > 1, then A is badly approximable (the real one-dimensional analogue
of Definition 5.1).

Definition 7.2. Let f : T — R be continuous and 0 < a < 1. We say that f € lip(a) if
()= f(y)| <Clx—y/*
for some constant C.

Lacey proved the following theorem:

Theorem 7.11. Let a be of Diophantine type B. If a < 2_18 there is an f € lip(a),

Smf D
TR AL(0,1). (7.16)

If a > 55 there does not exist an f € lip(a) such that (7.16) holds.
Remark. In fact, Lacey proved a stronger result (Theorem 1.4 in [38]), involving the
convergence of the partial sums (in appropriate normalisation) to a standard fractional
Brownian motion. For simplicity, we stay with the above form of the Central Limit

Theorem.

93



7. Introduction

Lacey needed a few auxiliary results in order to prove Theorem 7.11. We give these
here. First of all, equation (1.2) from our sketch of the proof of Dirichlet’s Theorem
(Theorem 1.1) along with Definition 7.1 immediately implies:

Proposition 7.12. Let a be irrational of Diophantine type [3 and define the sequence
dn = |0Qn — Pn|. Then for any € > 0 we have for large n, that d,, > 1/qﬁ+8, and there
exists an infinite subsequence (nj) such that d,; < l/qﬁj’s.

As in the previous section, we will be looking at a function defined as a cosine
series with Fourier coefficients a,. This time, we also include a sequence (ry) of
Rademacher functions in the series:

f(x) = i 28T cos(2TKX). (7.17)
k=1

For such functions, we have (see [27], Theorem 3, page 68):
Theorem 7.13. If there exists an a, 0 < a < 1 such that

) 1/2 N
Sj:( > ak> =0(27¥)
2l <k<2it!

then f € lip(a) almost surely.
With the tools in place, we embark on a sketch of the proof of Theorem 7.11.

Sketch of the proof of Theorem 7.11. We prove the negative part in detail. Let a > 2LB
and assume that f € lip(a) is such that for any u > 0,

Smf
vm
where @ # 0 is some non-trivial distribution function. We wish to arrive at a contradic-
tion. Let € > 0 be arbitrary and take by Proposition 7.12 a subsequence (nj) C N such
that |[{gn0}| =dn < quB+8. Using this and the fact that f € lip(a), we get

p{xe']l‘: >u}—>(p(u),

an; —1
S, 100 =284, 100] < 5 11 (x -+ jo) — 1 (x+ o)
=0

O, —1
< Y Crl{ana}f <Cran P
1=0

for any i € N and any X € T. Now choose € so small that a( —¢€) > % Then for some
¢ > 0, the above implies

Vi /O

San 100 San f00] (o
I n -
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7.3. Spectral theory

Since Qp, tends to infinity with i, this implies

Sqn f(X) Sagy f(X)
Qu)=lim|KXeT: 2———|>2Uu,|<lim|{xeT:|———|>u
|—0 ni |—00 ,/qni
Sagy, F(X)
<li >3 =0(3).
< fim {XGT |2 (| T

Since @is a distribution function, it is a non-increasing function, which tends to 0 as u
tends to infinity. This implies the negative half.

For the positive half of the theorem, we need the second and fourth moment of the
partial sums. Using tools from random measures — in particular using Gaussian white
noise — Lacey proves that we can choose the Fourier coefficients ax in (7.17) such
that for some & > 0,

||smf||2=m+o(m1—5), (7.18)

mE((Snf)*) =0 (m~). (7.19)

The construction also ensures that f € lip(a) by Theorem 7.13.
With these estimates, we may reduce Theorem 7.11 to a consequence of a slightly
adapted version of Theorem 6.4 in [64]. We see that

Smf(x) 2aVm(ka)
It is enough to prove that this converges in distribution to a standard normal distribu-

tion. This would follow from the before mentioned adapted theorem, if we can prove
that %Zk arzn,k ~Tland ymn Yk a?n,k < . We see by (7.18),

(o]
= Z am krkcos(2Tkx) where amx =
k=1

ad 12 4a2 Vm(ka) > [|Sm(F)]1? -
» _ 1 k [Vm _ |[Sm _ 5
k;am’n_zk; m oo _1+O(m )

We will now prove that S Sk a?n,k < c0. To do this, let 8 = [6] for some arbitrary
0> 1. We split N up into blocks |j = (6j,0j_1]. By (7.19), along this sequence we get

;ZagmgK;ej—ﬁgK; (%)J@o

Hence, we have the required property along the subsequence (8j). We now control the
oscillations of S, f on each block Ij. By (7.18),

ISmf —Se, f]|> = O((6— 1)/8)),

so letting © — 1, we get the required convergence. This concludes our sketch. 0]

N =
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7. Introduction

7.3.3. Gaussian randomisation

Another method for proving theorems of the Central Limit Theorem type involving
spectral theory was introduced by Weber in [62] and [63] to prove the Almost Sure
Central Limit Theorem for irrational rotations. We have so far mainly been interested
in the Central Limit Theorem, and it would appear that Weber’s method could also
work for this theorem. Also, in none of the partial methods, ergodicity is required, so
it might be possible to use this method to treat non-ergodic system. Hence, we include
it in this survey.
We state Weber’s Almost Sure Central Limit Theorem.

Theorem 7.14. There exists a sequence (aj) such that g < y/jand an f € L2(T) such

that
1 1‘5 ot —— N(0,1) a
logm JZIJ {Sjf/oj} M—s00 ( ) ) .S.

Note the resemblance with Theorem 7.4. The main difference is that the norm-
alising factor is only approximately /] and not necessarily equal to /. This is the
result of a limitation of the method of proof, which implies that we can not obtain an
exact value for the variance of the partial sums. In the following, we sketch the method
used by Weber.

The method of proof is based on two principles. One is the almost sure convergence
of certain series over a quasi-orthogonal system. The other is the concept of Gaussian
randomisation.

A sequence of vectors (f,) € L?(T) (or indeed any Hilbert space) is said to be a
quasi-orthogonal system if the quadratic form $ (fj, f)Xjx¢ is bounded, where (-,-)
denotes the inner product in L?(T). It can be shown that if sup i>12k |(fj, fi)| < oo,
then the sequence (f,) is a quasi-orthogonal system. Also, one can show that for any
quasi-orthogonal system ( f,),

> 1

——fi<o as. (7.20)
2, Villogn)?
whenever b > 3/2. In fact, this is a corollary of a theorem due to Menchov and
Rademacher (see [44], Lemma 1, page 42).

The second element of the proof is the Gaussian randomisation. We fix some
number A > 0 and construct a function f = 3 ayej, in terms of it’s Fourier expansion,
where

A2 fork <O,
a=+¢0 fork =0,
A2 fork >0,

and Iy is such that {l,a} € [A=*=1 A=K). As before, we can calculate the variance of
the partial sums and — again using the orthonormality of the e, — we get an upper
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7.4. Tower constructions

bound on the correlation of the partial sums. In fact, with the aid of some classical
estimates on the V(0),

ISmfl|* <N, ¥n<m:|(Spf,Smf)| <C(A)nlog (D). (7.21)

We will include a random element in the definition of our function. Hence, let
(Y, C,V) be another probability space, and let (gn)nez and (gp)nez be two isonormal,
independent sequences on this space. Let yn = g, + ig}, and define

00

)= 5 ade (Ve (x).

k:700

For each x € T, these are random variables on (Y, C,V), and for any X € T, m,n € N,

(Sn (€(x)),Sm (&(x))) = (Snf,Sm ). (7.22)

Calculating the characteristic function of Sy (X, w) in the product probability space
(TxY,B® C,)x V), we see that this is a centred Gaussian sequence. We may use a
nice property of Gaussian vectors in R? along with the estimates (7.21) and (7.22) to
construct an appropriate quasi-orthogonal system, which gives an almost sure conver-
gence statement by (7.20). This all takes place in the extension (T X Y, BQ C,lL X V).
Using Fubini’s Theorem, one may deduce that we also have an almost sure conver-
gence in the factor (T, B,[) for v-almost all functions in an appropriate subset of
L2 (T). Using Kronecker’s Lemma ([11], Lemma 3.28), one concludes that the the-
orem in fact holds for a large number of functions.

7.4. Tower constructions

Irrational rotations of the circle are interesting in their own right, but they hardly make
up the whole spectrum of ergodic dynamical systems. Hence, it is a natural question
to ask, whether or not the results in Section 7.3 extend to other types of dynamical
systems. It turns out that under appropriate circumstances, some of the results do
indeed extend to other dynamical systems. A method of passing from rotations to
general ergodic, aperiodic systems is by using Rokhlin towers.

A first attempt to prove a Central Limit Theorem for general aperiodic dynamical
systems was due to Burton and Denker ([13]), who emulated the behaviour of rotations
by constructing a Rokhlin tower inside the new dynamical system. Unfortunately, their
proof was flawed. It was later corrected by de la Rue, Ladouceur, PeSkir and Weber in
[15]. The theorem stated in both articles is the following:

Theorem 7.15. Let (X, B, ) be a non-atomic probability space and let T : X — X be
an aperiodic automorphism. There exists a function f € L2(p) with E( f) = 0 such that

Smf D
onb o Doa0,1).
I
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7. Introduction

A key element in all known proofs of Central Limit Theorems in general measure
preserving systems is Rokhlin’s Lemma:

Lemma 7.16 (Rokhlin’s Lemma ([50], Lemma 4.7)). Let (X, B,u) be a non-atomic
probability space, let T : X — X be an ergodic measure preserving transformation and
let € > 0, n € N. There exists a set A € B such that

1. The sets {T' A are pairwise disjoint.

u(gT‘A> :zu(T‘A) >1-—¢.

The set A is called an (n,€)-Rokhlin set.

2.

This lemma allows us to trace large parts of the orbits of a substantial subset of
points in X. This in turn allows us to emulate the behaviour of irrational rotation,
where this information is implied in the bounds on the Fourier coefficients.

The method of using Rokhlin sets to deduce the Central Limit Theorem was first
used by Burton and Denker in [13] to generalise Theorem 7.8 to arbitrary systems. The
fundamental property needed in order to obtain the general theorem was the existence
of functions g' : E — {-1,1},i=0,...,N—1, where E is an (LN, €)-Rokhlin set for
some L,N € N, such that the sequence (gzn)si %)_1 as well as the sequence (gzn“)r':l i %_1
each consists of independent and identically distributed random variables with respect
to the measure W(E) ™! tr(l,E), where tr(4,E)(A) = H(ANE). Also, one needs the
property that

M(E) (W E) {x e X : g'(x) = +1} :% fori=0,...,N—1.

Burton and Denker made a mistake in their proof of the existence of such func-
tions. This mistake was corrected by de la Rue, Ladouceur, PeSkir and Weber in [15].
They still needed the sequences of functions. In their paper, the construction is based
on choosing independent partitions of the space (X, B, ). We will not go into this con-
struction at this point, since independent partitions will be constructed in abundance
in the next section. Instead, we will focus on the application of these functions in the
construction of functions for which the Central Limit Theorem holds.

One defines the function

() = 9|(TJN+I(X)) forXETJN+IWherejE{O,...,L—l},IE{O,...,N—l},
g(X) = 0 for x ¢ UNS I T!(F).

The information we have on the Rokhlin construction along with the definition of the
g' gives us quite a lot of information about the distribution of the values of the first
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7.5. A general result on Rokhlin towers

iterates of the function. In particular, we can get nice bounds on the variance of the
partial sums. In fact, if K(e+L~!) — 0 as K,L — o, € — 0,

(1=3)m< ||ISmf]|* < (1+38)m for ] <m<K,
(1=3)K < [|Smf||* < (1+d)K forK <m<N-—K,

when & — 0. Also, we obtain nice independence properties of the partial sums.

Now, by a particularly clever choice of sequences (Nk), (Lk), (Kk) and (&), we may
use the above to construct a sequence (g) of functions of the above form. Furthermore,
we may choose a sequence of reals (ax) and integers (ng) — again in a particularly
clever way — and define

0
2 2
f = z akgk7 fk = ankgnk + ank+19nk+1 and Ak = Knk ‘ank‘ + k ‘ank—t-l‘ .
k=1

One can prove that the partial sums of f are well approximated in L?(l) by the partial
sums of fy as k tends to infinity. This is similar to the last part of the proof of Theorem
7.8, with the gk replacing the cosines. Furthermore, the estimates on the variance
implies the theorem.

This was a short sketch of the ideas involved in extending the theorems known
from irrational rotations to general ergodic, aperiodic dynamical systems. The full
details of the constructions involved are quite lengthy and the detail given here is far
from complete. We refer the reader to [15] for a detailed account. In that paper, a few
results extending Theorem 7.15 are also given.

7.5. A general result on Rokhlin towers

In [61], Volny proved a surprising result on Gaussian approximation in general aperi-
odic dynamical systems. His construction involved the Rokhlin sets introduced in the
preceding section along with a construction similar to the one used in the proof of
Theorem 7.6. We prove Volny’s general result on Rokhlin towers in this section. The
proof of this result given in [61] is essentially a sketch. In a subsequent private com-
munication between this author, M. Weber and D. Volny ([60]), the ideas of the proof
became more apparent. The aim of the present exposition of the proof is to present it
in a consistent manner.

A key property in Volny’s proof is the fact that we can introduce the beginning of
any strictly stationary sequence of random variables with arbitrary distribution on the
probability space in our aperiodic dynamical systems along with a function for which
the iterates are close (in L?) to the random variables. In fact, we have:
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Proposition 7.17. Let (Q,B,y,T) be an ergodic, aperiodic measure preserving sys-
tem, (Xj)icz be an ergodic, strictly stationary process (defined on a different probabil-
ity space), let &, = {Aj,...,Ak} be a partition of Q, n € N, and let € > 0. Then, there
exist a measurable finite valued function f such that:

1. There exists a random vector (X{,...,X}) distributed as (Xo, ..., Xn) on Q,

W0 <i<n|foT =X/|>€} <e (7.23)

2. The partition n generated by f,foT,...,foT" is e-independent of &; in the
sense that
[U(A) —H(AIB)| <E. (7.24)
Aen;,B€&;,1(B)>0

Proof. To begin with, we impose the assumption, that the Xj be finitely valued. We
will see later that this causes no loss of generality.

Let (Q,C,V,S) be a representation of the process (X;). It poses no problem to
choose this representation in such a way that there exist S-invariant, independent O-
algebras !, C" C C, such that the corresponding factors are aperiodic and such that X
is C"-measurable. Indeed, take the product space of a representation with any other
measure preserving system with Z-action and extend (Q, C,S) and v accordingly.

Now, we use Rokhlin’s Lemma to chop things up in a nice and orderly fashion. Let
N € N be some number to be fixed at a later point and let F, TF,..., TNF be a Rokhlin
tower in Q. Further, we let E, SE, ..., SNE be a (’-measurable Rokhlin tower in Q with
U(F) = Vv(E) and let T and T, denote the partitions generated by F,TF,..., TNF and
E,SE,...,SNE respectively. Clearly, these two partitions are identically distributed.

We now choose a family of measure preserving bijections,

@¢:T'F—SE, ie{0,...,N}.
For the exceptional set, we choose another measure preserving bijection,
N . N -
¢ X\[JT'F=X"\JSE.
i=0 i=0

We combine the whole thing to a measure preserving bijection which maps 11 to Th,

ox) = @(x) forxeT'Fie{0,...,N},
"~ | @(x) otherwise.

We map the partition & to Q through this function, that is, &, = @(&1).

Now, let N, be the partition of Q generated by X,SX,...,S". We map this partition
to Q. Thatis, Ny = @' (n,). Since (' is independent of C”, the partition T V &, is
independent of n,. Hence, N is independent of T4 V &;.
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Since all the functions we are interested in are constant on each cell of the partition,
we may define the function

X(@(x)) forxeT'F,ie{0,1,...,N}
f(x) = .
0 otherwise

and the random variables _

X{(x) = S'(X((x)))
The random variables are clearly distributed as the X, as everything is constant on each
cell.

Now, we can get the results. For X € U!\‘:_On TiE , there 1s full control of the future of
x for the next n steps of the process. Furthermore, by definition, the value of T'o f(X)
is the same as the value of X/(x) for such x. Hence, we have the first property when
we choose N so large that u(UE\':_O”TiF) > 1 —¢&. We also see that any dependence
between the partitions defined in the statement of property 2 must occur outside of this
set. Hence, this guarantees the second property as well.

A note missing in Volny’s original paper is that he can indeed pass from consid-
ering finitely valued random variables to any random variable. This turns out to be
possible, since we can approach any random variable with finitely valued random vari-
ables. This means that we can get a sequence of refinements of partitions of each of our
two spaces in such a way that they have the same distributions at each step, and such
that the step-functions are constant on each cell in the representation space, where the
functions converge to the required random variable. Hence, there is no choice for the
mirrored step-functions in the aperiodic system but to converge to a random variable
of the same distribution. U

We note, that this proposition implies Proposition 2 in [61] by applying the previ-
ous Proposition for each k € N:

Proposition 7.18. Let ny be positive integers, (Xi)icz be ergodic, strictly stationary
processes (defined on different probability spaces), ex > 0,k = 1,2,.... Then there
exist measurable finite valued functions fy such that:

1. Foreveryk=1,2,... there exists a random vector (Xli’o, ey Xé,nk) with the same
distribution as (X0, ..., Xkn,) ON Q,

u{30 <i<ng|fcoT' —Xi;| > &} < &

2. The partition & generated by f; oth0<i< nj,1 <j<k-—1, and n generated
by fcoT',0 <i < ng, are e-independent in the sense that

IU(A) —(AB)| < &
Aen,Bee,u(B)>0
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A straightforward application of this Proposition gives us Proposition 1 in [61]:

Proposition 7.19. Let (&)ien € R, (0i)ien € R and (di)iexw € N. Then there exist

(fien € L2(Q,4, ), Efi = 0 for any i € N; and independent random variables Xy j,

i=0,...,2dk, k € N where any given Xy j is N (0, aﬁ)-distributed, such that
VKkeN,i=0,...,2d¢: || Xci—ToT!|| < & (7.25)

In the following chapter, we will go through the details of Volny’s proof of some
theorems in Gaussian approximation.
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In this section, we prove some of Volny’s results in Gaussian approximation. Volny’s
results are the basis of the results of the next chapter, where we use these results to
obtain results in weighted Gaussian approximation.

In the first section, we prove results on Gaussian approximation in L2. We begin
by proving the existence of a function for which the n’th partial sum is close to the
sum of independent random variables, where the variables are dependent on n. This
is the essence of Lemma 8.6 below. To obtain the correct distribution of the random
variables, we simply normalise these appropriately, and prove that the non-normalised
random variables are asymptotically close to the normalised ones. To also get rid of
the dependence on n of the random variables, we consider the asymptotic behaviour
of the triangular array of random variables when we move towards the diagonal. This
has an impact on the speed of convergence obtained.

In the second section, we prove that the partial sums of the function found in the
preceding section also satisfy the strong invariance principle. In Volny’s paper there is
also a proof of the weak invariance principle. While we do mention this result, we do
not prove it, since this would involve additional technique, and since the result is not
generalised in the subsequent chapter, where the additional methods fail to work.

8.1. Approximation in L?

In this section, we will prove the following theorem:

Theorem 8.1. Let (X, B, 1) be a non-atomic probability space. Let T : X — X be an er-
godic, aperiodic automorphism. There exist a function f € L(X, B, ) and independ-
ent random variables Zj ~ A’(0,2(loglog3 — loglog2)), such that for n sufficiently
large,

1

max ——

-1
Sif—Y Zj
1<i<n /n || JZO )

We follow Volny’s general approach from [61], but since we do not aim to ob-
tain the weak invariance principle simultaneously with Theorem 8.1, we avoid some
technicalities. We do go into other technicalities somewhat deeper that the original
proof.

_0 loglogloglogn 1/2
B logn '
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It is worth noting that a version of the Central Limit Theorem follows from The-
orem 8.1, just as a version followed from Theorem 7.6. Hence, Volny’s Theorem is
a generalisation of the Central Limit Theorem for aperiodic dynamical systems (for
example in the form of Theorem 7.15).

A converse of Volny’s Theorem due to Akcoglu, Baxter, Ha and Jones exists ([3]).
In their paper, they prove that given an aperiodic, non-atomic measure preserving sys-
tem (X,B,l,T), an L2-function f and a natural number K, one can find another L2-
function g, such that the Tig are “almost” Gaussian and such that the correlations
(Tig,T1g) are “close to” the correlations (T'f, TIf) for i, j € {1,...,K}. For the ap-
propriate definitions of closeness as well as the full results, the reader is referred to
[3].

As in Volny’s proof, we define numbers
1
pvk’

and take functions f,’s and random variables Xy i’s as in Proposition 7.19. Again, we
follow Volny and define functions

dx = 3k, Pk = 2k, o = & = 6_3k,

p—1 - d p—1 -
fk - T fk - T k T fk7

00

f=9 f.
2"

We will split the function up into three parts,

f:fl+fll+fIII: fk+ Z fk+ z fk'
k:de<n k:pr<n<dy k:n<py

We are considering the partial sums of f, defined by
-1
Sjf= T'f.
Clearly, the operator Sj is linear, so
Sjf =S;f' +S;f"+S;f".

The three partial sums are treated separately. In order to estimate the sums, we need
an auxiliary lemma.

Lemma8.2. Leta> 1, p> 0andc > 0. There exists a K < o such that

o=

ak n

— < K—ekF—.
k:aggn kP (% log n) P

104



8.1. Approximation in L2

Proof. The proof is a straightforward calculation:

1 1
k [E loga ] [E logan] ak

— < a+ 4
k:aggn kP kZl z (% log, n)P

k=[5 logan]+1

a1—I—[2—lclogan] 1 al—l—[%logan] 1 1

- a—1 * a—1 (% logan)P
a(n'/9)1/2_1 anl/c—1 1

= a—1 a—1 (5logan)P
<K ne

T (5clogn)P

We can now estimate the first weighted sum.

Lemma8.3. Letne N. Forany j € {0,...,n},

1/2
e _of "
R

Proof. For any k € N, we define the function
de—lpe—1
Ok = Z) THIT,. (8.1)
We immediately note that fy = gx — T gk. That is, fy is a co-boundary. Hence,
-1 -1 _
Siff'=3 T ; 9-Tg)=) ; (Tlgk—T|+1gk): w—T" > g
I=0 k:dg<n 1=0 k:dx<n k:dx<n k:dx<n

Using the triangle inequality and the fact that T is measure preserving, the above im-

plies
Sif'|| < okl — okl < k|| -
(Sl k:%ﬁnn k| k%nﬂ Kl k%nﬂ Kl

Hence, it suffices to consider the last sum.
We define new functions,

de—1 pk—1

Ok = JZO i;) Xii+j» Ok = Ok — Gk- (8.2)
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We consider i first. By the triangle inequality and Proposition 7.19, we have

Oe—1p—1 dk—1 px—1 dk—1px—1

_ I+JF Lo
Gkl = Z) Z)T - > %Xk,lﬂ
Since

[logzn]
k~k 3k
dkpx&k = 3%2%6 Z ok <1,
k:dx<n k:dx<n

we only need to consider the sum of the §.
We know that the Xy i j are independent. Hence, since py < dy,

de—1 p—1
Z ZXkH—J
]=0 i=0

by choice of sequences. But now we may use Lemma 8.2 to obtain

et e (3k+29172
2 lai< 5 Y
<n <n k:3

di + Pk
k

< agpe(pk+dk) =

This completes the proof.
We now consider the third weighted sum:

Lemma 8.4. Letn € N. Forany j € {0,...,n},

s =o (i)
J logn ’

Proof. We need a new splitting of the sums. In fact, since

ij/”:Sj( z fk>: z Sjf,
k:n<pk k:n<pk

we will look at the Sj fy. For these,

pk—1 j=Tpe—1

<> Z) [T — X ]| < dpiex.
j=0 i=

(8.3)

S fk:ng' (pZIT‘Tk—Tdk % T‘Tk> =3 % T+ (Tk—Tdka).
=) i= i= ==

As in the proof of Lemma 8.3, we define

Cpee ) )
Z 2 (Xigt4i — Xih+itde) > Skj = Sjfc — Sk, j-
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We may calculate an upper bound on the norm of S~k, j using Proposition 7.19 and the
triangle inequality:

Sall=) 35 (1) -5 5 (7T

< 2jprex < 2n2K6 3K,

But since

y 26 *=o0 <i)
k>log,n n?

1
=0 (?) . (8.5)

The estimate on the norm of SAk, j 1s not quite as easy. Once again, we calculate the
square of the norm.

) j—1pe—1 J—1p—1
= Z z (X1 — Xig i+l ) » 2 > (K = Xy ir )
(8.6)

we see that

> Skj

k:n<pk

=0 i=0 =0 i'=0

J—1pk—1 j—1 pe—1
<2<z Z Xk|+|,z > Xkl’+|’>-

=0 i'=

The last inequality holds since zlj;é zip:"al Xi,1+i and z,’;& zip:"al Xk,I+i+d, are equally
distributed and uncorrelated, due to the gap between the indices. and independence of
the summands.

To calculate the final inner product, we split the sum up into three uncorrelated
parts with indices corresponding to Figure 8.1 on the next page. The set 2, contains
the diagonals on it’s boundary. Note that along each diagonal, the second index of the
corresponding random variables is constant. Summing along the diagonals and using
the fact that ||X ||* = (X, X), we may write

= 1pe—1 i1 pe—1

<Z > X+, Z > Xkl’+|’>
=0 i=0 =0 i'=

j—2

Z)(i—i- 1%

These three norms are easily estimated using the independence of the Xy j. For the
first summand, we get

2
+

2
+

j—2 2

Z)(i + DXk, pit j—2-i

_ Pk—1
Iy X
i=]—1

j—2
Z)(i—i— 1)X.i < jPai<ni_. (8.7)
1=

i2
Z)Xk,i
i:
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A

i-1 p—i-2 Pe=1

Figure 8.1.: Splitting the sum in HSAk j H

The same estimate holds for the last summand. For the middle summand,
2

. 1
S szkaﬁ S nzﬂ. (88)

) px—1
by X
i=)—-1

Now, since

1 1 1 1
b o(h) w3 do(al)
kzggzn 22kk nZlogn kzggﬂ 2Kk nlogn

(8.7) and (8.8) imply that
n
(i) .

Putting it all together, we see that (8.3) along with (8.5) and (8.9) implies the lemma.
O

Sk,j
k:n<pk

We now consider the middle term. This is where the weighted partial sums are
close to the sums of Gaussian random variables. First, we define these variables. For
neN,0<I[<n, welet

Yo=Y P(Xr =Xl - (8.10)

k: pk<n<dy

Note that for each n € N, these are independent Gaussians, since they are themselves
the sum of independent Gaussians. Furthermore, for each fixed n € N, the random
variables Ypo,...,Ynn—1 are identically distributed. This fact will be used to deduce
the main results of this chapter.
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f” y 1 1/2
Z ! logn )

Proof. As in the proofs of the two previous lemmas, we will use Proposition 7.19 to
reduce the statement of the lemma to a statement about random variables. Hence, we
define

Lemma8.5. Letne N.

max ——

J—=1pk—1
S’jl = Z Z Z (Xk,i+l — Xk,i+|—|—dk) , Slj/ =§;f"— S/j'. (8.11)
k: pk<n<dy 1I=0 i=0

Applying Proposition 7.19 and the triangle inequality in the usual way, we obtain

=Ipe—1
> 35 (T = X1
k = =

k:pk<n<

17l =

—lp—1 Lode
- > > % (TI++kfk_Xk,i+l+dk>

k:pk<n<dy I=0 i=

‘ (8.12)

1
<an Yy pek<an Yy 2"6_3":O<p>.

k: pk<n<dy k: pk<n<dy

Hence, by the triangle inequality, the lemma is reduced to a statement about é’j' .

Unfortunately, to estimate the norm of §’j’ , we need to split the expression up into a
number of parts. First, we split it into two parts,

-l Pc—1
S/j/ _ Z z Z (Xk,i—i—l - Xk,i+|+dk)
I=0 k:p<n<dy i=0
Pk>] -1 Pzl

+ Z) (Xt — Xigipi+d ) = =1+ 2. (8.13)

I=0k:px<n<dy i=
Pk<]
The first of these sums may be estimated immediately. For the second sum, we may
use a re-ordering similar to the one performed in the proof of Lemma 8.4 to obtain a
splitting into three parts, which may in turn be estimated individually. We begin with
the first sum.
First of all, we note that for j < pk, Z; has the same distribution as

j—1 pk—1
2 = Z > Z) (Xicit = Xiitl+2py) - (8.14)
=0 k:px<n<dy i

Pk>]
Indeed, the gap between the random variables X j;| and Xg jyi42p, 1s preserved and

the variables are identically distributed, so 2; must have the same distribution as 5.
Hence, it suffices to estimate the norm of 2 ;.
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8. Gaussian approximation

We let U be the step-up operator on the second index of the Xy j. That is, whenever
Xk,j and Xg j11 are defined, we let UX, j = Xi j+1. Under this operator, the the ex-
pression (8.14) may be written as the weighted sum of a co-boundary. Indeed, if we
define

; 2pg—1pe—1
gi= > > % Xi,ith, (8.15)
kipk<n<dy h=0 i=
Pk=>]
we see that
" " pk_l
oi—Udf= 5 5 (Xi—Xuit2p)-
k:px<n<dy i=0
Pk=>J
Hence,

j-1 _
2= IZOUI(g/J!_Ung/) _ glj/_UJg/jl-
Clearly, U preserves L2-norm. Hence, by the triangle inequality,

21 < ol + (Vg < (1971l

But by the triangle inequality and Lemma 8.2 we can estimate this norm:

2k 2k n
i< 5 amei—a 3 T< ¥ l-o(i).

k: pr<n<dy k:pr<n<dy k k:2k<n logn
Pk=>] Pk=>]
Hence,
. n \'/?
21l=0 — i 8.16
=0 (s (8.16)
We now consider 2,. First, we look at the sum over i and I,

i=lpk—1

> Z) (Xic it — Xiiti+dy ) -

=0 i=

As in the proof of Lemma 8.4, we will re-arrange the terms in this sum according to
Figure 8.2.
Again, i+ is constant along each diagonal. Performing the splitting, we get

J—lpk—1 P2
> Z) (Xt — Xigiti+de) = Z)(|+1)(Xk,i—xk,i+dk)
== =
-1
+ 5 P (X — Xuira)
i=px—1
pxk—2 )
+ 5 (1) Kigpetj—2-1 = X pict j—2-i+d)
=
=S5 +S;+8Ss.
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8.1. Approximation in L2

pk—1 I i-1 |

Figure 8.2.: Re-arrangement of the terms.

We examine the terms individually. For S;, following the argument used to obtain
(8.6),

By 2
2 P . 3.0 2k
1S1]]7 <2 Z) Xgil| <2pgag = 2?.
1=
Hence, by Lemma 8.2,
2
2k n
Sij| <2 =0 (—) : (8.17)
k:pk<n.<dk k:2 Sn logn
Pk<]J
Analogously,
2
n
> S :0(—1 ) (8.18)
k: pre<n<dy ogn
Pk<]J

We now consider the final term. The relevant norm splits up into three sums. To
simplify our notation, we introduce new random variables,

Vil = Xkl — Xk I d- (8.19)
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8. Gaussian approximation

With this convention,

2 2
-1 j—1 j—1
Y= > S =[> > mMg— > > PVl
1=0 k:pr<n<dy 1=0 k: px<n<dy k:px<n<dg l=px—1
Px<] Pk<]
2
pk—2 -1
=1y > pMat > D Pk
=0 k:px<n<dy K:pr<n<dy 1I=0
Pk<] Pk=>] (8.20)
<2 Z(pk—1Dog+2 Zjaz
< > pilpx k > pag
k:pr<n<dy k:pr<n<dy
Pk<] Pk=> ]
k—1 '
=2 P 0 + 2 J
k:pr<n<dy k:pr<n<dy
Pk<]J Pk=>]

We have used independence of the X j and the definition of Vi j to get the inequality,
when getting rid of the norm. The first sum may be estimated from Lemma 8.2. Indeed,

_ k
=1 %:o( n ) (8.21)

epcShcd, K k:2K<n logn
pPk<]

We only need to estimate the last sum in (8.20). This is where the maximum in the
statement of the lemma comes into play. Consider the function

1 j 1 j

max — = max — % K
I<j<nn k: px<n<d I<j=nn k:logs n<k<log, k
Pk=>] log, j<k

Since log, j < logsn if and only if j < n'°2:2 the function under the maximum is
constant for such j. Hence, the maximum is assumed for some j > n'°&2. We may
estimate the function using integrals,

1

n k:log, n<z<log2 k
log, j<k

<= —dx =

1 J
SR k=1
k:log, j<k<log, k NJlog,j X n

(loglog, n—loglog, j) -

x|
S|

To estimate the last expression, we use the Mean Value Theorem,

loglog, n —loglog, jlogyn —log; (n—1j)

loglog, n—loglog, | = log, N —log, | n—j
2 2

1 .
-—(N—1]).
lOgZJJ( )
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8.1. Approximation in L2

Since the maximum is assumed for some j € [n'°832 n], we get

1 j 1 1 . n
gflgnﬁk:pk;@k% < %10552 77D = R niee2 =© (10gzn) - 62
Pk>]
Now, by (8.17), (8.18), (8.20), (8.21), and (8.22),
j-1 1\ /2
2| g \ ()

Along with (8.13), (8.16) and the triangle inequality, this implies the lemma. U

Combining Lemma 8.3, Lemma 8.4 and Lemma 8.5, we get the key lemma of this
section.
Lemma 8.6.

max ——

L\ 12
zY"' <logn> '

This is the first part of the way to Theorem 8.1. However, there are two prob-
lems. First of all, the random variables are not properly normalised. We take care of
this problem in the next theorem. Secondly, the random variables depend on n. This
problem will be solved subsequently.

Theorem 8.7. Let (X, B, ) be a non-atomic probability space and let T : X — X be
an aperiodic automorphism. For any n € N there exists an f € L?(X) and independent
AL(0,2(loglog3 —loglog2)) distributed random variables Z, ,...,Zy 51 Such that

L\ /2
ZZ”' (logn> '

Proof. We may use the same f € L?(X) as above. Let Y| be as in (8.10) and define

max ——

M /2(loglog3 — loglog2). (8.23)

For ease of notation, we denote /2(loglog3 —loglog2) by K in this proof.
These random variables clearly have the right distribution, since the Yy | are centred.
By Lemma 8.6 and the triangle inequality, it suffices to prove that

j—1 1\ 12
> (Yni—2Zny) H =0 (—) (8.24)
1=0

1
NG

forany j=1,...,n—1.

logn

113



8. Gaussian approximation

Let n be fixed. Forany | =0,...,n—1,

2
1
palf=2 5 =2 5 g
logz n<k<log, n pk logz n<k<log,n

We need to prove that
1
Yo~ Kk¥ =0 (@> - (8.25)

This amounts to showing that

1
— —loglog3 —loglog?2
logn/log3<k<logn/log2

1

But this follows since for any a,b € N, a < b we have

b b b

1 1 1 1 1
S o [ Z(———)S—-
Lk Jax L \k k+1) " a

Now,

logn/log2 | logn

/ —dx =log <£> —
logn/log3 X log?2

Even when taking possible error terms into account, coming from the fact that the

bounds logn/log3 and logn/log?2 on k may not be integers, we still get (8.26).
Now, let j € {1,...,n}. By (8.25), since the Y, | are independent and identically

logn
og (i) = loglog3 —loglog?2.
log3

distributed,
1] ’ K \|’ K [
— Yni1—Zn) I 1= l———
2, (ot =20 ( ¥, ) Yo |
2 2 1
= ¥l =P < Il 2 =0 (o).
Taking the square root of this and maximising over j implies the theorem. U

Note that this theorem is a triangular one. That is, for each n there exists an array
of random variables Z j for which the theorem holds, but the arrays need not be equal
on the first entries. We would like a theorem which states that this is the case. That is,
a similar theorem in which the dependence on n is removed from the array of random
variables. This is essentially Theorem 8.1.

First, we make some definitions of random variables. For any n € N, we define

Yn= Z Pk (Xicn — X ntal ) - (8.27)
k: pk<n<dy
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8.1. Approximation in L2

Note that if we extend the definition of Y, to 1 <| <'n (instead of | < n), this is the
diagonal random variables Y, . As before, we take the appropriate normalisations,
Yl

Y
v/2(loglog3 —loglog2) = ”Y:” K. (8.28)

Zn

These are the random variables of the theorem.

Proof of Theorem 8.1. The main part of the proof consists in estimating the size of
certain sums. Some of these are potentially very close to the bounds, we are looking
for. Hence, the following is quite technical. By Lemma 8.6 and the triangle inequality,
it is sufficient to prove,

j—1

> (Zj—Yn,j)

1=0

1
max —=

1<j<n/N

8.2
logn (8.29)

‘ _05 <log10g10glogn) 1/2

We first consider H z,j;é Y1 =Yn1) H We use the Vi | defined in (8.19) to simplify nota-
tion.

j—1 1

S (Yi=Yn1) = ( Z CATTEEDY kak,I)
1=0 1I=0 \k:px<l<dy k: pr<n<dy
1

j

—
|

i1
PV =Y > Pk

I1=0 k:px<l<dc<n 1=0 k:1 < px<n<dy

=2 —2).

Hence, to obtain an estimate of the norm, it suffices to obtain an estimate of the norm
of 21 and 2 individually. Immediately, by independence of the Vi | and definitions of
constants,

) n—1 1
<2y S
1=0 k: px<I<dg<n

Unfortunately, it is not trivial to estimate the double sum in this expression. We split
the sum up into two parts,
nlog3 2
[ ] 1 n—1 1
Z E-i- Z — =514+ 95;. (8.30)
I=0 logzl<k<log,l |:[n10g32]+llog3|< <logzn
To obtain estimates of the inner sums, we will use Riemann integrals. From the defin-
ition of the Riemann integral, we get forany a,be N, a<Db

b b b
1 1 1 1 1
E—— —dX<§ == ) < - 8.31
&k Jax _k:a<k k—l—l)_a 831
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8. Gaussian approximation

From (8.31),

log; |<Z<10g2 I

for some C; > 0. Since the sum on the left hand side is equal to zero for | € {0, 1} and
the expression on the right hand side is decreasing as a function of |, we may majorise
the sum by a constant C, > 0. Hence,

Cl C1
<loglog, | —loglogs | + Togl — loglog3 —loglog2+ Togl

x|

[nlog3 2]

nloglogloglogn
Sl — SCZ (1 +n[10g32]) — O( Og Og Og Og ) . (832)

1
1=0 10g3|<Z<10g2| k logn

We now estimate S;. First, by (8.31),

logn Cs
<1 — —
=108 <log]> + logn

x| =

logs |<Z<10g3 n

for some C3 > 0. Hence,

n—1 1
S, < Z (log <10in) + %)
|:[nlog32]+1 Og.l Ogn

B [n/lzogn] log (logn> N nil log <logn) + Csn
|=[ntog32] 41 log J I=[n/logn]+1 log | logn

=S,+S5+S5. (8.33)

Clearly,

nloglogloglogn
8'2” = O( 080870808 ) . (8.34)
logn

Consider S),. Here,

[n/logn] lo
gn n logn
=3 1og<l ) < nlog<m)
|=[n832] 41 og) og og (nlog:2)
n

= Togn (loglog3 —loglog2) =0 (

nloglogloglogn

logn ) . (8.35)

We now estimate S). Let L = loglogn. Since j < n, we may take a C4 > 0 such
that
logn logn
log | log
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8.1. Approximation in L2

Now, we split the sum once again,

n—! logn
Sh = log (—)
2 z I+1 logj

I=[n/logn

/L] i n-1 1 ~
< 3 C4<£r_‘—1)+ S G (ﬂ—l) — 5! 15 (836)
=t/ fognjp1 \1og] =41 \1og]

We estimate S5.

/L] logn nC logn
5= 3 C4<£.—1>§ 4( o —1)
I=[n/fogn]+1 log | L \logn—loglogn
S2C4n10g10gn:O nloglogloglogn . (837)
L logn logn
For S, we get, since logh > loglogn =L,
] n_l logn logn
go 5 e () con( )
=TT} 41 log | logh —logL
2L 2logloglL nloglogloglogn
<Cun(—————1) <2nC, TS 282 — o ( 828880 ) (g 3y
logn —logL logn logn

whenever n > €. Assume for the remainder of the proof that this is indeed the case.
This is what it means for n to be sufficiently large. By (8.36), (8.37) and (8.38),

logloglogl
3’2’=o<Irl 080808 Ogn>. (8.39)
logn
Hence, by (8.33), (8.34), (8.35) and (8.39), the same holds for S;, so by (8.30) and
(8.32),
nloglogloglogn
IZ:]> =0 ( £ lg 08 ) . (8.40)
ogn

For the last term,
) n—1 1
IIP<2y Y
1=0 k:1< px<n<dy
This expression may be estimated in a fashion analogous to the previous calculations,

SO
nloglogloglogn
||Zz||2=0( g 1§gng £ ) (8.41)

Hence we get by (8.40) and (8.41),

i1

> (i =Yng)

1=0

2
‘ _5 (nloglogloglogn) . (8.42)

logn
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8. Gaussian approximation

With this estimate in place, it is easy to prove the theorem. Once again, K de-
2
, the

notes /2 (loglog3 —loglog?2). If we can find a good bound on H zlj:_é 1 —2)
triangle inequality implies (8.29). Using the independence of the Y|, we get
> M-

2 2“( |Y||)

nloglogloglogn n
<2HYI Ynl”"‘X ”Yf”H_ ( logn >+O<@>’

(8.43)

-1 2 2

= 3 (il=K?

by (8.25) and (8.42). This completes the proof. O

8.2. Invariance principles

In Volny’s paper [61], we also find proofs of the weak and the strong invariance prin-
ciple. Here, we prove the strong invariance principle. We subsequently make a few
comments on Volny’s proof of the weak invariance principle, and the reasons why it is
omitted here. We use the same splitting of the weighted sums as in Section 8.1, so a
large amount of references are given in the following.

Theorem 8.8. There is a Brownian motion X (n), such that

[Snf —X(n)]|
v/hloglogn

—0 a.s.

Proof. Clearly, ZP;()I Z| has the same distribution as a Brownian motion X (n). We may
write

n—1 n—1 n—1
=0 1=0 1=0

By (8.42) and (8.43), we know that

2
n—1
nloglogloglogn
S (Yo1—21) =0< T ) (8.45)
< Ogn

where the sum of random variables is itself a Gaussian random variable.
We now split the last term in (8.44) up into eight terms. These are terms, we treated
in the proofs of Lemma 8.3, Lemma 8.4 and Lemma 8.5. In particular by (8.2), (8.4)
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8.2. Invariance principles

and (8.11),
Snf— Ynl— Qk-l- gk +U" G+ T" Ok
k<n k<n k:dx<n k:dx<n
n—1
+ z Sk,n+ Z S~k,n+ Sg—zYn,l +S~:1I
k:n<pg k:n<pg 1=0

The first, third, fifth and seventh summand on the right hand side are all Gaussian, and
the variance of each one has already been seen to be

O( n ) <0 (nloglogloglogn).
logn logn

Hence, by the above and (8.44), we may write

Snf— > ZI=Gn+ Gk +T" G+ > Scn+Sn, (8.46)
= k:dx<n k:dx<n k:n<pg

where Gy, is a Gaussian. Hence, G, = G, /+/nloglogn is also a Gaussian, and by the

above,
loglogloglogn
— 0 28080808 ) (8.47)
lognloglogn

G
nloglogn

Hence, for any € > 0 we have

2
e X /2dx < n~2,

A 2 e
ufxeX: |G >8}=ﬁ/s¢m

where C; > 0 is the constant implicit in the O in (8.47). By the Borel-Cantelli Lemma,
since $7_oN~2 < oo,

: Gn A

We now consider the remaining terms in (8.46). First, let § = S’ |0k|. Then,

| S keden Ok| < =672,
Hence, § € LZ(X), so for any € > 0,
> u xeX:T”; gk(X)| > &yv/n Xu{xex )? > e} < w.
n=1 k:dx<n
Hence, the Borel-Cantelli Lemma implies,
IT" S kede<n Ok(X) | IT" S kedecn Gk (X) |

lim < lim =0 as. (8.49)

n—o y/nloglogh  ~ n—w VN
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8. Gaussian approximation

In exactly the same manner,

lim | Skede<n Gk (X) |
n—e y/nloglogn

Now, we consider the remaining random variable. That is, we define

=0 a.s. (8.50)

Rn = Z S’k)n + S’:-:-
k:n<pk

By (8.5) and (8.12),

Rn||=0 (n—12> By Chebychev’s inequality,

C
p{x e X :[Rn(x)| >&y/n} < ﬁ

for some C; > 0 implicit in the O. Since T5_,n~3 < oo, the Borel-Cantelli Lemma
implies that

. IRn| . |Rnl
Iim — < lim— =0 a.s. 8.51
T nloglogn — s VN ©.51)
Now, the theorem follows from (8.46), (8.48), (8.49), (8.50) and (8.51). [

Volny proves both a weak and a strong invariance principle. To state the weak
form, we define another more general form of partial sum. For t € [0, 1], we define

St f
_ ot At (8.52)

2O="5 T

The weak invariance principle states:

Theorem 8.9 (The Weak Invariance Principle).
Sa(t) = X (1),
where X (t) is some Brownian motion.

The proof of the weak invariance principle is based on the fact that Theorem 8.9
is implied by two properties. The first is the convergence of all finite dimensional
distributions of the Sy(t) to the Brownian motion. That is, for any k € N and any
vector (t,...,t) € [0, 1]%,

(Sn(t1), ., Sn(t) = (X (t1), ..., X (t)).

This follows directly from Theorem 8.7
The second property is tightness of the sequence (Sy(t)) in C(]0,1]). Tightness is
again implied by the fact that for any € > O there is a A > 1 such that

€
u{XEX: max |ij(x)|>)\\/ﬁ}<ﬁ. (8.53)

1<j<n
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8.2. Invariance principles

This is a consequence of Theorem 8.4 in [9]. Volny proves this last property using a
more refined splitting than the one which lead to Theorem 8.7. For each component,
he proves that (8.53) holds. This immediately implies that (8.53) holds for the partial
sums.

To see that these two properties together implies the weak invariance principle, we
need only note that the sequence is in C([0, 1]). By Theorem 8.1 in [9], the sequence
converges to the Brownian motion from the first of the two properties.

We do not go deeper into the proof of the Weak Invariance Principle. The first
reason is the increased technicalities involved in a further splitting of the sums. The
second reason is that (8.53) is highly dependent on the stationarity of the sequence
Sjf. Since we will be dealing with weighted sums in the next chapter, the sequence of
random variables involved is no longer stationary. Hence the omission.
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9. Weighted Gaussian
approximation

In this chapter, we generalise the results in the previous chapter to weighted partial
sums. We take two approaches to the problem.

The first approach, which we discuss in Section 9.1 is to take Volny’s methods
and apply them directly to weighted sums instead of the non-weighted sums treated
by himself. As we go along, we impose hypotheses on the sequence of weights. This
approach does in fact yield some results, but the hypotheses we need on the sequence
of weights are both rather strange and rather restrictive. This illustrated the limitations
of Volny’s methods, when no new elements are added.

In Section 9.2, we add an additional element to Volny’s approach and with little
effort obtain a weighted result, where the hypothesis on the weights is less restrictive
and much more natural.

9.1. The direct approach

In this section, we will discuss the approach of proving a generalisation of Volny’s
theorem on Gaussian approximation in L? (Theorem 8.1) to weighted sums instead of
the partial sums studied in Chapter 8 using only Volny’s methods. For the remainder of
this section, let (an);_, be a sequence of positive reals bounded from above by some
M > 0. We now state three hypotheses on the weights, which we will need to arrive at
a generalisation. We will return to a discussion of these at a later point. The first one
is

A= z lan —an_1| < . (HD)
=1

Our second hypothesis is more technical. Namely,

2
(zin:n—zk+1 ai) 1
K =2 % K =O<l—>, (H2)
logz n<k<log, n ogn
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9. Weighted Gaussian approximation

where K > 0 is some constant. Our third and final hypothesis looks even more com-
plicated.

2Ky 22 2
n_! (Z?:F;iﬂzh:o (ai+h_ai+h*1)) o (loglogloglogn)

- g _
N og, n<§<log2 nj=[nfes2] 4k logn

(H3)
The hypotheses may seem restrictive, but they certainly include the standard partial
sums. Clearly, (H1) and (H3) holds, since the involved sums are equal to zero. (H2)
also holds, since a, = C implies that K = C\/2(10g10g3 —loglog?2) as we saw in
(8.25). In the same way, we see that the hypotheses are all true if the sequence (ap) is
eventually constant. In fact, we always have that 0 < K <M \/ 2(loglog3 —loglog?2),
as is seen by majorising the terms of the sum in (H2).

Example. To prove that our Hypotheses does not exclude all non-trivial sequences,
we produce an example. From Hypothesis (H1), it is clear that the sequence must
be convergent, and from Hypothesis (H2) it follows that the limit must be different
from zero. Indeed, otherwise K would be zero. Let a € (0,1) and let ap = 1+ a"
forn=20,1,.... We claim that the Hypotheses (H1), (H2) and (H3) are true for this
sequence.

We prove that (H1) holds.

[ee]

Y lan—ani|=(1-0)y a" =1
n=1 n=1

Hence, the (H1) certainly holds. To prove Hypothesis (H2), we note that

n 2 n . 2 n . n . 2
S oa] =24+ 5 o) =49422 F d+|f F o).
i=n—2K+1 i=n—2K+1 i=n—2K+1 i=n—2K+1

Hence, A4, splits up into three sums,

A\ 2
n i n 1
2i—n_ok1 9 (zi:nfzkﬂ a )

|
2 1y 2
* *k T 4K

logs n<§<log2 n

1
-o(ck)
logn
Hence, it suffices to prove that the two remaining terms converge to zero rapidly
enough. Welet A=1/(1—a) =52 ,0a". Then,

i al 1 1 |
) 22D oy T:O<W)SO<—)-
logz n<k<logy n 2%k log3n<k2 k n'°&<logn logn

logs n<§<log2 n logs n<§<log2 n

For the first sum, we know from (8.25),

1
2 — —2(loglog3 —loglog?2)

logs n<Z<log2 n
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9.1. The direct approach

Similarly,

A 2
n a
2 (len72k+1 ) S 2A2 z % -0 ( 1 ) . (91)

k
logs n<;<log2 n 4k logyn<k 4k logn

This completes the proof of Hypothesis (H2).
The third Hypothesis (H3) is in fact even easier to check. First, we see that

n—2k42 2k—2 2 n—2k42 2k—2 _
( Zk Z (ai+h—ai+h_1)> = ( Zk Z (a|+h_(xl+h—1>>
i=I—2k+1 h=0 i=1—2k41 h=0
n—2k42 n—2ky2 2
— ( Zk a|+2k—2_ Xk GI_2> < 2A2.
i=1—2k+1 i=1—2k+1

Hence, the left hand side in Hypothesis (H3) is less than or equal to

on?! nzl Lo 1 —o( 1 )
L logs n<§<log2n|:[nlog32] 4%k~ logs n<§<log2n4kk logn ’

as in (9.1). Hence, Hypothesis (H3) also holds.

Now, let (X, B, ll) be a non-atomic probability space and T : X — X be an aperiodic,
ergodic automorphism. For any f € L?(X) and any j € N, we define the n’th weighted
partial sum,

-1
Af=3 aT'f. (9.2)
1=0
Following Volny’s methods, we may prove the following theorem:

Theorem 9.1. Under the hypotheses (H1), (H2) and (H3), there exists an f € L%(X)
and independent random variables Zj ~ A((O, K?), where K is defined by (H2), such
that for n sufficiently large

1

j—1
max w2

Note that for a, = 1, this is Theorem 8.1.

We will briefly discuss the method of proof. The proof follows the same method
as the one we used in Chapter 8. However, occasional problems present themselves,
since the sums are weighted. The first problem occurs in the proof of a weighted
analogue of Lemma 8.3. In the weighted case, the partial sums of a co-boundary are
no longer telescoping. Hence, there is an additional term in the proof, which needs

_0 loglogloglogn 1/2
B logn ’
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9. Weighted Gaussian approximation

to be controlled. This is the function of Hypothesis (H1), which tells us that the non-
telescoping part of the weighted sum of a co-boundary may be controlled.

Hypothesis (H1) gives us sufficient mileage to arrive at a weighted analogue of
Lemma 8.6. However, as was the case in the non-weighted setting, the random vari-
ables are not identically distributed. In this first weighted setting, the appropriate defin-
itions are

n
Yo = ai | (Xt —Xettde) s Znt = 757K, (9.3)
n k:pk;mk (i:n—%k—n '> ( o) 7 Yo,

where K is the constant defined in (H2). This illustrates the function of Hypothesis
(H2), which is needed to ensure that we may find the variance of the limiting distribu-
tion of the random variables, to which the weighted partial sums are close. This takes
us as far as an analogue of the triangular Theorem 8.7:

Theorem 9.2. Let (a,) be a bounded sequence of positive reals such that (H1) and
(H2) hold. Let (X, B,) be a non-atomic probability space and let T : X — X be an
aperiodic automorphism. For any n € N there exists an f € L?(X) and independent
A((0,K?) distributed random variables Zn1,---,Znn—1, Where K is defined by (H2)

such that
1 1/2

To obtain the full non-triangular result, we let the random variables of the triangular
array tend to the diagonal. That is, we consider the difference between the partial sums
of the Yn | and the Yy, defined by

n
Yn= > ( > ai) (Xin — Xindy) -
k:pk<n<dg \i=n—(px—1)

The essence of Hypothesis (H3) is that the difference between the partial sums of the
off-diagonal Y, | and the partial sums of the diagonal Y, may be controlled. With that
assumption, we may obtain Theorem 9.1.

In fact, Volny’s methods will also allow us to obtain a Strong Invariance Principle
for weighted sums as in Theorem 8.8. However, it is not immediately possible to obtain
the Weak Invariance Principle by his methods. This is because his approach depends
critically on the fact that the random process {Ti f} is stationary. This is not generally
the case for the weighted process {aiT'f}.

max ——
1<j<n+/n

9.2. Abel summation

The results in the preceding section are somewhat artificial. Though the result is in-
deed a result in Gaussian approximation, the weighted sums behave more or less as

126



9.2. Abel summation

the standard partial sums, since we are only allowed weights that oscillate very little
around a constant sequence. Such sequences do not occur naturally in probability
theory. Therefore, we take another approach, which will give us a Gaussian approx-
imation result under weaker assumptions. This work is joint work between this author
and M. Weber ([37]).

Let (ay) be a decreasing sequence of positive numbers and assume that

nloglogloglogn o (”_1 )

2
a H4
logn IZO I (H4)

Under this assumption, we prove the following theorem:

Theorem 9.3. Let (a) be a decreasing sequence satisfying Hypothesis (H4). There
exist independent random variables Z; ~ A’(0,2(loglog3 —loglog?2)) and a function
f € L2(X, B, ) such that

. Anf Siso aiZi
r}1_r>r°10 1 2\ 2 (ot 0|2 O
(ZI:O al) (Z:o al)
Furthermore,
lim 1A ke V/2(loglog3 —loglog2).

(s a)

This theorem generalises Theorem 8.1. Indeed, for the constant sequence a; = 1 it
is exactly this theorem. Also, the theorem gives us control over the variance of A, f.
There are several other sequences of weights for which the theorem holds. We give
examples at the end of this chapter.

Proof of Theorem 9.3. Let f € L2(X,B,1). For | € N, we consider the sums
-1 -1 I
S f= Z)T'f, Af= Z)aiTlf and Af= Z)(ai —aj+1)Sif.
i= i= i=
Note that
Af=ATf+4a5S. 9.4)

This is the application of Abel summation.
Let f € L?(X, B, 1) and Z; be the function and the random variables from Theorem
8.1. That is, there is a K > 0 for which

Sif— :gzi

max

1/2
<K (nloglogloglogn) .
0<I<n

logn
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9. Weighted Gaussian approximation

Hence, for any | < n, we have

-1 -1 -1
AH‘—Z —ajt1) ZZ < > lai—aiq||Sif=3 Z
i=0 i=0 i=0
-1 1/2
nloglogloglogn)
<K aj — Qjs < 9.5
5 ol (TR
Furthermore,
-1 1/2
nloglogloglogn
S f—a Zzi <Kla| ( o8 (l)g 08108 ) . (9.6)
i< ogn
Since

-1 — -1 I—1
Z) i—aiy1) (Z >=.Z)ai2i—a| .%Zi,
we have by (9.4), (9.5) and (9.6),

-1
max ||Af — Z)aizi
0<I<n i&

-1 -1 -1

Af+aS — Z)aiZi —a Z)Zi+al Z)Zi
i= i=

nloglogloglogn

I—1 1/2
<K aj — qj a
<K max i;\ i —air1| -+ [a] ( ogn >

<nloglogloglogn> 12
=Kay ,
logn

= max
0<I<n

9.7)

since the sequence of weights is assumed to be decreasing. Since we also have assumed
Hypothesis (H4), we have

- At S aiZ
N—co ~ 1/2 ~ 1/2
(soa) " (s a)

Hence, to complete the proof of the first part of the theorem, it suffices to prove that
the random variables have the right distribution. But this follows since

(9.8)

2
n—1 n—1,2 2
i i i ar||Z
2i=0 & '1/2 - ZuzonJl” 2'” = ||Z0]|* = 2(loglog3 —loglog2), 9.9
(sho ) 2i=0 &
since the Z;j are independent and identically distributed. Also, (9.8) and (9.9) immedi-
ately imply the second part of the theorem. 0]
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9.2. Abel summation

Slightly strengthening the hypothesis on the weights proves useful in applications
of Theorem 9.3. The strengthened hypothesis we are interested in states that for some
n>o,

nloglogloglogn n ol
(logn)'=o0 aj |- (H5)
logn |ZO

With this strengthened hypothesis, we get the following corollary of the proof of
Theorem 9.3:

Corollary 9.4. Let (a;) be a decreasing sequence satisfying Hypothesis (H5). There
exist independent random variables Z; ~ A(0,2(loglog3 — loglog2)) and a & > 0
such that

A, f z:]:_()l aiZi B ( 1 )
~ /2 ~ /2] — loem? |
(srma) ” (swa) (logn)
Proof. This is immediate from (9.7) and (H5), with d = n / 2. |

Theorem 9.3 and Corollary 9.4 may be applied to find functions for which the
Central Limit Theorem, the Almost Sure Central Limit Theorem and the Law of the
Iterated Logarithm hold for the weighted partial sums under mild assumptions on the
weights. These results will be published elsewhere ([37]). For now, we give two
examples of sequences satisfying (H4) and (HS). The first one is a trivial one, which
implies that our results has Volny’s as a consequence. The second one illustrates that
there is in fact new information in the results of this chapter.

Example. (i) Let ¢ > 0 be some number and let a; = ¢. This sequence fulfils both
(H4) and (H5). Indeed, since

n—1
Y & =nc?,
=

we have (H4). To see that (HS) is satisfied, note that any n € (0, 1) will do.

(ii) Let a € [0,4) and define aj = 1/(logi)? for i > 1. This certainly satisfies (H4),

since
nloglogloglogn nloglogloglogn  loglogloglogn

(ZP;OI a%) logn nmlogn (log n)1—2a 3

which tends to zero as n tends to infinity, since 1 —2a > 0. Since we may choose
n > 0 such that 1 —2a—n > 0, this sequence also satisfies (HS).
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10. Further research problems

In this chapter, we describe some ideas for further research in the field of Gaussian
approximation in ergodic theory. We discuss three such ideas, for all of which we
describe some ideas which may lead to results in the field. Some of these ideas are
quite loose, mainly due to the fact that they have not been pursued so far.

The first problem we describe is a multi-dimensional generalisation of the mater-
ial in the preceding two chapters. The question is, if there exists an L? function in a
non-atomic probability space (X, B, ), such that for d commuting, aperiodic, measure
preserving transformations Ty, ..., Tq, the partial sums of f under each such transform-
ation is well approximated by the sum of Gaussian random variables. We give some
partial results in this direction and describe where this method fails.

The second problem is the question of, whether or not the approximation theorems
remain valid in other norms than the L2-norm. In the preceding chapters, we have been
concerned with approximation in L. However, a number of other Banach spaces are
contained in L2, and it is approximation inside these, we will discuss in Section 10.2.
Only a few ideas in this direction are given.

In Section 10.3, we discuss a final research problem. Namely, the problem of
extending the material in this part of the thesis to non-ergodic dynamical systems. Our
methods so far have been highly dependent on the ergodicity of the systems, and only
loose ideas for overcoming this requirement are given in this thesis.

10.1. Gaussian approximation for Z®-actions

In this section, let (X, B, 1) be a non-atomic probability space, let d € N and let Z9 act
on X by measure preserving transformations Ty, v € Z9. We assume that the action is
ergodic. For such a system, we may define the partial sums along the vector v € Z9 of
the function f € L2(X),
-1
s\ = y T (10.1)
1=0

Can we find an f € L2(X) such that Theorem 8.1 holds for all v € Z9 or at least all v in
some subset V C Z9? ForV = {ey,...,eq}, this is the question asked in the beginning
of this chapter.
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10. Further research problems

To this author, it seems that the key to answering the above question must lie in
a generalisation of Proposition 7.19. Such a generalisation must depend on a multi-
dimensional version of Rokhlin’s Lemma. In fact, it is possible to obtain such a gen-
eralisation. In the following, we do just that.

Theorem 10.1. Let (X, B,1) be a non-atomic probability space. Let d € N and let
(Tv)yeza be a Z.9-action by aperiodic measure preserving transformations on X. Let
neN, lete > 0andlet I, = {0,...,n—1}¢ C Z9. There exists an E € B such that

TENTWUE=0 foranyv,V € I,,v#£V, (10.2a)
" ( U TVE> >1—¢. (10.2b)
VE Iy

Proof. Let < be the lexicographical ordering on Z8. We define the following ordering
on (NU {0})%: Let v,w € (NU {0})9. v < w if and only if

max(Vy,...,Vq) < max(Wy,...,Wq) or (10.3a)

max(Vy,...,Vq) = max(Wi,...,Wq) and vV <| W. (10.3b)

It is easy to see, that this is a total ordering. For the remainder of this proof, the
ordering used (explicitly or implicitly) is <. Now, for some B € B with y(B) < n—de,
we define the function

Va(X) = igf{v e (NU{ODI: Tyx € B} .

Furthermore, for u € Zi \ {0}, we define sets,
Bu={xe€B:vg(X) =u}.

Since the action is ergodic, the sets TyBy, u € Z%\ {0},0 < v < u cover X up to a
set of measure zero. Indeed, otherwise the complementary set of the union of the By
would be invariant under the action with measure between zero and one, contradicting
the ergodicity. Clearly, the sets are also disjoint.

We will construct the set E as the union of some of the disjoint sets defined above.

Define
(22 )

E = U U Tn.vBu.

u=(n,...,n) v=0

Clearly, { T E }yc 1, is a family of pairwise disjoint sets. Furthermore, the construction
yields

U (X\ U TVE> <nd Z u(Bx) < nfu(B) < €.
vez T3 {0}

VE I

This completes the proof. 0]
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10.1.  Gaussian approximation for Z9-actions

With the above theorem, it is relatively simple to extend Proposition 7.19 to 7.9-
actions.

Proposition 10.2. Let (X, B, 1) be a non-atomic probability space. Let d € N and let
(Tv)yeza be a Z.9-action by aperiodic measure preserving transformations on X. Let
(Xv)ijeza be an ergodic strictly stationary process (defined on a different probability
space), let &; = {A,...,Ax} be a partition of X, n € N, and let € > 0. Let I, be as in
Theorem 10.1. Then, there exist a measurable finite valued function f such that:

1. There exists a random array (X|)ve 1, distributed as (Xy)ver, on X,

u{av e L, |Tf - X > €} <« (10.4a)

2. The partition n; generated by (T, f)yey, is €-independent of &; in the sense that

IU(A) —H(AIB)| < €. (10.4b)
Aeny,Be&,u(B)>0

Proof. As before, we begin with the assumption that Xy is finitely valued. We may
choose a representation of the process as an ergodic dynamical system with Z9-action.
Let (X', C,v,Sy) where v € 79 be an ergodic dynamical system with some integrable
function Y such that S,Y ~ X. This is such a representation.

As in the proof of Proposition 7.19, we may without loss of generality choose
the representation in such a way, that there exists sub-g-algebras ', " C C with the
properties that

1. C"and C" are S, invariant.
2. Both (X', C’,v,Sy) and (X, C",v,S,) are ergodic.
3. Y is C" measurable.

Now, let N € N and € > 0 to be fixed later. Let F € B be the set corresponding
to these values from Theorem 10.1. That is, {TyF} fulfils (10.2a) and (10.2b) with €
replaced by € and for v,V' € Iy. By the same theorem, we may choose a family of sets
{SVE} C ', v € Iy with the same properties. Furthermore, the base sets E and F may
be chosen such that u(F) = v(E). Let T be the partition of X generated by {T,F},
v € Iy and Tp be the partition of X’ generated by {SyE}, v € Iy. Clearly, these are
identically distributed.

We now choose a family of measure preserving bijections,

(W:TvF —)S\/E7 Ve IN
For the exceptional set, we choose another measure preserving bijection,

¢ X\ |J TWF = X'\ | SiE.

vely ve N
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10. Further research problems

We combine the whole thing to a measure preserving bijection which maps 1 to Tp.

o(x) = {(g,(x) for x € TyF,

| @:(x) otherwise.

We map the partition &; to X’ through this function, that is, &, = @(&;).

Now, let N7 be the partition of X’ induced by {S\Y }, v € I,. We map this partition
to X. That is, N; = @~'(n2). Since (’ is independent of C”, the partition Tp V &5 is
independent of n,. Hence, N is independent of T4 V &;.

We know, that all images of Y under Sy, v € I, are constant on the cells of the
partition T, V &> V 12, except possibly on the exceptional set in T;. Hence, we may
define a finitely valued function on X by

F(x) = Y (@(x)) forx E‘TVF,V € Iy, (105)
0 otherwise,
and random variables,
Xy(x) = Sy (Y (9(x))) - (10.6)

Clearly,
y !/
(XV)veIn ~ (XV)veIn'

‘We now consider
xe |J TR

Ve Ian

Following from the construction, we know the values of Ty, f(X) for any w € I, since
we know which cells of the partition 11 V &; V N, TywX belongs to. In fact, by (10.5)
and (10.6),

Twf(X) =X, (x) forxe |J TWFwe k.

ve ]an

By Theorem 10.1, we may choose F, N and €’ such that

u( U TVF> >1—¢.

ve IN_n

This implies (10.4a). To prove (10.4b), we note that any dependence between the
partitions must come from the exceptional set. That is, the set of measure < €.

It only remains to be shown that the proposition remains true without the assump-
tion that Xy be finitely valued. To see this, we note that we may approximate any Xy
by finitely valued Xv(“) for each h € N. Thus, we obtain partitions r](lh) and ngh) in
the construction above for each h € N. We may choose this approximation such that

r]ghﬂ) is a refinement of r]gh). In this way, we ensure that the convergence takes place
in both spaces. 0]
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10.2. Approximation in LP-norm

Proposition 10.3. Let ny be positive integers, (Xkv)vezv be ergodic strictly stationary
processes (defined on different probability spaces), €x > 0,k = 1,2,.... Then there
exist measurable finite valued functions fi such that

1. for every k = 1,2,... there exists a random matrix (Xﬁv)velnk with the same
distribution as (X|<7\,)\,€[nk on X,

u{3v € I, |Tufc—Xey| > &} <&

2. the partition & generated by fjoT,,1 < j<k—1,ve€ I, and n generated by
f o Tw, W € Iy, are e-independent in the sense that

IW(A) —H(AB)| < &
Aen,BEE,u(B)>0

Proof. Apply Proposition 10.2 for each k € N inductively. U

Proposition 10.4. Let (&)ien C R, (0i)ien € R and (di)iexn € N. Then there exist
(fien € L2(Q,4,p), Efi = 0 for any i € N; and independent random variables Xy ,
i € g, k € N where any given Xy is \((0,0)-distributed, such that

VkeN,v € Ly, : || Xy —Tufi|| <& (10.7)

Proof. Apply the above proposition to stationary processes (X y) consisting of random
variables with A((0, oF)-distribution. This yields the proposition. O

Clearly, Proposition 10.4 implies that we may find functions such that their iterates
behave much like Gaussian random variables. However, putting this together to a
function for which Theorem 8.1 holds for all v € {ey,...,eq} is a lot more difficult
than it might seem. The attempts made by this author to construct such a function all
failed because the partial sums failed to fulfil the analogue of Lemma 8.3.

The proof of this lemma in one dimension was based on the fact that we could
re-write the function as the sum of co-boundaries with respect to the automorphism,
we iterated. To prove the corresponding lemma for Z9%-actions by the same techniques,
we must find a function which is a co-boundary with respect to all the transformations
Ty,veV C VAR Failing to find such a function, we could find a function which is a co-
boundary plus something controllable with respect to transformation Ty, veV C 79, 1t
has not been possible for the present author to construct any functions with the required
properties. However, this does not mean that such a function does not exist.

10.2. Approximation in LP-norm

The second problem, we choose to describe, concerns some properties of the function
found in Theorem 8&.1. In the construction of this function, we found that the function
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was in L. Our question is now: Is f contained in LP for 2 < p < »? Since, for
p,q € (2,0], p <q, it is well known that LP(X) D L9(X), it is clearly sufficient to
prove that f as constructed in Section 7.5 is uniformly bounded.

In fact, this is implied by Theorem 8.8. Indeed, the Brownian motion in uniformly
bounded, so by Theorem 8.8, S, f € L*(X) for n large enough. For such n,

T =S, f—Spf e L(X). (10.8)

Since T is measure preserving, this must mean that f € L*(X). Indeed, otherwise
for any M > 0 there would be a set of positive measure, such that for any X in this
set, f(x) > M. Since T is measure preserving, this would also be the case for T+ £,
contradicting (10.8).

The next obvious question is, whether or not the theorem corresponding to The-
orem 8.1 holds, when we replace the L?>-norm ||-|| with the LP-norm [[[[p- As in the
previous section, one also encounters problems when trying to generalise the method
of proof from Volny’s paper to this problem. The method of proof used by Volny in
[61] and the present author in Chapter 8 was highly dependent on the fact that inde-
pendence of random variables corresponds to orthogonality in L2. This is not the case
in LP for p > 2, where we do not even have a sensible inner product.

Other problems are likely to present themselves in an attempt to solve this problem.
At any rate, the present author has not been able to come up with really useful ideas
for solving this problem.

10.3. Non-ergodic systems

The third problem we will describe, is the question of weakening the independence
condition implied by the ergodicity of the systems, we have been looking at so far.

Ergodicity can be viewed as a generalisation of independence. Indeed, we may
view ergodicity as a generalisation of the strong mixing property for measure pre-
serving systems. Since strong mixing states

WANT"A) — W(A)?  forany A € B,
N—oo

we may read this as “Any given event is asymptotically independent of it’s history”.
This clearly generalises independence of events to a wider class of random processes.
It is well-known that strong mixing implies ergodicity, so with the above interpreta-
tion, we may consider ergodicity to be an weakened form of independence of random
processes.

In the beginning of this part of the thesis, we posed the question of whether or not
the independence criterion could be weakened in the Central Limit Theorem and the
Almost Sure Central Limit Theorem. We have answered this question affirmatively for
some functions in L%(X) under the assumption that the process could be described as
an ergodic measure preserving system. However, we are still left with an assumption
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10.3. Non-ergodic systems

stating a sort of generalised independence. The next obvious question is: “Under
which circumstances may the independence assumption be weakened further?”

Clearly, this is a very difficult question. In all of the methods used in the preceding,
we had to assume ergodicity in some sort of disguise. Whenever we were discussing
irrational rotations of the torus, we needed Weyl’s Equidistribution Theorem, which
is in fact a consequence of ergodicity. In the general measure preserving systems
case, the main instrument of our approach was Rokhlin’s Lemma, which is again a
consequence of ergodicity.

It seems clear to this author that if the results are to be extended to non-ergodic
systems, we must revert to the methods known from irrational rotations of the circle. It
would appear that we must find some substitute for Weyl’s Theorem, which applies in
non-ergodic systems. However, we need to go beyond rotations of the circle, since all
irrational rotations are ergodic, and hence already treated. Also, it is easy to construct
counterexamples to any statement resembling Weyl’s Theorem, that would be useful
for our purposes, whenever the rotation is not irrational. Hence, it would seem that
some definition of equidistribution in other measure spaces along with a replacement
of Weyl’s Theorem would a the way to overcome the barrier. This author has so far
not been able to take these ideas any further.
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